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AND IN THE MATTER OF an inquiry pursuant to subsection 10(1)(b)(ii) of the Competition
Act relating to certain marketing practices of Sears Canada Inc.;

AND IN THE MATTER OF an Application by the Commissioner of Competition for an order
pursuant to section 74.10 of the Competition Act;

AND IN THE MATTER OF Sears Canada Inc.’s opposition to the Application and Sears
Canada Inc.’s request for certain relief from the Competition Tribunal.

BETWEEN:
THE COMMISSIONER OF COMPETITION

COMPETITION TRIBUNAL Applicant
TRIBUNAL DE L4 CONCURRENCE d
F p -and -

R

L JAN 16 2004 @// 0 SEARS CANADA INC.
D ‘l‘ Respondent

PTOIRTREAR - REGISTRAIRE T

o1 A, ON_EEmn 794]  AFFIDAVIT OF JOHN O. WINTER

SWORN SEPTEMBER 19, 2003

I, JOHN O. WINTER, consultant, of the City of Toronto, in the Province of Ontario,
SWEAR THAT:

INTRODUCTION

1. I am a retail consultant with expertise in advising retailers, institutions and governmental
bodies on retail, development and commercial strategies. I have been qualified as an expert in
these areas and have testified before numerous tribunals, regulatory bodies and the Ontario

Courts. A copy of my Curriculum Vitae is attached hereto as Exhibit "A".
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2. [ have been retained by counsel to the respondent Sears Canada Inc. ("Sears") to address
certain issues in respect of the Commissioner of Competition's Application pursuant to Section
74.01(3) of the Competition Act. Specifically, I have been asked to describe pricing strategies in
the retail industry and their application to the retailing of passenger tires by Sears in 1999 in

Canada.

3. In preparing this report, I reviewed the following materials which were provided to me:
the Commissioner's Notice of Application; Sears Responding Statement of Grounds and Material
Facts; Sears Draft Fresh As Amended Response; the Commissioner's Reply; Redacted transcripts
of examinations of William F. McMahon, P. Cathcart and M. Torgal, pursuant to Section
11(1)(a) of the Competition Act; and the documents referenced in the Disclosure Statement of the

Respondent and Disclosure Statement of the Applicant in this matter.

4. My report is divided into the following three sections:

@ Promotional Pricing and Everyday Low Prices;
(b)  The Retailing of Tires in Canada; and

(c) Conclusions.

(a) PROMOTIONAL PRICING AND EVERYDAY LOW PRICES

5. There are two generic pricing frameworks: Everyday Low Prices (EDLP), which imply
no temporary price promotionﬁ; and Promotional Pricing, also known as off-pricing or high-low
pricing (frequently abbreviated to Hi-Lo, HLP or Hi-Low Pricing), which is in theory the
offering of products at higher prices interspersed with event-driven deep discount specials.

A more detailed description of these two frameworks follows.



EDLP

6. The EDLP retailer typically charges a constant everyday price for its merchandise, with

few or no items temporarily discounted. Stable everyday prices eliminate week-to-week price

uncertainties and represent a contrast to the variable pricing of promotion-oriented competitors.

7. The EDLP price is typically somewhere between the higher regular price and the lower
promotional price of the Hi-Lo retailer. It is almost certain that the price offered by an EDLP

retailer will not be the lowest price available in the market.

8. Led notably by Wal-Mart, the EDLP price wave revolution in Canada emerged in the
mid-1990's and successfully encroached on the market of full-line, full-service department stores
and full-line, full-service supermarkets and drug stores, by advertising that their everyday prices
are “always” the lowest to be found. Home Depot (and its imitators) in the home improvement
sector, membership warehouse clubs (such as Costco and Sam’s) in the limited service/limited
assortment categories, along with non-retail industries, such as some discount airlines and one
car subsidiary, have adopted the central ideas of EDLP, primarily to build traffic and compete

with the alternative formats.

Promotional Hi-Lo Pricing

9. Promotional pricing involves a high regular price and temporary price discounts. The
Hi-Lo retailer typically charges higher prices than an EDLP competitor on an everyday basis but
then runs reasonably frequent promotions on selected items in which prices are temporarily
lowered below the EDLP level.

10.  Each pricing framework has its own advantages and disadvantages as outlined below.
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Advantages of EDLP

The following are the advantages of EDLP:

Easy to Communicate The concept is easy to explain: the lowest possible prices, day-in,

day-out, which are consistent with normal business conditions, including profits.

Possibility of Lower Operating Costs In theory, some costs (the “unnecessary” costs) are

eliminated or minimized: less employee time spent on re-ticketing sale and post-sale
prices (due to less frequent price changes); in theory, fewer merchandise retums;
inventory linked to need, and thus reduced (with lower carrying and interest costs); and

lower advertizing expenses, particularly fewer flyers.

Accurate Forecasting As demand is not artificially affected by promotions, a relatively

stable and seasonal demand can be anticipated and planned for. This may result in a
smoother flow of goods through the distribution system (a smoother supply pipeline
leading to a streamlined distribution system) and a better in-stock position (compared to a
Hi-Lo retailer where a very popular promotion can clear the shelves). Because consumers
do not have to wait for a discounted promotional price, the artificial swings in the demand
curve are evened out. A stable volume of sales may result in lower prices, higher demand,

simplified store operations, and ultimately, higher profits.

Trust in the Format Once the customer is convinced that the store format produces

consistently lower prices on easily-identifiable, known items (such as toothpaste on a
pallet display or on an endcap), the customer may be likely to trust the prices on larger
and less-frequently purchased items, for which the price range may not be as well-known.
For time-constrained consumers, the time spent shopping (and cross-shopping) is

theoretically reduced.

Everyday Low Costs from the Manufacturer Some suppliers have integrated their supply,

ordering, computer and distribution systems with major retailers to gain further
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efficiencies, and thus lower costs (Manning ef al., “Development of a Theory of Retailer
Response to Manufacturers’ Everyday Low Cost Programs,” Journal of Retailing, Vol.
74(1), 1998. A copy of this article is attached hereto as Exhibit "B"). Co-operative
ventures with the manufacturer on promotions, encouraging selective forward buying,

may be translated into lower base prices overall.

EDLP May Lead to a “Virtuous Circle” Some leading EDLP retailers have translated

lower operating costs into lower prices, which has stimulated demand, providing more
efficiencies, and even lower prices. Higher volumes can result in lower operating
margins. The success of EDLP retailers, particularly in the discount sector, has boosted
the popularity of the format.

Disadvantages of EDLP

The following are the disadvantages of EDLP:

There Is No Pure EDLP All retailers hold various sales and promotions, although they

may be explained as “end-of-lines” or “special buys”. Plus, all major chains claim they
will match a competitor’s price, so that when pressed, an EDLP retailer may meet the
promotional price of the Hi-Lo retailer when they have identical merchandise. (Troy,
“Sales could undercut Wal-Mart’s EDLP image,” Discount Store News, November 3,
1997. A copy of this article is attached hereto as Exhibit "C".)

Volume Gains have to Outweigh Margin Reductions For a retailer switching to EDLP,

to compensate for thinner overall margins, there has to be a considerable boost in volume
to maintain consistent profit levels. A simple example: a retailer buys from the
manufacturer at $100, applies a keystone mark-up, and sells 100 units for $200 each for a
gross profit of $10,000. On a theoretical EDLP: a retailer buys from a manufacturer at
$90 and sells, with all the efficiencies, etc., for $160. To maintain the same gross profit
level, some 143 units have to be sold. The price elasticity of this good may not permit

such gains to be made. Note in the real world, this example would be complicated by
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manufacturers’ special pricing and occasional promotional discounting under the first
example. Some commentators have suggested that the sales gains from EDLP may not be
matched by sufficient volume gains. (Shankar et al., “Relating Price Sensitivity to
Retailer Promotional Variables and Pricing Policy: An Empirical Analysis,” Journal of
Retailing, Vol.72(3), 1996, indicates: “an EDLP policy is associated with a higher level
of regular price elasticity, whereas a Hi-Lo policy is related to a lower level of regular

price elasticity”. A copy of this article is attached hereto as Exhibit "D".)

Consumers Love Promotional Events There is the danger of the retailer losing some real-

world competitive edge by the virtual elimination of sales promotions.

EDLP May Not Work With Some Merchandise The more perishable the merchandise, the

more fashion-oriented, the more luxury it represents, or the more premium the brands, the

less suitable the merchandise may be for price-driven or price-sensitive treatments.

Advantages of Promotional Hi-Lo Pricing

The following are the advantages of Promotional Pricing:

It Creates an Exciting Retail Environment Promotions create traffic, and traffic generates

interest. More people walking through the store creates opportunities for impulse
purchases not related to the prime reason for visiting. By making a big splash through
variable pricing, the retailer can leverage other benefits. It is always advantageous for a
retailer to have something special, an "event” or “feature” to attract consumers. Many

types of shopping are mundane; promotions are one way to liven up the store.

There are Always One-Off Deals or Special Buys Available from Various Manufacturers

Through sensible buying, arbitrage (the buying and selling of product to take advantage
of varying prices in different markets), diversion (grey market) and stockpiling, the
retailer may create opportunities for profit. If all retailers were equally efficient and could

source at the same price, then retailing would become a game of marketing. Some
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retailers, however, are confronted by higher operating costs (they may, for instance, be
located in a high-cost enclosed mall environment, rather than in low-cost arterial

locations) and thus promotions provide opportunities to (a) maintain margins, and

(b) attract consumers.

Disadvantages of Promotional Hi-Lo Pricing

The following are the disadvantages of Promotional Pricing:

It May Lead to "Surges and Slumps" If the EDLP and the Hi-Lo retailer are sourcing the

same merchandise at the same cost, then in theory the Hi-Lo retailer has to maintain
higher average prices to maintain a similar profit level and to compensate for the
promotional events. Therefore, the consumer of the Hi-Lo retailer may be encouraged to
wait for the promotional price, and then stockpile. Thus the Hi-Lo retailer may be
characterized by “surges and slumps”, paralleling the promotional activity. If for any
reason consumers do not respond to a specific promotion, then overall sales are likely
to be depressed for the period of that promotion. The prime pitfalls of Hi-Lo are the
potential effect on the supply chain (stockpiling, unstable demand, less control and sale-
outs) and the deleterious impact on the consumer (sold out stock, scepticism of ordinary

prices).

Higher Advertising Costs With the need to disseminate information on the latest

promotion, to remind and entice consumers to visit, higher overall advertising costs may

be incurred.

Pricing Wars Promotional pricing tends to attract price-sensitive consumers and by its
uniqueness, is orientated to attracting customers who usﬁally shop at other retailers.
Although promotions may also generate incremental sales by grabbing consumers’
attention within the store rather than by motivating competitive store customers to come
to the store on a particular occasion, (Urbany et al., “Insights Into Cross- and Within-

Store Price Search: Retailer Estimates Vs. Consumer Self-Reports,” Journal of Retailing,
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Vol. 76(2), 2000. A copy of this article is attached hereto as Exhibit "E"). The short-term,
one-off sale is an endemic, permanent feature of the Hi-Lo retailer, relying to a great
extent on traffic and sales being generated by a succession of special offers. Other
programmes, such as loyalty schemes, may also be necessary to enhance and maintain the

customer experience.

Comments on EDLP and Premotional Pricing

15.  Given the advantages and disadvantages of the pricing frameworks discussed above, it is

not surprising that both frameworks continue to be used.

16.  Neither approach is a panacea for a retail business. Indeed, in an era where all major

players claim to match or beat competing prices, there are no “pure” examples of EDLP.

17.  Differentiation of approach is a key factor to a retailer’s success. The presence of
significant EDLP retailers in one’s market is no reason for every retailer to adopt (rather than
adapt to) EDLP. An identity as a promotional leader may be as important to one retailer as being
an EDLP retailer is to another. Variety and choice are important both to the consumer and to the

retailer. Retail diversity is a reality.

18.  Repositioning as an EDLP retailer is more than just lowering prices. Price is an important
message, but it needs to be supported by the whole store environment, the corporate culture and
the entire cost structure of the business. “Price is not a defensible point of differentiation for a
firm unless it already has the appropriate operating cost structure in place” (Hoch et al., “EDLP,
Hi-Lo, and Margin Arithmetic,” Journal of Marketing, October 1994. A copy of this article is
attached hereto as Exhibit "F"). The sudden commitment to EDLP in the United States by the
discount department store, K-Mart, was seen as one cause of its decline into bankruptcy
protection. (Troy, “K-Mart: 2. Drop EDLP-continue promoting the value message,” DSN
Retailing Today, March 11, 2002. A copy of this article is attached hereto as Exhibit "G".)
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19. A retailer’s primary goal is to “say who they are, say it well, and say it always”. What has
not been successful is a limited application of EDLP, as attempted by Eaton’s in the early 1990's.
“What you don’t see is someone successful at EDLP and successful at high-low at the same
time” (Nunnari, “You can't be EDLP and high-low,” Drug Store News, February 2003. A copy
of this article is attached hereto as Exhibit "H"). Indeed, full-line, full-service department stores,
with their emphasis on fashion and fashion merchandise, have not been very successful in a
limited application of the EDLP concept. EDLP may dilute their image of exclusivity. Various
technical reports have shown that on a category-by-category basis, EDLP has not been
particularly successful. (Voss et al., “Exploring the effect of retail sector and firm characteristics
on retail price promotion strategy,” Journal of Retailing, Vol. 79, 2003). A copy of this article is
attached hereto as Exhibit “I”.) Sears Roebuck, the parent of Sears, did not succeed with a
limited venture into EDLP in the United States. (Goldberg, “Everyday prices,” Sporting Goods
Business, February 1995. A copy of this article is attached hereto as Exhibit "J".) A retailer needs
a consistent approach across all of its departments and merchandise lines. A retailer should not

be sending mixed messages, or else the consumer may become confused.
(b) THE RETAILING OF TIRES IN CANADA

20.  The entire automotive retail sector in general, and the auto aftermarket in particular, is

highly competitive.
At least 14,000 Outlets in Canada May Sell Automotive Tires

21. Attached hereto as Exhibit "K" is a chart showing my estimate of the number of outlets
selling tires in Canada in 1999. In all urban areas, the consumer had a wide choice of vendors,
from the independent service station or tire dealer, through the large specialty tire outlet
(Goodyear/Fountain, Firestone, KAL, OK, etc.) of manufacturers and chains, to smaller regional
chains (Service de Pneus Ctre Ltd.), to the national chains such as the Home and Auto Supply

Dealer, Canadian Tire, the department stores (Sears and Wal-Mart) and the membership

warehouse clubs. This indicates a highly competitive market.
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22.  The sector remains competitive and a new everyday low cost retailer, Sam’s Club (a
division of Wal-Mart), is currently entering the Toronto market (for an opening in the fall of

2003).

23.  According to the DesRosiers Automotive Consultants Tire Market Study for the Rubber
Association of Canada, released August 1996 (Sears Disclosure Statement, document 31) among
consumers who had purchased tires in the previous 12 months (excluding sales to fleets and

businesses), the retail outlets with the largest share of the replacement tire market were as

follows:
Specialty Tire Stores 35percent  (Note: survey data has an error of estimate)
Canadian Tire 16 percent
Department Stores 11 percent
Independent Repair Shops 11 percent
New Car Dealers 6 percent
Service Stations 6 percent

24.  Interms of individual retailers, the 1996 survey showed market shares as follows:

Canadian Tire 16 percent  (Note: survey data has an error of estimate)
Goodyear/Fountain 7 percent
Sears Auto Centre 7 percent
Price Club/Costco 4 percent

25.  According to Sears internal estimates, by 1999 Wal-Mart's national share of the tire

market may have risen to five percent (Sears Disclosure Statement, document 121).

26.  In the late 1990's no chain and no retail type was “dominant” in the tire aftermarket.
"Dominant” is a word used by the Commissioner of Competition when describing Canadian Tire
“the dominant retailer in the private label tire market in Canada”. A share of 16 percent is not
“dominant”. Even if private tires were half the market and this chain’s share was about + 32

percent, it would not still be “dominant” (defined in Merriam Webster's Collegiate Dictionary,
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Tenth Edition, as “commanding, controlling or prevailing over all others”. A copy of this excerpt

is attached hereto as Exhibit "M™"). Booksellers have a dominant retailer; tire sellers do not.

Pricing Frameworks

27. Not only did consumers in 1999 have, and exercise, a wide choice among retailers for the

purchase of tires, the retailers fell into three distinct categories in terms of the pricing

frameworks discussed above:

EDLP:

Modified EDLP:

Hi-Lo:

Membership Warehouse Clubs (PriceClub/Costco), where the prices are never

advertised (at least, not in Canada. Contemporary Costco US lists prices in US
dollars) and the prospective purchaser has to visit the store and select from
among the displayed tires. Any prospective purchaser has had to pay an annual

fee to shop the membership warehouse club.

Wal-Mart, where the prices are shown in in-store pamphlets and the
prospective purchaser has to visit the store to obtain tire prices. Opening price

points are extremely low.

Canadian Tire, where the prices do not frequently fluctuate, or if they do, they

do not fluctuate considerably. Tire prices are not listed on the Internet.

Independent Tire Stores and Repair Shops, compared to the EDLP and

Modified EDLP shops, the independents have somewhat more leeway in

making deals with the customer.

Sears Auto Centre, described by Sears personnel as "off-price”, with a
significant portion of their business driven by substantial reductions from the

regular price.
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28.  Sears personnel describe their pricing position as day-in, day-out Canadian Tire beating
Sears on selling price (for roughly similar articles; price comparisons are complicated by
the prominence of private brands in both chains) (Redacted Transcript of William McMahon,
March 1, 2002, Pg. 396, ll. 6-8.). Sears planning documents from 1999 suggest that Sears set
their promotional prices lower than Canadian Tire EDLP prices (Redacted Transcript of William

McMahon, March 1, 2002, Pg. 385, 1l. 20-22.).

Seasonal Pattern

29.  Tire sales in Canada, both by Sears and tire retailers generally, show a distinctive
seasonal pattern, with a single, definite peak in the fall. This conclusion is drawn in part from an
analysis of the retail daily tire sales information contained in Exhibit A to the Affidavit of
William McMahon, sworm November 29, 2001 (Sears Disclosure Statement, document 112). 1
have summarized this data in tabular format, the results of which are attached hereto as Exhibit

“M”. The same data is presented graphically in Figure 1 “1999 Total Tires Sold by Day”, below.

Figure 1
1999 TOTAL TIRES SOLD BY DAY
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Source: Sears Exhibit A (November 2001).

30.  The same single-peak, seasonal pattern is evident from the retail sales figures of stores

whose primary business is retailing of tires. As noted in paragraph 23 above, this type of store
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(described therein as “Specialty Tire Stores”) had a 35% share of the consumer market in 1996.
In preparing this opinion, I obtained a monthly retail trade survey from Statistics Canada for their
Standard Industrial Classification code 6342 — “Tire, Battery, Parts and Accessories Stores”.
Code 6342 concerns “Establishments primarily engaged in retail dealing in new or used tires,
tubes, batteries and other automobile parts and accessories separately or in combination. These
establishments may be secondarily engaged in tire installation and repair as well as in automobile
repair.” The Monthly Retail Trade Survey data for SIC 6342, together with information
downloaded from the Statistics Canada website giving details of the Standard Industrial
Classifications, is attached hereto as Exhibit “N”. For ease of understanding, the 1999 monthly
retail sales data obtained from Statistics Canada for these tire-retailing establishments is

presented below in Figure 2.

Figure 2
TIRE, BATTERY, PARTS AND ACCESSORIES, 1999
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(c) CONCLUSIONS

31. Sears Auto Centres used Promotional Hi-Lo Pricing in retailing tires in Canada in 1999.

Promotional Hi-Lo Pricing is a well recognized and legitimate pricing framework which was and
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continues to be used extensively by Canadian retailers. There are several rationales, both internal

and market-driven, for adopting a Promotional Hi-Lo Pricing strategy.

32.  Sears Auto Centres competed within a highly competitive and highly promotional
Canadian tire market in 1999, which included a variety of pricing frameworks in which no single

pricing framework or competitor dominated the market.

33. Sears Auto Centres, in common with other tire retailers, sold far more tires in the Fall of

1999 than at any other time of the year.
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PROFESSIONAL AFFILIATIONS
Association of Ontario Land Economists (Council Member between 1982 and 1986).
Canadian Institute of Planners.

Institute of Management Consultants (Honour Roll for standing in the top two in the annual
entrance examinations).

Lambda Alpha International, Society of Land Economists, 1991-1997.

Professional Marketing Research Society.

WORK EXPERIENCE

Established John Winter Associates Limited in 1988.

Previous employment included:

- Clayton Research Associates (five years, as Senior Associate and then Vice-President);
- Paterson Planning and Research (ten years, as Senior Consultant);

- Ontario Ministry of Social and Community Services (one year, as instructor);

- Urbanismo e Desenvolvimento S.A., Rio de Janeiro (three years, as consultant);

- Nipissing College (summer course, as instructor); and,

- Ryerson Polytechnical Institute (one year, as instructor).
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OTHER EXPERIENCE

Vice-Chairman, Board of Management, Beaches Business Improvement Area, 1989 to 1993.
Listed in the 1985-2001 editions of Canadian Who's Who (published by the University of Toronto
Press).

EXPERTISE

Retail Commercial Analysis (Shopping Centre and Strip Mall Feasibility, Remerchandising
Studies, Tenant Mix for Specialty Centres, Downtown Revitalization, Marketing and Business
Advice to Retailers);

Office Development Studies (Office Building and Office Park Feasibility);

Industrial Growth Strategies (Industrial Land Potential, Industrial Park Planning);

Leisure and Entertainment Complexes (Hotel Commercial and Conference Centre Potential,
Restaurant Studies, Theme Park Development);

Merchandising and Marketing Studies, and Advice;
Housing Studies;
Municipal Finance and Economic Impact Analysis;

Development Planning and Finance (Independent Real Estate Advice and Investment
Evaluations of Markets and Sites);

Economic Base and Demographic Studies;

Survey Design, Data Collection and Analysis;

Presentations to Senior Management on Economic and Development Issﬁa and Prospects;
Preparation of Submissions for Government, Industry and Investors; axld,

Representation as an Expert Witness before Administrative and Regulatory Bodies (Ontario
Municipal Board, Lease Arbitrations, Court Cases, etc.).
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GUEST SPEAKER

Regularly speaks on retailing trends and issues to industry, retail, professional and investor
groups.

MEDIA

Widely consulted and interviewed by major national and international media on commercial
matters.

SELECTED CLIENT LIST
Financial Institutions/Investment Funds

Citibank

MD Realty Inc.

Midland Walwyn Capital Inc.
Policy Evaluation Service Inc.
Royal Bank of Canada

UPS Securities, New York

Government Clients

City of Cambridge
City of Etobicoke
City of Kanata

City of Oshawa

City of Ottawa

City of St. Catharines
City of Thunder Bay
City of Toronto

City of Vaughan
City of Waterloo
City of Welland

City of Windsor
Region of Ottawa-Carleton
Region of Peel
Region of Waterloo
Region of York
Town of Aurora
Town of Brockville
Town of Cobourg
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Government Clients (Continued)

Town of Fort Frances

Town of Georgina

Town of Hawkesbury

Town of Lindsay

Town of Markham

Town of Oakville

Town of Wiarton

Township of Cumberland

Village of Picton

Heritage Canada

National Capital Commission

Ontario Human Rights Commission
Ontario Ministry of Government Services
Public Works and Government Services Canada

Retail Developer Clients

6 & 7 Developments Limited

Barber Greene Business Park

Blue Mountain Resorts Limited
Braywolf Investments Ltd.

Brian Barton Building Corporation
Burnac Corporation

Cambridge Shopping Centres
Campeau Corporation

Canadian National

Citicom Inc.

-CBC Broadcast Centre

Devan Properties Limited
Enterprise Property Group

First Plazas Inc.

First Professional Management Inc.
Fram Construction Limited
Glengate Mississauga Developments
Ivanhoe Inc.

J.S. Realty and Investment Corporation
Lakeshore Down Developments Limited
Landawn Shopping Centres

Laing Properties

Metrus Properties Limited

Michael Stuart Group

Minto Developments
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Retail Developer Clients (Continued)

Orillia Gateway Power Centre Inc.
PenEquity Corporation

Premier Plaza Developments Inc.
Richcon Construction

Richmond Hill Centre Inc.

RGL Developments Ltd.
Sevenbridge Developments Limited
Times Square Limited

The Cadillac Fairview Corporation Limited
Trilea Centres Inc.

West Alliston Commercial Complex
Winess Land Developments Limited
York Hannover

York Lanes

Zand Development Corporation

Retailer Clients

Au Printemps

Bedo Retail Stores Inc.

Dylex Limited

Freshmart Inc.

Home Depot

HomeWorld

Imperial Garden Centre

Levi Strauss & Co. (Canada) Inc.
Loeb Inc.

Miracle Food Mart

Parthenon Jewellery & Gifts
Royal Bank of Canada

Safeway Canada Limited
Shoppers Drug Mart Corporation
Sobey’s Inc.

The Great Atlantic and Pacific Company of Canada Limited
The Oshawa Group

The T. Eaton Company Ltd.

Valencia Foods

Wal-Mart Stores Inc.

Westfair Foods Inc.

York University Bookstore
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An important issue facing the packaged goods industry is a shift in manufacturer trade pol-
icies to lower list prices, with less reliance on trade deals (i.e.. temporary discounts). This
pricing strategy has been referred to as everyday low price (EDLP), everyday low purchase
price (EDLPP), everyday low cost (EDLC), and value pricing. The everyday low price
(EDLP) label has been used in reference to both manufacturer and retailer pricing strate-
gies. To avoid confusion. we refer to the manufacturer (to retailer) pricing strategy as
everyday low cost (EDLC) and the retailer (1o consumer) pricing strategy as everyday low
price (EDLP).

Implementing EDLC has the effect of reducing variability in manufacturers’ selling
prices to retailers. As an example. using a traditional trade deal pricing approach, a hypo-
thetical manufacturer may have established a list price of $1.00 per unit. and offered $.20
trade deals for six weeks once every four months. Changing to an EDLC strategy could
entail reducing the list price to $.88 and ceasing to offer trade deals to retailers. Manufac-
turers have developed different variations of EDLC. For example. rather than establishing
a new lower list price, a reduced trade deal may be offered indefinitely. Whatever its form,
EDLC involves relatively stable pricing. Thus. EDLC is defined here as a manufacturer
pricing strategy which minimizes variability in the selling price of a brand to channel mem-
bers and establishes a list price which is lower than the list (i.e.. non-deal) price would be
if a trade deal pricing strategy was implemented.

Buzzell. Quelch. and Salmon (1990) first advocated a form of EDLC which they
referred to as “everyday low purchase price.” With this strategy. “a retailer arranges to
buy a particular product from a manufacturer on an as-needed basis at a weighted aver-
age price reflecting both the proportion of merchandise recently bought on a deal basis
and the proportion bought at the regular price™ (p. 147). Buzzell et al. (1990) argued
that EDLC has three primary benefits: (1) it avoids manufacturer and distributor inven-

_lory costs associated with forward buying, (2) reduces manufacturers” and retailers’

administrative expenses associated with negotiating and monitoring trade deals, and (3)
improves retailer and manufacturet relationships through a long-term collaborative
effort. The initial enthusiasm for EDLC gained momentum when Procter & Gamble
began its transition to EDLC (which the company referred to as value pricing) in 1991.
Academics and industry experts speculated that stabilized manufacturer pricing would
benefit manufacturers, retailers. and consumers. For example. it was suggested that
EDLC would increase the value obtained by consumers through price reductions
(Lawrence 1993), facilitate stronger manufacturer brands through a reallocating promo-
tional moneys from trade deals to brand equity building efforts (Price, 1992), and allow
retailers to focus on improving merchandising and customer satisfaction (Hoch, Dréze,
and Purk, 1994).

RESEARCH CONTEXT

Within the packaged goods industry, expenditures on trade deals more than tripled between
1981 and 1991. In 1991, trade deal expenditures reached $36.5 billion, and for the first
time, spending on trade deals surpassed advertising (Reitman, 1992). This expansion in
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trade deal spending has been attributed to declining U.S. population growth. waning man-
agenial faith in advertising. increasing consumer price sensitivity. and an influx of new line
extension and imitation products (Buzzell et al.. 1990). As these forces intensitied compe-
tition. manufacturers are believed to have tumed to trade deals as a more certain means of
building market share.

Problems with Trade Deals

Although manufacturers now devote a large portion of their marketing expenditures to
trade deals. the profitability of these promotions (i.e.. ability to generate incremental con-
sumer sales) is being brought into question (Blattberg and Levin. 1987: Buzzell et al..
1990: Quelch, 1983). The effectiveness of trade deals in generating incremental consumer
sales is. in part. dependent upon retailers responding to them with merchandising support
(e.g.. temporary retail pnice cuts. displays. and advertising). However. reseuarch has
revealed that trade deals often do not elicit such support (Chevalier and Curhan. 1976:
Curhan and Kopp, 1986: Waiters, 1989). Blattberg and Levin (1987) also found that man-
ufacturers’ trade deals may merely shift the timing of retailers” purchases rather than lead-
ing to increased consumer sales.

Collectively. these findings showed that a predominant retailer response to trade deals
has been to forward buy (i.e., deal-to-deal purchasing). When this practice is employed.
retailers buy large quantities of product at the end of the promotional period for inventory.
By doing so. they are able to minimize the amount of product purchased at list price. This
practice can be profitable as long as the discount received from the trade deal exceeds the
costs associated with storing the inventory (Blattberg and Neslin 1991). Not only do retail-
ers sometimes buy at the deal price for future sales at their own regional stores. they may
also buy “on-deal” for other members of the chain (not offered the deal). or resell product
purchased at the deal price to stores not related to them in any way. Such practices have
been termed “diverting” (Struse, 1987). Many packaged goods retailers have relied on for-
ward buying and diverting for a substantial portion of their net income (Gavigan and
Price. 1992).

Forward buying and diverting result in large swings in retail demand for manufacturers’
products. And. unstable retail demand leads to increases in manufacturers” production and
inventory costs (Blattberg and Levin. 1987: Buzzell et al.. 1990). Forward buying and
diverting also lead to a loss in manufacturers’ control over pricing. promotion. and distri-
bution strategies (Buzzell et al.. 1990: Quelch, 1983).

The EDLC Alternative

By adopting an EDLC strategy. manufacturers may be able to reduce the negative impact
of forward buying and diverting. They can then allocate savings from decreases in on-deal
sales. and from production. shipping. and inventory cost reductions toward lowering list
prices. increasing profits, and building brand lovalty through increasing advertising expen-



110 Jjournal ot Retailing Vol. 74, No. 1 1948

ditures. Motivation for implementing EDLC may also stem from manufacturers” desires to
adjust their selling practices to meet better the needs of large EDLP retailers. Furthermore.
manufacturers may have turned to EDLC in an attempt to lower retail prices and combat
the market share gains achieved by retailers” private label programs (Lowy. 1993). A com-
petitive advantage may be gained if. through EDLC. a manufacturer can achieve a lower
regular retail price (i.e.. non-sale price) than competition (Rajendran and Tellis. 1994). In
such cases. the higher regular retail prices assigned to competitors” brands creates a favor-
able contextual reference point for the EDLC brand.

Significant variation in retailers’ attitudes and reactions toward EDLC programs has
been reported in the trade literature (e.g.. Partch. 1995). While some retailers have praised
EDLC programs for reducing their inventory costs. others have responded by removing
EDLC brands from their shelves. By eliminating the need 10 forward buy. EDLC offers
retailers: (1) the potential for reducing inventory costs. and (2) the opportunity 1o offer con-
sumers lower regular prices (Buzzell et al.. 1990). However. these benefits may not be
salient to some retailers. or in some cases may be outweighed by the perceived costs of
EDLC. such as its elimination of forward buying opportunities.

OBJECTIVES AND SCOPE

Survey research conducted by Progressive Grocer (1993) indicates that retailers are less
favorably disposed toward EDLC programs than manufacturers. Furthermore, reports in
the trade literature suggest considerable variance in retailers” attitudes and behaviors
toward EDLC programs (e.g.. Berry. 1993. Mussey, 1997 Partch, 1992, 1995 Saponito,
1994). However. research addressing this issue is limited. With the intent of narrowing
this gap in the literature, the objective of the present research is to formulate concepts and
their interrelation into a set of propositions addressing the determinants of retailer
response to EDLC programs. In doing so, the research is intended to address several ques-
tions. including:

¢ How do retailers form attitudes toward manufacturers’ pricing strategies. such as
EDLC?

*  Why do some retailers favorably evaluate EDLC programs while others are reluctant
to accept this pricing approach?

*  What factors determine the likely success of an EDLC program?

* How are retailers responding to EDLC programs?

*  What factors have impeded the diffusion of the EDLC pricing strategy?

This research focuses on packaged goods manufacturers and retailers. In the US. this
industry includes some 30.000 mass merchandisers and drug stores and more than 35,000
supermarkets. The supermarkets alone account for approximately $315 billion in annual
sales (Directory of Supermarket. Grocery, and Convenience Stores. 1993).
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METHODS

The methods used in developing the ensuing propositions regarding retailer response to
EDLC programs involved five primary operations: (1) sampling; (2) data collection; (3)
coding data: (4) generating memos identifying relations and processes; and (5) conducting
confirmability audits. The first four of these operations were ongoing throughout the
project, while the confirmability audit took place during the final stage of analysis. These
five theory development operations are discussed in greater detail in Table 1.

Precedent for using field interviews in studies of marketer behavior and attitudes has
been established by Kohli and Jaworski (1990), Low and Mohr (1993), and Parasura-
man, Zeithaml, and Berry (1985). The sampling procedure was dynamic in that the sam-
ple evolved over the course of the research as informants were selected on the basis of
certain retailer characteristics that initial interviews revealed to be important determi-
nants of retailer response to EDLC. Also, to ensure that the theory was not restricted to
any subgroup of packaged goods retailers, efforts were made to sample a cross-section
of retailers operating supermarket, discount, wholesale/club, and drug stores. These com-
panson groups were selected with the intention of generating new conceptual ideas. and
verifying previously developed propositions in diverse contexts (Glaser and Strauss.
1965; Wallendorf and Belk, 1989). Tabie 2 profiles each of the 25 retail organizations
interviewed.

Interviews were conducted in a nondirective fashion (McCracken. 1988; Merton and
Kendall, 1946; Thompson, Locander, and Pollio. 1989). Adopting a loosely structured
interviewing approach has the advantages of allowing subtleties which shape retailer
response to EDLC programs to emerge from retailers” discussions of their experiences and
preventing the interviewers’ biases from influencing responses. An interview guide that
contained nondirective questions, probes, and areas of inquiry was used (McCracken,
1988: Weiss, 1994).

Each interview recording was first transcribed and then coded. During this coding stage,
categories and concepts were specified through close inspection of the data (Strauss and
Corbin, 1990). Applying Glaser and Strauss’ (1967) constant comparative method. each
incident was compared to existing codes as part of the process of slowly building up a set
of categories and concepts and possible relationships between categories and concepts (i.e..
theoretical propositions). If a theoretical code was supported by the data, then it became a
proposition and was subject to scrutiny as additional data were obtained. Theoretical codes
were used to specify propositions such as: dimensions of a category; covariance among,
concepts; causal relationships; moderating relationships; contextual influences: and pro-
cess. As the coding of categories and concepts proceeded. memos were developed that
specified category and concept definitions and included commentary regarding the rela-
tionships between concepts (Glaser, 1978). The memos also identified supporting data and
referred to relevant literature.

The set of memos were used in formalizing propositions and writing-up the findings.
Diagrams graphically depicting the relationships between concepts were developed in tan-
dem with the written memos (Miles and Huberman, 1984 Strauss, 1987). As explained by
Strauss and Corbin (1990, p. 199): “Memos and diagrams help you to gain analytical dis-
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TABLE 1
Summary of Research Methods
Operations Description
Sampling Sampling Frame.  Over 2000 grocery stroes, convenience stores, drug

Data Coliection

Coding Data

Generating Memos

Confirmability Audit

stures, hypermarkets, wholesale clubs, general merchandisers, and deep dis-
count drug retailers drawn from the Directory of Supermarket, Grocery, &
Convenience Store Chains (19931 and the Directory of Mass Merchandisers
(1993).

Sample:  Twenty-seven interviews with executives representing 27 firms. Two
informants represented the manufacturer’s perspective while the remaining 25
were retailers. Sixtv-percent of the executives contacted by fetter agreed to
participate.

Purposive Samphing:  The sample was dynamic in that, as data revealed inter-
esting associations between retailer characteristics and response to EDLC pro-
grams, an attempt was made to sample retailers who varied on these
characteristics {c.g., buying power ar promotional strategy). In addition, a
cross-section of retailers was sampled to avoud restricting theory to any sub-

group.

Fourteen in-person interviews and 13 telephone interviews over a 19-month
period. face-to-face interviews ranged from 30 minutes to 2 hours in length
while the phone interviews wesc 20 to 40 minutes in length. Data collection
ended when new data revealed primarily redundant information.

Interview: Structure.  Informants were told that the focus of the research was
on pricing and promation issues within the packaged good industry and were
assured of the anonymity of their responses. Permission to tape-record the
interviews was requested and granted in each case. The interviews were non-
directive and iterative with the primary aim of obtaining first-person descrip-
tions of experience.

One hundred and fiity pages of single-spaced data were available for coding
atter transcription. Individual concepts within the data were identified and
then categorized with like concepts. A “constant comparative method” was
used in that each new incident was compared to existing categories and either
incorporated or assigned to a new category and crergent theoretical propost-
tions representing relationships among conceptual categories were developed
as revealed by the data.

Memos were used to link the emerging theory to existing theory and as a guide
to writing up the findings. Final conceptualization was realized once afl theo-
retical diagrams were consistent with all memos, in one sense assuring that the
theoretical propositions “fit the data.”

Three independent auditors with Ph.D. degrees in marketing and expertise
in qualitative data anlysis wha are faculty at three different institutions evalu-
ated the degree to which the theory was "grounded’ in the data. Eight
instances of conceptual or thearetical ambiguity were identified as needing
reassessment.
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Type of Stores?
Supermarket
Supermarket
Supcrmarkm"
Supermarket®
Supermarket and
Canventence
Drug
Super and Superm.
Super and Warcho
Supermarket
Gourmet Supermat
Supermarket

Supermarket
Drug
Warehouse
Super
Supermarket
Supermarket
Supermarket and
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Supermarket
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Supermarket
Supermarket and
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Supormarkctsl’
Supermarkets

Notes: a. Super
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TABLE 2

Profiles of Retail Respondents

Number  Price Promotion
Type of Stores? Respondent’s Position Trading Arca of Stores Activity’
Supermarket Mgr. Pricing FL. CA. KY.NC, SC 131 high
Supermarket Mgr. Grocery Sales CO, SO, wy 36 moderate
Supermarket® Buyer, Gen. Mdsg. MA_ RI 33 maoderate
Supermarket® VP, Grocery Mdsg > 49  modcrate
Supermarket and VP, Marketing FL 55  low
Convenience
Drug VP, Marketing AL, FL, GA, MS, TN 350  high
Super and Supermarket Oir. Grocery Mdsg. CA, NC, SC 184  lowimoderate
Super and Warchouse Dir. Grocery Mdsg. AL, FL, GA, MS, TN 258  low
Supermarket Dir. Grocery Mdsg. AL FL, LA. M5 118 moderate
Gourmet Supermarket® Mgr. Marketing GA, NC. SC, TN 19  low
Supermarket Mader, Grocery IN 29 store dependent
(low and high)
Supermarket VP, Buying, Grocery ™ 14 fow
Drug Msder AL, FL LA MS, TN, TX 177 high
Warehouse Mgr. Retail Opers. cO 7 low
Super Dir. Gen. Mds., Groc.  CO 69 moderate/high
Supermarket Mdser, Grocery AL, GA, 5C 122 high
Supermarket Mdser, Grocery AL KY, TN 68  high
Supermarket and Buyer, Grocery MA, NY, PA, VT 87  low/moderate
Convenience
Drug VP, Marketing Res. 24 states 2,607 low
Supermarket VP, Marketing CO. NE, NM, SD, wy 112 high
Drug/Discount President AL, GA.NC, TN 23 low/moderate
Warehouse and VP, Buying, Mdsg. (@0 33 moderate
Supermarket
Supermarket and Mgr. Marketing TX 10 high
Convenience?
Supermarketsb Mgr. Mdsg. Mt 10 moderate
Supermarkets Mdser, Grocery NC, 5C. TN Y7 low

Notes.  a. Super Stores have 30,000+ sq. ft. and annual sales volume of at least $10 million
b.  Majority of retailer’s merchandise purchased through a distributor(s).
c.  Price promotion activity estimates based on interviewees’ perceptions of their price promotion
activity relative to their competition.

tance from materials. They assist your movement away from the data to abstract thinking,
then in returning to the data to ground these abstractions in reality.” The memoing and dia-
gramming began at the inception of the research and continued until the final write-up of
the results. Finally, and as summarized in Table 1, during the last stages of theory develop-
ment. independent research auditors assessed the correspondence between the data and the
theoretical memos that eventually formed the final set of propositions (Wallendorf and
Belk. 1989).
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RESULTS

Theoretical networks generally include three ingredients: (1) a focal construct; (2) anteced-
ents or causes of the focal construct; and (3) consequences or results of the focal construct
(Bagozzi, 1984). The focal construct (also referred to as the core category) is important to
grounded theory because it is this concept that accounts for the variation in a pattern of
behavior that is relevant and problematic to those involved or interested in the substantive
area (Strauss, 1987). In addition, the focal construct serves to unify the theory into a dense
nomological network as the other constructs discovered are related to it. The theoretical
framework described here centers around the focal construct. “retailer attitude toward the
EDLC program™ (Agpi ¢)-

Retailer Attitude Toward the EDLC Program (Agpc)

Following Petty and Cacioppo’s (1981) definition of an attitude, Agp; ¢ is defined as a
retail organization’s enduring positive or negative feeling toward a manufacturer’'s EDLC
program. The designation of this construct as focal to the theory was determined by its
prominence within the data collected (Glaser and Strauss, 1967). During the course of the
interviews, informants consistently made statements such as “we don’t like (EDLC pro-
gram) because they...,” “'we are not crazy about (EDLC program)....” “we like (EDLC
program)...,” “we don't like these strategies at all...,” and I like EDLC programs that...”

While attitudes are typically associated with an individual, marketing researchers have
recogmized the appropriateness of the attitude construct in organizational contexts. For
example, researchers have recently investigated attitudes of reseller organizations toward
trade programs in general (Frazier and Sheth, 1985; Frazier and Stewart, 1989), pioneer (and
“me-to0 follower™) brands (Alpert, Kamins. and Graham, 1992), and conflict resolution
(Frazier and Rody, 1991). Furthermore, literature on organizational learning has long rec-
ognized that members of organizations share information and create organizational memory
in the form of shared beliefs, attitudes, assumptions, and norms (Argyris and Schén, 1978).

Antecedents of Agp

Antecedents of Agpy ¢ are shown in Figure 1. This figure illustrates that the antecedents
discovered include:

1. Retailer characteristics—attributes of retail firms found to influence Agp ¢

2. Contingency factors—those concepts found to affect the strength of the relation-
ships between retailer characteristics and Agp; c-

3. Program/environment compatibility—a retail organization’s perceptions of the com-
patibility between an EDLC program and its marketing environment. This mediating
construct represents the “generative mechanism” through which retailer characteris-
tics influence Agp;  (Baron and Kenny, 1986).
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Retalier
Characteristics

Ceatingescy factors

: Belief that EDLC
B promotion
. +*

Program/Eavirooment | «
Compatibility

Retail selling
price variability

Favorability of

EDLC program
experience

Product storage
Commitment to costs
forward buying .

Note: a. This positive sign indicates that the more strongly held the belief that EDLC restncts price pro-
motion, the stronger the negative effect of RSPV on EDLC Program/Environment Compatibility.

FIGURE 1
Antecedents of Retailer Attitude toward the EDLC Program

As shown in the figure. five retailer characteristics (i.e.. “‘perceived operating cost disad-
vantage.” “‘perceived weakness in buying power,” “perceived retail selling price variabil-

LIIRTN

ity.” “"EDLC program experience,” and “commitment to forward buying,”) were found to
affect Agp, . The influence of these concepts on Agp) ¢ was discovered to be mediated by
program/environment compatibility. This mediating category is critical to the theory
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because it explains how and why the retailer characteristics influence Agpy ¢ In addition.
the contingency factors (i.e., product storage costs. belief that the EDLC program restricts
price promotion, EDLC program option) provide an indication of when retail selling price
variability and commitment to forward buying are likely to influence Agpy ¢. Following a
discussion of the mediating category. “‘program/environment compatibility,” the retailer
characteristics and their effects on Agpy ¢ are described.

Program/Environment Compatibility

In evaluating trade programs. a key concem of retailers is the effect of the program on
profits. However, rather than a strict focus on profit, retailers’ explanations for their atti-
tudes toward EDLC programs involved assessments of the compatibility between the
EDLC program uander consideration and one or more dimensions of their marketing envi-
ronment (Etgar, 1979: Frazier and Rody, 1991). That is. the reasons retailers gave for liking
or disliking an EDLC program were based on whether they perceived the program to be
compatible with various aspects of their marketing environment. These reasons or expla-
nations were categorized into four dimensions of program/environment compatibility.

The first dimension, called “retailer environment compatibility,” represents the extent to
which an EDLC program is perceived to be (in)consistent with company strategy. Retailers
explained that the programs did or did not fit with their pricing, promotional, or buying
strategies. Expressions of retailer environment compatibility, such as “(the EDLC pro-
gram) works well with our buying goals™ or “their program doesn’t allow us to promote the
way we would like™” were prominent in the interviews.

A second category of program environment compatibility is “competitive environment
compatibility.” This dimension refers to the extent to which an EDLC program is per-
ceived to present a competitive (dis)advantage. Retail informants often claimed that EDLC
programs presented them with a cost and/or selling price (dis)advantage over competitors.
For example. some retailers viewed EDLC as a competitive threat and indicated that the
pricing strategy would level the playing field and not allow them to continue to offer lower
prices lower than their competitors.

The third dimension, “consumer environment compatibility” refers to the extent to
which an EDLC program is perceived to be {in)consistent with consumer behavior. This
compatibility dimension was reflected in retailers’ judgments of consistency between an
EDLC program and consumer search behavior or consumer pricing preferences. Retail
informants’ comments reflecting consumer environment compatibility included statements
such as “the program brings us closer to what the consumer really needs™ and “(the EDLC
program) doesn’t aliow us to have the special prices that customers want.”

The fourth dimension, “channel environment compatibility,” refers to the extend to
which an EDLC program is perceived to benefit (or hann) retailer/manufacturer relations.
In some cases, retailers argued that they liked an EDLC program because it would improve
their relationship with manufacturers implementing this strategy. while in other cases,

retail informants noted that EDLC programs are disliked because they put their organiza-
tions at odds with EDLC implementing manufacturers.
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Although four compatibility dimensions were discovered. each informant did not reveal
consideration of the fit between EDLC programs and each of the marketing environments
(i.c.. retailer. competitive. customer. and channel). While data collected from some infor-
mants indicated a thorough assessmemt of compatibility involving all four environments.
other informant data revealed compatibility assessments involving only one or two envi-
ronments (Day and Nedungadi. 1994). For sake of parsimony. the subsequent discussion of
the effects of retailer characteristics and contingency factors on Agp; ¢ does not indepen-
dently examine the mediating role of each compatibility dimension. rather. as shown in
Figure . “program/environment compatibility” is treated as a general mediating category
representing the four compatibility dimensions discussed above.!

Perceived Operating Cost Disadvantage

A retailer’s perception of its operating costs relative to the operating costs of its compe-
tition was found 1o affect program/environment compatibility. and. in turn. Agpy c- Several
of the retailers interviewed suggested that by reducing the funds available for use in imple-
menting price promotions, EDLC programs had the effect of stabilizing their prices. These
informants revealed that in forming evaluations of EDLC programs. they considered how
the stabilizing of retail prices (following EDLC implementation) affected their compet-
tiveness.

Informants who perceived their operating costs to be high relative to their competitors
expressed the belief that it would be difficult for them to achieve profits with competitive,
stable prices. Thus. as shown in Figure 1. perceived operating cost disadvantage is proposed
to have a negative impact on program/environment compatibility. One respondent noted:

{Competitor’s) cost structure is going down, their gross margin can go down, and they
can maintain and even improve their bottom line. You can sell it to me for 1en bucks.
sell it to (competitor) for ten bucks. they can sell it for twenty cents cheaper than | do
and still make more money at it because their inside costs are lower. And ail of the sudden.
if vou're selling this (without offering trade deals). you've taken all of my strength away.

A similar view is evident from the following interview excerpt:

I have a clerk out there making $12 an hour. (Competitor) has a clerk making $6 an
hour. So even if you level everything oft for me as far as cost. [ still cannot give the
same price 1o the consumer. That is why we have to capitalize on our high-low (price
promotion) strategy.

The perception that an operating cost disadvantage will be of greater consequence when
manufacturers implement EDLC pricing is quite interesting. Of course, an operating cost
disadvantage does not disappear with traditional trade deal pricing. However, the retail
managers (of firms with an operating cost disadvantage) reason that trade deals provide a
means for them to offer low prices on at least a temporary basis, while sull maintaining
profit margins. Ironically. while EDLC may lower the operating costs of retailers that per-
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ceive their operating costs to be relatively high, these retailers were likely to have unfavor-
able perceptions of EDLC programs. One informant, clearly aware of the potential
inventory cost reducing benefits of EDLC stated:

For us, ideally it would help to smooth things out at our end as well, we would pay the
same price at any time and we wouldn’t have to load up on inventory. However, some-
times we want to (load up on inventory) because we want 1o be out there and we want
to mass out a product and have a low ball price on it. Then, we place the product in our
newspaper ad and we have something to draw in some people.

From this perspective, a viable medium or long-term strategy for “high cost” retailers may
be to forward buy and price promote even though these strategies may lead to higher costs
than more stable purchasing and pricing practices.”

Perceived Weakness in Buying Power

Agpyc was also found to be influenced by perceived weaknesses in buying power. Per-
ceived buying power has been defined as “the buyer's perception of the firm’s negotiating
strength in a particular buying situation™ (Bunn, 1993, p. 45). The size of a firm is one indi-
cator of its buying power (Slater and Narver, 1994). Some of the relatively small retail
firms sampled suggested that. in comparison to traditional trade deal programs, EDLC pro-
grams provide larger firms that have greater buying power an increased ability to obtain
favorable prices from manufacturers. (Noteworthy, informants from larger firms did not
volunteer statements to the effect that they have a buying power advantage with EDLC

- programs.) As illustrated in Figure 1, perceived weakness in buying power is proposed to
have a negative effect on the perceived compatibility between EDLC programs and retail-
ers’ environments. The fear that quantity discounts associated with EDLC programs will

result in a competitive disadvantage for small retailers is evident from the following inter-
view excerpt:

Those who have greater buying power (may have an advantage with EDLC)... There
may be a mass merchandiser price level, and you may have an independent guy that
buys twenty cases a month. and represents nothing 10 a huge manufacturer, and he may
have to pay a premium. But yet, it will be presented as an EDLC price.... Before, if a
deal was out there, we were generally able to buy the deal as well as anyone cise,

because they had one deal. I'm afraid that we are going to have multi-level every day
fow prices.

For this concem to be an actual threat, manufacturers would have to offer quantity dis-
counts with EDLC programs, but not with traditional trade deal programs, or offer larger
quantity discounts with EDLC programs. Given that research has yet to address the issue
of the actual quantity discounts associated with EDL.C and traditional trade deal programs,
it is not possible to conclude whether this concern (of low buying power retailers) is justi-
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fied. Whether rational or not, the data provided convincing evidence that retailers with low
perceived buying power fear that EDLC programs may harm their ability to compete.

Perceived Retail Selling Price Variability

Packaged goods retailers are frequently categonized according to their pricing/promotion
practices as high-low or EDLP operators (Hoch et al.. 1993). The high-low strategy is char-
acterized by relatively high normal retail prices and deep price promotions. This strategy is
thought 1o allow retailers 10 discriminate between segments of consumers that vary in
terms of price sensitivity.

In contrast to the high-low strategy. an EDLP pricing strategy is characterized by rela-
tively low prices and no (or little) retail price promotion activity. This approach to pricing
has been initiated by discounters like Wal-Mart. as well as by some club. grocery, and drug
stores. Rationale for this pricing strategy has been provided by claims that consumers” con-
fidence in retailers’ regular prices has been eroded by heavy price promotion, and that con-
sumers do not want to have to study ads and shop for a good price (Ortmeyer. Quelich. and
Salmon. 1991). It has also been suggested that EDLP is easy for consumers to understand.
and that it allays consumers” fears that following a purchase. the product will be discounted
by the retailer or competitor. In addition. it has been suggested that EDLP offers retailers
cost savings due to its simplicity (Ortmever et al.. 1991).

As noted by Hoch et al. (1994). research conducted by the Food Marketing Institute has
revealed that retailers actually vary in the degree to which they have adopted an EDLP or
high-low strategy across their product assortments. That is, some firms that are primarily
high-low operators have adopted EDLP for a portion of their products. and other retailers
that emphasize an EDLP position ofter occasional price promotions. In addition. some
high-low operators offer deep price promotions. while others offer consumers relatively
smaller discounts off the regular price. For these reasons, it is more appropriate to think of
the EDLP and high-low strategies as representing a continuum. This continuum is denoted
by the construct titled perceived retail selling price variability (RSPV). defined as a retail
manager's perception of the extent to which the firm's prices (across all products) vary
over time. A retailer’s perception that its prices are stable over its entire product assortment
would be characterized as low RSPV, while a retailer’s perception that it offers frequent
deep price promotions across its product mix would represent high RSPV.

As shown in Figure 1. RSPV was found to influence the compatibility between EDLC
programs and informants’ marketing environments. Consistent with this finding. explana-
tions offered in the trade literature for retailers” attitudes and behaviors toward EDLC pro-
grams have frequently centered on retail formats. Specifically, it has been suggested that
EDLC is most widely supported by mass merchandisers that are practicing an EDLP strat-
egy. and EDLC is least supported by supermarkets and drug stores that have traditionally
adopted high-low pricing strategies (e.g.. Lawrence. 1993; Schiller, 1992).

The findings of the current study suggest that type of retail format (e.g.. grocery vs. mass
merchandiser or EDLP vs. high-low) is not a consistent indicator of EDLC program eval-
uations. The interview data suggests that, on average. low RSPV retailers may be more
favorably disposed toward EDLC than high RSPV retailers. However, as shown in Figure
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1, two contingency factors were found to moderate the negative relationship between per-
ceived RSPV and the compatibility dimensions. One of these contingency factors (i.e..
belief that the EDLC program restricts price promotion) was found to influence high RSPV
retailers’ evaluations of EDL.C programs. and the other contingency factor (i.e., EDLC
option programs) had its primary impact on low RSPV retailers’ evaluations.

High RSPV retailers’ perceptions of compatibility between an EDLC program and their
marketing environments were dependent upon the extent to which they believed that an
EDLC program would restrict their ability to price promote. In its purest form. EDLC
could be implemented without any promotional funds available to the retailer. However. in
practice. accrual funds typically accompany EDLC programs. These funds normally
involve an account in which a percentage of the total dollar sales purchased by the retailer
is set aside for the retailer to use in promoting the manufacturer’s product.

The high RSPV retailers varied in terms of whether they believed these funds were suf-
ficient in pursuing their price promotion strategy. Some believed the funds were large
enough to facilitate the desired price promotion activity. while others did not. The former
were found to judge EDLC programs to be more compatible with their marketing environ-
ment than the latter. The belief that EDLC programs restrict price promotion is evident in
the following interview excerpt.

We are not crazy about (EDLC program). Because traditionally we have been a high-
low pricing strategy company. And. we enjoyed those deals and found that we could
differentiate ourselves by exploiting those through our price promotion strategy. With
(EDLC program). its out there. everybody has it and they have it at the same time and
there is very little to be done with it.

Sentiments such as these imply that by removing funds available for price promotions,
EDLC prohibits the firm from practicing its preferred retail strategy (i.e., price promotion).
In addition, these retailers claim that EDLC limits their ability to differentiate themselves
from competition on the basis of price and to use price promotions as a means of injecting
excitement into their store environments.

The other contingency factor. whether the EDLC program is optional, was found to alter
low RSPV informants’ perceptions of program/environment compatibility. Frequently,
manufacturers allow retailers to choose between purchasing product on the basis of an
EDLC program or a traditional trade deal program. Retailers using a low selling price vari-
ability strategy were found to evaluate EDLC programs less favorably when the program
was offered as an option to a trade deal program. A manufacturer interviewed explained his
experience offering an EDLC option to a low RSPV retailer:

(Retailer) is looking for every day low prices, and we figure that this would be the per-
fect strategy for (Retailer) to really get on the ball with us. Well, they said. ‘now wait a
minute, you're telling me that I'll only have (a constant allowance of) $0.96. while
(Competitor) across the street will have $1.20. and you want me to buy this program. I
can’t tell you that I am very excited about it. Plus they are going to buy out so they will
not only have the six week window, but they will have another six weeks, so over
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twehve weeks they will have S1.20 in their warehouse. and we Il have $0.96. [ don’t
think that is the kind of program that I want to be with.”

This perspective was echoed by several of the low RSPV retailers interviewed. For exam-
ple. one executive stated:

We like their EDLC program. We are aligning ourselves with manufucturers to drive
costs out of the system. and we think that EDLC does thai. .. It would be difficult. how-
ever. if they continued to do high-tow with other retatlers and EDLC with us. We may
not be as competitive as we would like to be.

EDLC Program Experience

Some of the respondents indicated that their firm had limned experience with EDLC pro-
grams. and suggested that their evaluations would be dependent in part on how well EDLC
programs work for them. This "wait and see” mentality may also reflect retailers™ desire o
gather additional market information related to the likely success of EDLC programs prior
to forming an evaluation (Anand and Stern. 1987). For example. when one retailer was
asked how his firm felt about an EDLC program that a manutacturer had recently intro-
duced. he responded:

We don’t know—we don’t know. We've taken a look at their program. We re going to
see what the test of time does with that. We are taking down the retail price on those
items_ maintaining our gross profit. not gross percent. and we're going 10 give it the test
of ime.

In contrast. other informants™ evajuations of EDLC programs were found to be held with
greater confidence. It became apparent that direci and vicarious experiences with EDLC
programs played a part in the evaluation of these programs. (See Figure 1.) For example.
one executive stated:

We sit down with a lot of these companies and say that we need to get on these EDLC
programs because we have tested this with a major supplier ... from that we leamed
what happened to our turns. what happened to the cash tflows. what happened to the
gross profit. and then more importantly what happened to the outside storage costs was
significant.

Informants also detailed less favorable experiences. One executive stated:

Some suppliers are changing 10 everyday low cost and expecting us to change 1o every -
day low retail. And that all sounds good. but when we change to everyday low prices.
basically we didn’t get a response trom the customers in terms of an increase in sales 1o
otfset the decrease in margins
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Whether leading to positive or negative outcomes, these past experiences with EDLC
programs are likely to play an important role in shaping compatibility assessments of more
recently introduced programs. For example, if a retailer had accepted an EDLC program in
the past and found that its subsequent retail pricing was not competitive, then this past
experience is likely to have a negative impact on perceptions of program/environment
compatibility for similar programs.

Commitment to Forward Buying

Forward buying systems include warehouse space to store product purchased on deal.
computer systems to provide information on economic levels of forward buying, and
employees to facilitate all stages of forward buying. Commitment to forward buying is
defined as the degree 1o which a retailer has forward buying systems in place and believes
that the use of these systems is beneficial to the firm. As previously noted, EDLC programs
largely eliminate forward buying opportunities. From this perspective, it follows that
retailers’ level of commitment to forward buying was found to relate to their assessments
of EDLC programs. In addition, the influence of forward buying was discovered to be con-
tingent upon the storage costs associated with the product. (See Figure 1.) Product storage
costs refer to financial outlays required to hold the product in inventory and transport the
product to and from storage facilities. Higher storage costs are typically incurred for prod-
ucts which are relatively bulky, expensive, or perishable.

Regardless of product storage costs, informants with a low commitment to forward buy-
ing tended to evaluate favorably the compatibility of EDLC programs. These retailers in
many cases did not have systems in place to facilitate deal-to-deal purchasing and/or felt
that forward buying was a nuisance. For example, one executive stated:

We have got to find ways to eliminate forward buying costs out of our system ... and
there ought to be a better way to sell that product without having to do all of this. A deal
ends, you got a hot deal. a $2.00 deal, it’s going to end and your next deal is going to be
$1.00, so 1 have a chance to forward buy and make that additional dollar on the inven-
tory that I am going to carry, then I plug it into my forward buy formula and see how
far I buy out before that additional dollar starts costing me or before its starts impacting
my return on inventory investment. So we calculate all of that, and we still say that there
has got to be a better way, it is still not the way that we need to run our business... With
EDLC we get the product right in and turn it—we eliminate the forward buy.

By removing forward buying costs, informants with a low commitment to forward buying
felt that EDLC programs were compatible with their retail environments.

Respondents with a high commitment to forward buying tended to perceive EDLC pro-
grams for products with high storage costs as being more compatible with their marketing
environments than EDLC programs for products with low storage costs. Since EDLC pro-
grams inhibit forward buying, informants that had established forward buying systems per-
ceived EDLC programs (for products that do not have relatively high storage costs) as
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lacking compatibility with their marketing environment. Such an instance 1s illustrated by
the following interview excerpt:

One of the things you have to understand is that our system is based on forward buying
allowances. (EDLC pragrams) are a drastic change to that philosophy. We have a very
sophisticated computer setup. which facilitates the forward buying process. We've had
that for years. It tells us, based on the current cost of money. and the cost of the item.
and how much room there is left in the warehouse. how much to forward buy—what i
our most economical forward buy based on a minimum rate of return. which we have
pre-set in the system.

With forward buying svstems such as these in place, retailers highly committed to for-
ward buying displayed a reluctance to change to a new method of buying that would render
these systems useless. This finding is consistent with the sunk cost effect which is “mani-
fested in a greater tendency to continue an endeavor once an investment in money. effort.
or time has been miade™” (Arkes and Blumer. 1985. p. 124). Objectively, the past investment
should not influence the present decision (i.e.. evaluation of the EDLC program). Explana-
tions for the sunk cost effect center on individual desires to not appear wasteful (Arkes and
Blumer, 1985) and to avoid losses (Thaler. 1980).

Several informants who reflected a high level of commitment to forward buying also
expressed the belief that forward buying provides them with a competitive advantage. This
advantage was perceived to be gained through obtaining product at a lower cost than com-
petitors. For example, one retailer explained:

I prefer deal pricing rather than EDLC because what | tend to do is buy deal to deal and
try to be more competitive than some of the others who buy product once every month
or once every (wo weeks whether its on deal or not.... We're just better oft going deal
to deal.

Retailers that are more proficient than their competitors in taking advantage of forward
buying opportunities may actually not achieve a cost advantage over competitors. A cost
advantage will result only if the discount received from the trade deal exceeds the costs
associated with stoning the inventory (Blattberg and Neslin, 1991). As such. informants
highly committed 1o forward buying typically acknowledged that. in some cases. due to
high storage and handling costs. forward buying would not offer a competitive advantage.

Consequences of Agp, ¢

Figure 2 presents a graphical overview of the consequences of retailer attitude toward the
EDLC program. As shown in the figure, Agp) ¢ was found 1o influence whether retailers
responded to an EDLC with supportive or nonsupportive behaviors. The more favorable a
retailer’s attitude toward an EDLC program. the greater the likelihood that the response to




124

Retaller attitude
toward the EDLC
program

Notes a
b

FIGURE 2

Journal of Retailing Vol. 74, No. 1 1998

+

Relative
dependence

Pertains to EDLC option programs only.
Found to be a response to only non-optional EDLC programs.

. Supportive Bchaviors

optiond

Increase merchandising
support

Seck partnership I

Sclection of the EDLCJ

Adaptive Behaviord

ad;ustments to retail
strategy

Make minimal necessary

Nonsupportive Behaviors

Selection of the trade
dcal option?

Increase support for
compclitive brandsb

Decrease
merchandising
supporlb

Discontinue the brandb

Communicatc
dissatisfactionb

Consequences of Retailer Attitude toward the EDLC Program

Theony of Retaile:

the program wa
support. seeking
retailer’'s evalu:
behaviors occur
decreasing merc
dissatisfaction).
portive behavion
nonsupportive r
support for the t
1o be contingen
tnteraction was
EDLC program
dence increased
respond to the t
and merchandis

Selecting/Reject

As previously
manufacturers
trade deal progr
program and a t
Agpyc was four

Supportive Resy

In addition to
also support opt
for the brand ar
can play a large
merchandising :
brand in the ret
believed to pro
stock several br
attitude toward
the product cate
uated less favor
lead 1o their re
example, one o}

After we p
looks trem



74, No. 11998

the EDLC

———
chandising

baviord

umal necessary
s 1o retas)

1aviors

1e trade

ont for
rands?

'™

1c brandb

Theory of Retailer Response to Manufacturers’ Everyday Low Cost Programs 125

the program was supportive (i.e.. selection of the EDLC option. increasing merchandising
support. seeking a partnership). On the other hand. we found that the more unfavorable a
retailer’s evaluation of an EDLC program, the greater the likelihood of nonsupportive
behaviors occurring (i.e., selection of the trade deal option. supporting competitive brands.
decreasing merchandising support for the brand. discontinuing the brand. communicating
dissatisfaction). As such. in Figure 2. Agpy ¢ is shown to have a negative effect on nonsup-
portive behaviors. Importantly. however. the relationships between Agpy ¢ and four of the
nonsupportive responses (1.e.. supporting competitive brands. decreasing merchandising
support for the brand. discontinuing the brand. communicating dissatisfaction) were found
10 be contingent upon a retailer’s relative dependence on the supplier. The nature of this
interaction was found to be such that the likelihood of unfavorable attitudes oward the
EDLC program leading to these four nonsupportive responses decreased as relative depen-
dence increased. Rather. in instances of high relative dependence. retailers were found to
respond to the EDLC program by making the minimal necessary changes to their pricing
and merchandising of the brand (i.e.. adaptive behavior).

Selecting/Rejecting the EDLC Option

As previously noted. rather than making participation in an EDLC program mandatory.
manufacturers frequently allow retailers 10 choose between continuing with a traditional
trade deal program or changing to an EDLC program. When an option between an EDLC
program and a traditional trade deal program is offered by a manufacturer, the valence of
Agppc Was found to determine selection/rejection of the EDLC alternative.

Supportive Responses

In addition to accepting EDLC option programs, some evidence was found that retailers
also support optional and mandatory EDLC programs by increasing merchandising support
for the brand and/or by secking a partnership with the supplier. (See Figure 2.) Retailers
cun play a large role in determining the success of a brand within the category through their
merchandising activity. Providing a brand with a favorable shelf position and featuring the
brand in the retailer’s advertising can help the retailer 10 align itself with a brand that is
believed to provide favorable profit potential within the category. Retailers frequently
stock several brands that are quite similar to each other. If a retailer has formed a favorable
attitude toward an EDLC program., traditional trade deal programs for nther brands within
the product category may be seen as less compatible with the firm's environment and eval-
uated less favorably. Thus. retailers’ desires to align themselves with EDLC brands may
lead to their responding to EDLC programs by increasing merchandising support. For
example. one of the manufacturers interviewed noted such support stating that:

After we present the program. in the good cases. retailers come back to us and say “this
tooks tremendous. And. in tact we are going 1o work closely with you.” So we have got-
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ten drop-ships from retailers that have never ran a drop ship before.... And they have
stated that they will merchandise our product more because of our EDLC program.

Retailers may also respond to EDLC programs by attempting to form partnerships with
suppliers offering these programs. Buzzell and Ortmeyer (1994, p. 4) define a channel part-
nership as “‘an ongoing, nonexclusive relationship between a retailer and an independent
supplier. in which the parties agree on objectives, policies, and procedures for ordering and
physically distributing the supplier’s products.” Consistent with this definition, EDLC pro-
grams may provide the initial impetus for retailer efforts to improve supplier-retailer coor-
dination in order processing and replenishment of retail stocks. For example. retailers with
favorable attitudes toward an EDLC program may proceed to work with the supplier in
developing electronic data interchange (EDI) systems to facilitate continuous replenish-
ment of retail inventory. The desire to form such partnerships was reflected in statements
such as “we are aligning ourselves with manufacturers offering EDLC programs.” And.
reflecting on his company’s success with an EDLC program, one retailer stated that:

It has kind of been a joint effort—1I would like to see if we (the retailer and supplier) can
manage our businesses in the same way because. guess what, we both can make more
money if we wark together to operate this way.

Nonsupportive Responses

When an EDLC program is offered as an option to a traditional trade deal program,
retailers with unfavorable attitudes toward the EDLC program can simply continue to buy
according to the terms of the trade deal program. However, in the case of non-optional
EDLC programs. retailers with unfavorable attitudes toward the program were found to
respond by (1) Increasing merchandising support of competing brands; (2) decreasing mer-
chandising support of the EDLC brand: (3) discontinuing the EDLC brand; and (4) com-
municating dissatisfaction with the EDLC program.

By enhancing support for competing brands and/or removing merchandising support
from EDLC brands. a retailer can align itself with brands using price/promotion programs
perceived to be more compatible with the firm’s marketing environment. Such responses
may also provide a means of expressing dissatisfaction with the supplier for using a pricing
strategy which the retailer perceived to be incompatible with its marketing environment.
As a less aggressive measure, some retail executives were found to respond to EDLC pro-
grams by communicating their dissatisfaction with the program to the manufacturer.
Finally, some of the retail informants indicated that in response to EDLC programs they
had discontinued brands.

Importantly, the likelihood of Agp; ¢ having a negative effect on nonsupportive behav-
iors was found to be contingent upon a retailer’s relative dependence on the supplier.
Anderson and Narus (1990, p. 43) have defined relative dependence as “a firm's perceived
difference between its own and its partner firm's dependence on the working partnership.”
In the context of this study. a retailer’s relative dependence is likely to be determined by
the market share of the brand. the category's market size, and the retailer’s share of the
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market. and the size of its market. For example. if a supplier’s brand commands a large por-
tion of the market, and the retailer has a smail share of a small retail market. then the
retailer’s relative dependence is high.

The importance of relative dependence in determining response behavior is evident in
this executive's statement:

No. 1 don't like their EDLC program. But what | am getiing at is that we can’t walk
away from the kind of shares that they have in some of the categories. so we have to
work with them and we can’t afford not to promote their products.

Similarly. when asked about his firm's response to an EDLC program. another executive
stated:

It depends on who it is. The altematives | have would be of course to discontinue his
item. Put pressure on him that way. In some cases we have done this. Also. we can pro-
mote different brands, that haven’t (gone to EDLC). if they are not willing to work with
us. And you know, if his product, by doing that. is not going 10 turn the volume ... we
can always discontinue the brand. if we don’t need it. In some cases there is not a lot we
can do: it depends on the strength of the brand.

As suggested by these statements, the greater retailers’ relative dependence on EDLC
suppliers, the lower the likelihood that unfavorable attitudes toward EDLC programs will
result in nonsupportive behaviors.

Adaptive Behavior

Rather than responding to EDLC programs with what have been categorized as support-
ive and nonsupportive behaviors. several informants indicated that they were responding
by only making minimal changes to the pricing and merchandising of EDLC brands. These
responses. which are indicative of an attempt by retatlers to adjust to the supplier’s pricing
program, have been categorized as “adaptive behaviors.” As shown in Figure 2. the likeli-
hood of retailers responding to an EDLC program with adaptive behavior was found to
depend on Agp; ¢ and the retailer’s relative dependence on the supplier.

Retailers with unfavorable attitudes toward an EDLC program and high relative depen-
dence on the supplier were found to respond with adaptive behavior. For example. after
expressing dissatisfaction with EDLC programs, an executive of a small grocery chain
responded to the question of what can be done by stating:

We just kind of go with wherever the market gaes. we don’t have that much clout. we
are just a small player. We certainly didn"t start it. and we won't have any influence on
how it comes out either.. .. It is something that we are going ta have to look at the first
of the year. we might have to go to a higher base markup strategy with those brands.
Holding the markup and paying a lower cost is costing us profits. And. we are not mak-
ing the money forward buying either—that is costing us 1o0. We are just going to have
to look at it because it is really becoming a concemn of ours.




loursal o Retating Vor 74 No 1 raay

Phe finding that el relatve dependence retaters are zdapting o EDLC s consisient with
concepoial and empirical evidence that a firm adapis v the degrce that it is dependent on

hat counterpart ce.y L Anderson and Narus, 1990, Johanson. Hallen. and Seyed-Mohamed.
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DISCUSSION

Thie theary development effornt resubted in g detailed. “wrounded™ account of retailer
respanse o EDLC programs. Anttude toward the EDLC program emerged from the data as
e fecal construct. Informants were found o form these attitudes through an assessment of
e commpatdi s hetweenthe EDLC progiam inquestoniaid Key iispects of their markheting
envionmens vee retatler. compentive. consumer. and channeli. Perceptions of program:
ensronment compatibility were found to he dependent upon several retatler and program
characteristios While progrm/enviromment compatibilny was tound to have a direct pos-
s e effect o Ag e the relationship between Appy; ~ and response behaviors e sup
portive, non supportive. adaptivey was found to be contingent upon refauve dependence

Marketing schotars iBazzell eval . 1990: Hoch et al. 1994) have reasoned that EDLC
PUOCEITIS ALY CePROSCnt wan- i opportunities for manutacturers and eetatlers becuuse
hoth can elnminate unpecessary costs associated with forward buving and retailers can
focus therr umie and resources on merchandising. Industry observers have generally con-
corred that EDEC programs are goad tor all involved. However. as evident trrom the cur-
rent study. afi retailers are tar from percewing o/l EDLC programs as win-win
proposiions This research revealed several bwmers that manufacturers face in gaining
retatier approval of EDILC programs. For example:

Some high RSPV retalers believe that. even when accrual funds are available. EDLC
programs restnct their ahility 1o price promote. These retailers feel that price promo-
ton s instrumental in awracung customers and gainmg a compettive advantage.
Retatlers committed o torward buying indicated several formidable impediments to
the implementation of EDLC programs in the form of people. purchasing systems.
resources. corporate culture. knowledge bases. and even paperwork dedicated to for-
ward buyving. These retalers are likely to view EDLC programs as incompatible with
their marketng environment and. therefore. may not value or believe in the potential
benefits ot EDLC,

bvormants perceiving that their fam was atan operating cost disadvantage refative to
the competition indicated that introducing vanability into their pricing is essential to
their competiniveness, Evidenty. the high-low pricing approach implemented by
these retatlers. in tandem with impertect consumer information. atlow < these retailers
to compete agzainst retaders with more favorable cost structares. Accordingly. retaid
ers competing at an operaiing cost disadvantage look unfavorahly upon straegies.
such as EDLC. which may restnot their ability to price promote

Alany of the EDLC programs oftered by manufacturerss are opuonal. Gaining reratles
acceptinee of EDLC opuans v revealed to he problematic for two reasons o
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many high RSPV retailers percenving EDLC programs to be incompauble with ther
marketing environment and. therefore. opting for tradivonal trade deal programs
which can be used to introduce variability into thetr pricing: and (21 fow RSPV retail-
ers concerns that thetr pricing will appear noncompetitise it their competition selects
the traditional trade deal alternative.

General Implications for Channel Management

Suppliers frequently propose policy changes. referred to as trade programs. which
require retailer participation in order 1o make them a success (Frazier und Stewart. 1989).
Examples include trade promotion programs. inventory management programs. and train-
ing programs. As shown in Figure 3. general components of the theory developed herein
are expected to gencralize to the domatn of retailer response to trade programs.

Perhaps the most important implication of this model is that retatlers” evaluations of trade
programs are likelv to be based on a process in which the compaubility between the pro-
posed program and Key marketing environments is considered. As such. the manufacturer
initiating the trade program can anticipate retailers judging the program on the basis oft

o Rerailer envivonment compatibilinn—the extent to which an the trade program is per-
ceived to be (imconsistent with company strategy.

= Comperitive environment compatihilitv—the extent to which the wrade program i
perceived to present a competitive tdis)advantage.

< Consumer environment compatibiline—the extent to which the trade program is per-
ceived to be {in)consistent with consumer behavior.

e Channel environment comparibilitv—the extent to which the trade program is per-
ceived to benefit tor harmy retatler/manutacturer relations.

Prior 1o introducing a new trade program. manutacturers can conduct research to determing
retailers” perceptions of fit on these Key dimensions. If the program is perceived as tacking
fit, it can be modified. prior 1o mtroduction. in order to improve retailers” compatibility
assexsments, and in wirn therr atnitudes and responses toward the program. Alternatively.
on the basis of market rescarch findings. it may be possible to idenufy retailer characteris-
ncs which atfect compatibility assessments and then target the program exclusively toward
those retatlers who are most tikely to perceive the program to be compatible with their mar-
keting environment.

The Diffusion of EDLC

Widespread unfavorable attitudes and responses toward EDLC programs have fikeh
stowed manufacturers’ adoption of the EDLC approach. This slow rate of ditfusion 1
reflected in Cov Direct’ s (1997 finding that the proportion of packaged goods manufactur-
ers” promotional dottars allocated to trade promotions has femained quite steady between
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1991 and 1996 at just under 504% | In addressing why diffusion of EDLC has been slow . and
10 speculate on the future of EDLC we draw from the present research findings. as well as
refated literature.

Rogers (19821 proy ides evidence that the rate of diffusion ol innovations, such as EDLC.
i~ positively related to the compatibility of the mnovation. as perceived by members of o
soctal system. [t has also been suggested that the more homogeneous a social system. the
taster the rate of diftusion and the higher the maximum penetration level (Gatignon and
Robertsen. 198351, Accordingly. the considerable heterogeneity found to exist between
retailers on key dimensions which affect perceptions ot program/environment compatibil-
1ty 1s likely to hinder the diffusion of EDLC. For example. retailers are heterogencous with
regards to operating costs. and those who perceive their firms as having an operating cost
disadvantage were found to view EDLC as incompatible with their marketing environ-
ments. As such. the potential for favorable perceptions is reduced to a subset of retailers
that do not perceive their firms to be at an operating cost disadvantage. This remainiug pool
of retailers. that may view EDLC tavorably . is further reduced as other tmportant determi-
nants such as RSPV or commiument w torward buying are considered. Hence. heterogene-
v in g rewl population. on the characteristics 1dentitied as determinants of program/
environment compatibility . s likely o act as an important factor affecting diffusion. With
this heterogeneiny. the substantial cost savings associated with EDLC (Buzzel! et al.. 1990y
are unlikely 1o be tully realized.

The results of the current research suggest that the slow diffusion of EDLC may also be
a result of manufacturers fathng io consider and adjust 10 retailers” concerns about the
compatbility between EDLC programes and their marketing environments. Greater accep-
tince of EDLC programs 1= itkels 10 be largely dependent upon manufacturers’ success in
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persuading retailers of the benefits of EDLC. as well as their abilities to develop modified
EDLC programs which address perceived incompatibilities between EDLC programs and
retailers” marketing environments. Retailers committed to forward buying wiil have to be
persuaded that the inventory efficiencies associated with EDLC programs outweigh the
benefits gained through forward buying. Fear that EDLC will exacerbate competitive prob-
lems encountered by retailers perceiving weaknesses in buying power or an operating cost
disadvantage must be addressed. Also. concerns about EDLC reducing the ability of retail-
ers to introduce variability into their retail prices may have to be addressed through modi-
fied EDLC programs which include “pay-for-performance” trade deals or substantial
accrual funds (from which retailers can draw in order to implement price promotions).

Interestingly. retailer responses in North America are now being replicated in Europe as
firms such as P&G and the Italian pasta giant Barilla have recently initiated EDLC pro-
grams there (Mussey. 1997). Similar to experiences on our side of the Atlantic, both P&G
and Barilla have experienced market share losses in the vear since EDLC strategies were
introduced. In an apparent attempt to improve judgments of program/environment compat-
ibility. P&G has been trying 10 convince retailers that price promotions are not very effec-
tive on fixed-consumption items such as detergents and. therefore. that EDLC makes more
sense for these product categories.

In providing a comprehensive view of the packaged goods industry. Kahn and McAlister
(1997) suggest that packaged goods manufacturers have recently encountered many
changes which present an assortment of challenges. In addition to the previously noted
problems associated with trade deals. broader changes include increased global competi-
tion. the spread of information technology. an increasingly diverse and value-oriented con-
sumer market. higher advertising media costs. the proliferation of “me-t00" products. and
the consolidation of wholesale and retail trade. Kahn and McAlister's overview of the
industry suggests that manutucturers are encountering paintul changes as they attempt to
become more flexible and responsive to challenges they face. Furthermore. years of power
struggles. distrust.-and other forms of conflict between trading partners have created a less
than ideal environment for initiating a change. such as EDLC. Given these market condi-
tions. it may take additional time tor EDLC to achieve its potential. One informant. who
was asked about the future of EDLC programs. stated:

I don’t think there is any doubt in anybody’s mind that evenially we're going to huve
to get to it. | mean it just doesn’t make sense to create extra costs in the system. But.
we're going 10 have to Jearn how to manage it, and that is just one of our concermns as a
retailer. You just don’t jump into something...the change needs 1o be more gradual so
we have a chance to look at it and figure out how to make it work.

Support for this perspective is also provided by a recent survey of the industry which
revealed increasing levels of support for EDLC (Cox Direct. 1997).

Slow diffusion of EDLC may also be a sign that trade deals and subsequent forward buy-
ing behavior are more beneticial 10 manufacturers than previously believed. Given the well
documented problems associated with manufacturers’ trade deals (e.g.. highly variable
production schedules. stockpiling inventories throughout the channel. high product dam-
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Future Research

The prosent research s among the first to imvestigate the substantive issue of retatler
response 0 EDLC programs. doecordmgty many aippaortunities are available tor extending
e iy estation, Fiese quantitats e date coald be gathered 1o test the teoreucal propos-
tinns advanced m this paper and summarized m the Appendix AL Additional empirical
reszarch is also needed toassess the generahizability of the iindings 1o a vavieny of trade
programs (asibusteated in Figure 3y

Anothay asenue tor tuture rescarch s to pmvestgate the hnk betw een channed pricing and
consumer behavior The cumrent vesearch provides cvidence that manufacturers and retail-
2rs ars commonly at odds in thar perceptions of consumer behavior. Manufacturers and
retatlers that intreduce high levels o variabiliny imo their pricing. as well as those that use
stable pricing both tfrequentls expressed that therr pricing methods are consistent with pre-

dominant consumer desires. The extent to which manufacturers” and retatlers” theories of

consumer promouonal behavior are accurate could be mvestigated by comparing execu-
s’ estintates of consumer promotonal desies and search behaviors with data collected
10 represent actual consumer preferences and behaviors (of. Urbany. Dickson. and Kal-
apurakal, 19962 Urbany. Dickson, and Key. 1990). Another option for assessing the accu-
racy of managers” beliets regarding consumer response to variability i retail pricing is to
evaluate whether retailers with low RSPV el EDLP retailers) are gamning market share
relative e those with high RSPY e Ingh-tow retailers). This iesearch may help in iden-
1 ing dhe sources of tiax that enter 1nto manager~” decision making. Managers that intro-
duce mgh (lowy fevels of varabiliny into their pricing may overestimate (underestimate)
the extent v which consumers shop tor deals and gam utility from finding reduced prices
A suggested by the findings of current research. significant differences in manutacturers’
and retatlers” theortes of consumer promotion sensitivity are hikely to result in disagree-
ments regarding trade promouoa/pricing pohcies  Everyday low cost programs would
Ukeiv be miuch more successful i the future if cubstantial segmente of consumers are
shovon o gotaally prefer lov levels of vanahibiny e retail pricing
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Future research may also benefit from considering the effect of market structure on
AgpLc- A lack of compatibility between an EDLC program and a retailer’s competitive
environment was revealed to be an obstacle for EDLC. As such. the intensity of market
competition may serve as a predictor of the acceptance of EDLC programs. In certain mar-
kets where there is a lower concentration among food retailers. there may be less resistance
to EDLC as concems regarding the fit between an EDLC program and firms’™ competitive
environments are less likely to surface. The level of market heterogeneity on key retailer
characteristics related to the evaluation of EDLC programs may also serve as a predictors
of acceptance of EDLC programs (Gatignon and Robertson. 1985). For example. the level
of market heterogeneity in buying power and operating costs may be predictive of a partic-
ular market’s acceptance of EDLC programs. As implied by the proposed framework, rel-
atively high levels of disparity among retailers on these dimensions may lead (o
perceptions of a lack of program/environment compatibility. and consequently limit the
expansion of this approach.

Acknowledgment: The authors thank the Editor, Terry Shimp. Joe Urbany. and the reviedwers for
their advice and encouragement.

APPENDIX A

Summary of Research Propositions

P1:  Retailers’ perceptions of program-environment P5:  The tavorability of EDLC program expert-
compatibility have a positive effect on Ay ence has a positive influence on program
environment compatibility.

P2: Perceived operating cost disadvantage has a

negative effect on program environment com- PG av Commitment to lorward buving has
patibility a negdtive influence on program.
emarnnment compatibility
P3- Percenved weakness in buying power has a neg- bt The higher the level of product stor-
ative influence on program:environment compati- age costs, the weaker the negative
bility influence of commitment to forwand
buving on program:environment
P4 1ar Perceived retail selling price vaniability has a compatibility.
negative influence on program/environment
compatibility. P7: Inthe case of opuonal EDLC programs.
th) The stronger the retailer's helief that the EDLC the more dessi favorable Agpy, ¢, the
program restricts price promotion, the stronges greater the likehihood that the retailer will
the negative influence of perceived retail selt- select the EDLC (trade deal) alternative.

ing price variability on programienvironment

compatibility. P8 The more favorable Agyy ¢ . the greater

¢} The negative influence of retail selling price the tikclihoad that the retailer:
variability on program/environment compati- tar  will incredse merchandising support
bility is greater when the EDLC program is not tor the brand.
optional than when the EDLC program i~ thr seck out a partnership with the man-
optional. utacturer,

(« ontinued)
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Appendix A (Continued)

P9 The fess favorable Agy . the greater the likeli- tar decrease its merchandising support
hoaod that the retailer will: tor the brand.
{a) decrease its merchandiing support for the (" mncrease its merchandising suppont
brand. for competitive brands.
(b1 increase its merchandising support for com- {c) discontinue the brand.
petitive brands. i communicate its dissatisiaction with
(1 disconunue the brand. the EDLC program.
(et communicate its dissatistaction with the
EDLC program P11:  The higher the retailer's level of relative

dependence, the stronger the negative

P10:  The higher the retailer’s level ot relative depen- influence of Agp, ¢ on the likelthood that

dence. the weaker the negative influence of the retailer will respond to the EOLC pro-
Agpr ¢ o the likelihood that the retader will gram with adaptive hehavior.
NOTES

1. A more detailed version of the paper wherein each program/environment compatibility dimen-
sion is examined independently is available from the authors.

2. We thank the Editor for bringing this point lo our attention.
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(Wal-Mart is undercutting its vaunted image as an every day low price retailer with its latest round of advertising
circulars. The September and October circulars are full of special buys, one time offers, rollbacks and even sales!
Urgency-inducing euphemisms such as “for a limited time" and “available while supplies Iast" can even be found
in the circuiar's glossary.

it should be a misdemeanor to even mention "sale" within earshot of the Bentonville home office. So EDLP
purists must have cringed when they saw the October circular commemorating the retailer's 35th anniversary.
There nearly 80 times in red and blue is the word "sale!” That's enough for felony charges. To make matters
worse, October isn't even the retailer's 35th anniversary. Technically, the first &Wal-Mart opened July 1962. Only
in retailing is it acceptable to celebrate an anniversary three months late. .

Pricing gimmicks and manufactured anniversary sales belong on the used car lot, not in the direct mail circulars
of the retgller credited with teaching American consumers the meaning of a new acronym. The company's
success is built on the foundation of EDLP, and that's why having a sale, rolling back prices and plastering
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“special buy" all over a circular is so objectionable. It's a practice that should be reserved for other retailers, those
that haven't cultivated an image that sales aren't needed because prices are always low.

F)Wal-Mart must be aware that ali sales do is attract cherry-picking, wait-until-it's-on sale, drive-ali-over-town
coupon clippers. Using pricing gimmicks erodes the integrity of the EDLP image and confuses foyal customers.

For example, three great ways to save were promoted in September, and then in October ‘Wal-Mart shoppers
got four great ways to save. Will there be five great ways to save in November? For customers, choosing among
these “deals" is like figuring out whether deluxe, premium or luxury is top of the line.

Occasionally promoting a special buy, rolling back prices or having a sale won't adversely affect or even hurt
{>Wal-Mart's short-term resuits. The 60 million people (DWal-Mart says visit its stores each week will spend about
$10 billion this month, and when the fiscal year ends in January 1998 sales will be well above last year's $105
billion.

The real danger in using pricing gimmicks, especially for &Wai-Mart, isn't that sales will suffer-such promotions
actually build sales. But they lead to even more promotions, and eventually a toierance is built up. It's like an
Olympic athlete looking for a competitive edge who resorts to steroids. They may do wonders for short term
performance, but eventually the effect wears off and an even higher dosage is needed to exceed past
performance.

{£’Wal-Mart has spent 35 years building an unrivaled low price image. However, reputations are easier to lose
than they are to build, and the quickest way for OWal-Mart to lose its EDLP image is to persist with sales and
other pricing gimmicks. If special terms are obtained from a vendor, build it into prices for the coming 12 months
and make it transparent to the customer. Doing so will keep the promotion monkey on the back of competitors
and allow for an untarnished EDLP image. To do otherwise means running the risk of becoming the same as a lot
of its competitors. And that's where the real danger lies.

Reproduced with permission of the copyright owner. Further reproduction or distribution is prohibited without
permission.
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There is substantial evidence for variation in price sensitivity of producis ucross stores and chains.
Undersiunding the relationships between price itivity and pr ional variables (such as price
cut, feature adveriising, and display), and between price sensitivity and pricing policy (Everyday Low
Pricing {EDLP) and High Low Pricing [HLP)) is particularly important 1o retuilers. We develop
hypotheses on the relationships beiween regular price elasticity and rewailer promotional variables,
and between regular price elasticity and reuailer pricing policy. We test these hypotheses by analyzing
the variation of regular price elasticity of a frequently purchased consumer packaged brand across
stores, both within and across chains, through a multistage regression analysis. In the first siage of our
analysis, we use a mixed double-log model 0 estimate the sales response function for the brand in each
store using time series data. In the second stage. we explain the differences in the estimated regular
price elasticities across stores within a chain by a process function model. In the final stage, the differ-
ences acruss all stores and chains are expluined through an aggregate process function model. We
extend the literature by separating regular (long-run) price elasticity from promotional {short-run)
elasticity, and by studying the influence of both strategic and tactical retailer variables on regular
price elasticity in a single framework within and across chains. Our results for the brand analyzed
show that a higher level of display and feature advertising together is associated with a lower level of
regular price elasticity in EDLP stores and that an EDLP policy is associated with a higher level of
regular price elasticity, whereas an HLP policy is related 10 a lower level of regular price elasticity.

INTRODUCTION

Price sensitivity varies across brands, stores, chains, and markets for most consumer pack-
aged goods (Blattberg and Neslin, 1990). In addition, price sensitivities for such products
are often intertwined with sensitivities to promotional variables such as price cut, feature
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advertising, and display. A clearer understanding of the vaniation in price sensitivity will
help manufacturers and retailers formulate better promotional and pricing decisions.

Understanding the relationships between price sensitivity and promotional decisions and
between price sensitivity and pricing decisions is particularly important to retailers. Deci-
sions facing retailers can be viewed as strategic or tactical. Strategic decisions are decisions
on product mix, pricing policy and the like. Of these decisions, the pricing policy decision
is particularly significant. Typically, retailers are faced with two alternative pricing poli-
cies, an Everyday Low Pricing (EDLP) policy or a High-Low Pricing (HLP) policy. Tacti-
cal decisions include decisions on retailer promotional variables such as price cut, feature
advertising, and display.

In this paper, we study the influence of retailer pricing policy as well as the influence of
retailer tactical variables such as price cut, feature advertising and display, on regular price
elasticity. We develop hypotheses on the relationships between regular price elasticity and
retailer promotional variables, and between regular price elasticity and retailer pricing pol-
icy. We test these hypotheses by investigating the variation of regular price elasticity of a
frequently purchased consumer packaged brand across stores, both within and across
chains, through a multistage regression analysis. In the first stage of our analysis, we use a
mixed double-log model to estimate the sales response function for the brand in each store
using time series data. In the second stage, we use a process function model to explain the
differences in the estimated regular price elasticities across stores within a chain. In the
final stage, we explain the differences across all stores and chains through an aggregate pro-
cess function model.

We extend prior research on the variation in price sensitivity in three ways. First, prior
research on the relationship between price elasticity and promotional variables has pro-
duced conflicting results. While Bolton (1989a) found that increased feature advertising in
the category is related to a higher level of price elasticity, Allenby and Ginter (1995), Buck-
lin and Lattin (1991) and Lattin and Bucklin (1989) found a negative relationship between
brand feature advertising and price elasticity. These studies essentially treated regular price
(long-run) and price cut (short-run) effects together under price elasticity, although there
are strong theoretical reasons in favor of separating their effects (Blattberg and Neslin,
1989). We separate regular price elasticity from price cut (deal) response and analyze the
relationship between regular price elasticity and promotional variables.

Second, previous research did not examine the relationship between retailer pricing pol-
icy (in terms of EDLP or HLP) and price elasticity, which we do in our paper. By analyzing
both the relationships together in a single framework, we can better understand the appro-
priate influence of both strategic and tactical decisions of the retailer on regular price elas-
ticity. Third, prior research on price elasticity variation has restricted its focus to variation
across stores or geographical territories (Bolton, 1989a; Wittink, 1977). Price elasticities of
brands. however, have been found to vary among stores within a chain, as well as across
different chains (Blattberg and George, 1991). We study the systematic variation of regular
price elasticity both within and across chains, providing additional insights.

Our analysis shows two important results for one brand in a particular category. First, we
find that a higher level of display and feature advertising together is associated with a lower
level of regular price elasticity in stores that follow an EDLP policy. Second, we show that
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an EDLP policy is associated with a higher level of regular price elasticity, whereas an HLP
policy is related to a lower level of regular price elasticity.

The rest of the paper is organized as follows. The next section reviews the literature on
the relationship between price sensitivity and advertising. In section three, we develop
hypotheses on the relationship between price sensitivity and retailer promotional variables,
and between price sensitivity and retailer pricing policy. Sections four and five describe the
data and the model formulation respectively. The model estimation and results are pre-
sented in section six. The paper ends with a section on discussion, managerial implications,
limitations, and future research.

ADVERTISING-PRICE SENSITIVITY RELATIONSHIP

We first examine the relationship between advertising and price sensitivity and will apply
the theoretical reasoning in the advertising-price sensitivity literature to examine the influ-
ence of tactical variables such as feature advertising and display on regular price sensitivity
in the retail context. Although factors such as availability of close substitutes, and availabil-
ity of information about brands and their prices may also influence price sensitivity in addi-
tion to advertising, we focus on advertising because it is a key decision variable of
managerial interest in our context. The advertising-price sensitivity relationship has been
explored by many researchers in different settings (for a detailed review, please see Kaul
and Wittink, 1995).

Two theories are used to explain the effects of advertising on price elasticity. The first
theory, the market power theory of advertising, postulates that advertising reduces price
elasticity primarily by increasing brand loyalty (Comanor and Wilson, 1979). The second
theory, the information theory of advertising, contends that advertising increases price elas-
ticity by exposing consumers to information about alternative brands (Nelson, 1974, 1975).

A number of marketing studies on the effects of advertising on price sensitivity are sum-
marized in Table 1. Our interest is in the generalizability of the results in these studies to
the retailing context of our study. We highlight certain key aspects of these studies that may
be relevant to our context.

From Table 1, we can see that some studies support the market power theory, while oth-
ers are consistent with the information theory. Although it appears that the effect of price
advertising on price sensitivity may support information theory and that of nonprice adver-
tising may support market power theory (Kaul and Wittink, 1995), this does not explain the
results of Prasad and Ring (1976) and Eskin and Baron (1977), who found the effect of non-
price advertising to support the information theory. It is difficult to draw a general conclu-
sion from the studies because of several significant differences among the studies. First, the
dependent variable is different in nearly every study. Second, the price measure also varies
across the studies. For example, although Krishnamurthi and Raj (1985), Prasad and Ring
(1976), and Wittink (1977) use relative price as the price measure, it is operationalized dif-
ferently in their studies. Third, the level of data aggregation is different across the studies,
varying from household level data as in Kanetkar, Weinberg and Weiss (1992) and Krish-
namurthi and Raj (1985), to store level data as in Eskin and Baron (1977), and territory



TABLE 1
Effect of Advertising on Price Sensitivity
Dependent Product Type of
Authors Variable Experiment Category Adverlising Results Explanation
Prasad & Ring ~ Weekly panel Yes; TV advertising; Crocery, Non-price; Price sensitivity higher in  Supponts
(1976) market share experimental & control  food item product class TV high advertising “information
panel advertising condition than low theory”
advertising
Lambin (1976)  Brand price No; data on European  Variety of consumer TV, radio and Rrands with high Supports
elasticity markets packaged goods newspaper advertising intensitics “market power
advertising have low price elasticitics  theory”
Eskin & Baron Monthly unit retail  Yes; storc-level; price 3 food, 1 non-food; all Non-price; Negative advertising Supports
1977) sales and advertising changed new products attribute price interaction “information
oriented TV adv. theory”
Wittink Brand price No; data from sales Unspecified; major Unspecified but  Price elasticity higher in  Supports
(1977) elasticity territories frequently purchased TV advertising tesritories with high “information
national brand advertising levels theory”
Sawyer et al. Product choice Lab experiment; 5 price  Maple syrup Non-price Higher purchase prob. at  Supports “market
(1979) levels; with or without information high price levels when power theory”
product information information is provided
Gatignon Price sensitivity Noj; data on airline Air travel Unspecified; TV Price sensitivity higher Supports
(1984) routes and print under high adv. levels and  “information
advertising high comp. reactions theory”
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Krishnamurthi &
Raj (1985)

Popkowski &
Rao (1990}

Kanetkar et al.
(1992)

Mitra & Lynch
(1995)

Kalra &
Goodstein {1995)

Household weekly
purchase

Brand price
elasticity

Household brand
choice

Price elasticity

Price sensitivity

Yes; split cable TV
advertising experiment;
experimental and
control groups

No; supermarket data

No; single source
Nielsen scanner data

Yes: lab experiments

Yes; 3 types; value,
celebrity, comparative

Unspecified; dominant
established brand in
frequently purchased

category

Unspecified; mature
cansumer packaged good

Aluminum foil, dry dog

food

Candy bars

High involvement
categories

Non-price mood
oriented TV
advertising

Local and national
advertising; print
and 1V
Unspecified TV
advertising

Unspecified

Print

Price elasticity

unchanged in ctl. pancl,

decreased when

advertising was increased

in exp. panel

Local advertising increases
price elasticity; national

adv. decreases it

Higher choice price

sensitivity with increased
advertising exposures

Advertising incrcases
price elasticity in memory

based environment;

decreases clasticity in

stimulus bascd
environment

Value advertising

increases brand pricc

sensitivity; uniquc
attribute and

differentiation advertising
lower price sensitivity

Supports “market
power theory”

Suppotts both
theories

Supports
“information
theory”

Supports both
theories

Supports both
theories
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level data as in Wittink (1977). Fourth, six of the eleven studies summarized in the table
use experimental data, whereas the others use archival data. Fifth, the type of advertising is
different in different studies, e.g., TV vs. print, national vs. local, and price vs. nonprice.
Sixth, all the studies investigated established products except for Eskin and Baron (1977)
who studied new products. Some of these differences could have contributed to the support
for both the theories on advertising-price sensitivity relationship.

Some studies attempt to reconcile both the theories (Gatignon, 1984; Kalra and Good-
stein, 1995; Mitra and Lynch, 1995; Popkowski and Rao, 1990). Gatignon (1984) suggests
that the relationship between advertising and price elasticity may be moderated by compet-
itive reactions in the market. Kalra and Goodstein (1995) show that the advertising-price
sensitivity relationship depends on brand positioning strategies.

Mitra and Lynch (1995) suggest that the effect of advertising on price sensitivity is medi-
ated by two constructs, namely, size of the consideration set and relative strength of pref-
erence. If advertising increases (decreases) the consideration set size it may Jead to a higher
(lower) price sensitivity. At the same timne, advertising could increase the relative strength
of preference for the brand, resuiting in a lower price sensitivity. The observed result of the
impact of advertising on price sensitivity would thus be a net result of the effects of these
two mediating constructs.

Popkowski and Rao (1990) find that local advertising increases price elasticity whereas
national advertising decreases it. Local advertising is typically price oriented advertising
whereas national or manufacturer advertising is typically nonprice advertising.

Our study shares the following operational details with some of the studies in Table 1: it
focuses on the retail environment as in Eskin and Baron (1977), examines feature advertis-
ing in newspapers and display adventising in stores as in Popkowski and Rao (1990), eval-
uates price elasticity of a leading brand as in Krishnamurthi and Raj (1985), and follows
the multistage modeling approach first adopted by Wittink (1977). Our study, however,
does not consider manufacturer advertising because our focus is on retailer decisions and
because our data are at the retailer level.

CONCEPTUAL DEVELOPMENT AND HYPOTHESES

We now examine the relationship between price elasticity and retailer tactical variables
such as feature advertising, display and price cut, and the link between price elasticity and
a retailer strategic variable such as pricing policy.

Price Elasticity and Retailer Promotional Variables

Consider first, the relationship between price sensitivity and feature advertising and dis-
play. The results from studies relating feature advertising and display to price sensitivity
are mixed. Some studies support the information theory, while the others are consistent
with the market power theory.
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In an extensive study of four product categories, Bolton (1989a) examined the promo-
tional price elasticity of a brand as a function of the frequency with which the brand and its
category were featured and were on display. She found that brands with high category fea-
ture frequency had a higher price elasticity than those with low category frequency, sup-
porting the information theory for the impact of category feature activity. Interestingly,
brand feature advertising activity did not have any significant effect on price elasticity. In
contrast, display frequency (category and brand) had the oppeosite effect on price elasticity,
consistent with the market power theory, although at a lower statistical significance level
than category feature frequency. An explanation for the opposite effects of feature and dis-
play may lie in the differential nature of exposure to feature and display. Frequent exposure
to category feature advertising (which is typically local in scope) occurs at home, and such
advertising can induce consumers to compare prices of brands within the category and
increase their price sensitivity, consistent with the findings of Popkowski and Rao (1990).
In contrast, repeated exposure to displays which occurs in the store, may influence consum-
ers to focus more on the displayed brand, lowering their price sensitivity.'

Bucklin and Lattin (1991) and Lattin and Bucklin (1989) found a positive interaction
between price and promotion (defined as feature advertising or display) while studying
markets for crackers and ground coffee respectively. This interaction implies that the effect
of price is less substantial in the presence of feature or display, i.e., feature or display tends
to be associated with lower price elasticity. Allenby and Ginter (1995), in an analysis of
canned tuna, also found that brand level in-store display and feature activities serve to
decrease household price sensitivity. These results support market power theory, which dif-
fers from Bolton's (1989a) findings with regard to the influence of category feature on price
sensitivity,

Three possible explanations can be offered for the different findings. They are based on
(1) level of feature activity (category or brand); (2) the treatment of the feature advertising
and the display variables; and (3) the type of price elasticity analyzed. First, Bolton’s
(1989a) result is based on category feature activity, whereas the results of the other studies
are based on brand feature activity. Category feature activity will likely induce more price
comparison than brand feature activity. Second, Bolton (1989a) treated feature and display
separately, whereas both Bucklin and Lattin (1991) and Lattin and Bucklin (1989) com-
bined the two into a single variable. The use of a combined variable would reflect the net
impact of both feature and display which could be positive or negative depending on the
separate influences of feature and display. Third, Bolton (1989a) studied quantity elasticity,
while Allenby and Ginter (1995), Bucklin and Lattin (1991), and Lattin and Bucklin (1989)
examined choice elasticity. There is empirical evidence to show that the direction of change
in these two types of elasticities may not be the same (Krishnamurthi and Raj, 1988).

These studies used actual/promoted price as the price measure, and did not treat the
effects of regular price and price cut separately. This failure to separate regular price and
price cut effects on sales response may have confounded the impact of price and promotion
in the existing literature. There are strong theoretical reasons to expect consumers to behave
differently to changes in regular price and price cuts, that underscore the need to separate
the effects of regular price and price cuts (Blattberg and Neslin, 1989). First, changes in

regular price typically lasts for a longer period of time than temporary price cuts. This dif-
ference implies different consumer transactional utilities for price cuts vis-a-vis regular
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price changes. Second, consumers may stockpile on price cuts/deals, but not on regular
price reduction because price cuts last for a much shorter duration than regular price reduc-
tion. Third, a change in regular price, may not be signaled, but may have to be inferred by
consumers, unlike a price cut which could be accompanied by feature advertising and/or
display. Therefore, there is less anticipatory consumer response to regular price changes,
unlike the case of price cuts. Furthermore, several price-promotion models include regular
price and price cut as separate independent variables (Blattberg and George, 1991;
Guadagni and Little, 1983). Therefore, it is important to separate the effects of regular price
and price cut on brand sales in studying variation in price sensitivity.

We study quantity elasticity, operationalize feature and display separately, separate the
effects of changes in regular price from that of price cuts, and focus our investigation on
the variation of regular price elasticity. In 2 managerial sense, regular price elasticity can
be viewed as the long-run price elasticity, whereas price cut/deal elasticity can be regarded
as the short-term price elasticity. Promotional price elasticity includes the effect of price
cuts, which are temporary, and, is therefore, more representative of short-run price elastic-
ity. From a managerial standpoint, regular price elasticity is a better indicator of the long
term strength of the brand than either price cut or promotional price elasticity.

The relationship between feature or display and regular price elasticity could be
explained in terms of whether they highlight brand salience or price salience. If feature and
display increase brand salience more than price salience, they tend to differentiate the brand
from the restof the brands in the category. By increasing the salience of the brand, feature
and display may serve to increase the relative preference of the brand over other brands.
Increased relative preference of the brand will likely lead to a lower regular price elasticity
(Mitra and Lynch, 1995).

If feature and display increase brand salience, they could also reduce the consideration
set or the number of alternatives that consumers are likely to process. Typically, consumers
choose brands based either on their memory or on marketing stimuli or both. Mitra and
Lynch (1995) argue that information from stimuli such as feature and display strongly con-
trol the size of the consideration set in a stimulus-based environment such as that for con-
sumer packaged goods. When feature and display increase brand salience, the
consideration set size is reduced. A decrease in consideration set size will, in turn, reduce
price comparisons of the featured and displayed brand with other brands in the category,
resulting in a lower regular price elasticity for the displayed and featured brand, consistent
with market power theory.

Essentially, by serving as credible signals of brand differentiation and of reduction in
consideration set size, higher levels of feature and display may obviate the need for the con-
sumer to compare brand priccs.2 By decreasing the price comparisons they make, consum-
ers are more likely to choose the highlighted brand, resulting in a lower regular price
elasticity for the brand.

On the other hand, if feature and display increase price salience more than brand salience,
they tend to induce the consumers to compare prices of different brands within the cate-
gory. Frequent price comparisons could heighten consumers’ sensitivity to prices. Conse-
quently, onc would expect a higher regular price elasticity to be associated with higher
levels of feature and display, consistent with information theory.
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Brand feature and display could increase brand or price salience depending on the level
of consumer involvement in the category. The signaling power of brand feature and dis-
play in differentiating the brand and in making it more salient, may be particularly high in
relatively low involvement product categories (Allenby and Ginter, 1995). In such catego-
ries, increased levels of brand feature and display may serve to reduce cognitive efforts
involved in brand choice. This enables the featured and displayed brand to be perceived as
differentiated from the rest of the brands, leading to a lower regular price elasticity. Con-
versely, brand feature and display may serve to increase regular price elasticity in high
involvement categories.

Summarizing from the above discussion. we can formulate the following hypothesis.

H1: Low involvement brands at stores with higher incidence of feature and
display are expected 1o have lower regular price elasticiry, regardless
of whether they are EDLP stores or HLP stores, all else equal.

For high involvement brands, on the other hand, the predicted relationship in H1 will
likely be in the opposite direction.

Consider next the relationship between regular price elasticity and the average depth of
price cut in the store. This relationship is important from a retailer’s standpoint because
average depth of price cut may have an important bearing on the timing of consumer pur-
chases. If a store offers deep price cuts on average, its customers may stockpile or acceler-
ate their purchases by buying primarily when there are deep price cuts. Over a period of
time, they may become conditioned to expect deep price cuts, and buy predominantly when
such price cuts are offered. Frequent or deep price cuts may also result in a lower reference
price for the brand (Blattberg and Neslin, 1989). Because regular price is closely related 10
consumer reference price, this situation implies a lower perceived regular price. Conse-
quently, consumers may tend not to respond much when regular price is actually reduced.
This reasoning suggests that stores with deeper average level of price cut are likely to
exhibit lower regular price elasticities. As in the case of H1, we expect this to be the case,
regardless of the pricing policy of the store. This leads us to the following hypothesis.

H2: Brands at stores with higher average depth of price cut are expected

to have lower regular price elasticity, regardless of whether they are
EDLP or HLP stores, all else equal.

Price Elasticity and Retailer Pricing Policy

The relationship between regular price elasticity and retailer pricing policy can be pre-
dicted on the basis of consumer self-selection.

Consumer Self-Selection of Stores

A store’s pricing strategy serves to draw a certain type of customer to that store. Different
stores have different customer profiles. Heterogeneity exists not only in consumer demo-
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graphics, but also in consumers’ response to a strategic marketing variable such as the pric-
ing policy of a store or chain. A price conscious consumer will likely choose an EDLP store
over an HLP store because he/she can be relatively certain that, on average, he/she will find
lower prices for a basket of items. It has been documented that the incidence of regular price
of a brand at an EDLP store being equal to or greater than that in an HLP store is very rare
(regular prices in EDLP stores were on average about 11% below those in HLP stores; see
Hoch, Dreze and Purk, 1994). Although the actual price for any one item at an EDLP store
may not be tower than that for a corresponding item at an HLP store in any given week, the
effective price for a basket of items at an EDLP store is likely to be lower than that at an
HLP store, if one were to include search costs of locating the store with the lowest actual
price for each item in the consumer’s shopping basket. One would expect the search cost
of identifying stores with the lowest actual price for each item in the consumer’s basket to
be high, especially for time sensitive consumers.> Since an EDLP store offers the assurance
of lower average regular prices on a basket of items, price sensitive consumers can hedge
their search costs by leaning more toward purchase in an EDLP store. Thus, an EDLP store
is most likely to draw consumers with high regular price sensitivity. In contrast, HLP stores
will likely appeal to consumers who respond more to price cuts than they do to changes in
regular price.
These arguments are summarized by the following hypothesis.

H3: Regular price elasticity is expected to be higher for brands in EDLP
stores than in HLP stores, all else equal.

DATA

We test the hypotheses using store level data from A.C. Nielsen for a leading brand-size of
mouthwash, a relatively low involvement supermarket product category, for a single met-
ropolitan market. The dataset represents a maximum of 104 weekly observations per store
on store-level variables such as sales, regular price,* and promotional variables such as
price cut, feature, and display. Price cut, also known as temporary price reduction, is the
difference between regular price and actual price for a given week. Regular price, actual
price, and price cut are available directly from the data.

The brand-size selected for investigation was the most widely sold brand-size across all
stores and chains. Other brand-sizes were not sold in a significant number of stores in the
market. Furthermore, among all the brand-sizes in the category, the selected brand-size also
had the highest variability in regular price and promotional variables that could permit a
detailed analysis of regular price variation. Therefore, the leading brand-size was chosen
for analysis. Among twelve chains that the product category was sold in, two chains col-
lectively generated about 70% of the unit sales for the brand-size. Other chains were made
up of only two to four stores. Therefore, only the top two chains were chosen for further
analysis. Chain 1 comprised 20 stores and chain 2 was composed of 18 stores.

Chain 1 was classified as an EDLP chain and chain 2 an HLP chain by the data provider
based on knowledge of these chains in that metro market. To verify this notion for the prod-
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uct category analyzed by us, we computed the means and the variances of regular price and
price cut of the selected brand-size for each store within each chain and compared the two
chains. Our analysis of the two chains provides two important results, supporting the notion
that chain 1 is indeed more of an EDLP chain and chain 2 is more of an HLP chain. First,
the mean of the average regular prices of stores in chain 1 (304.9) is significantly lower
(p <0.01) than that in chain 2 (322.9). This is consistent with the finding reported in Hoch
et al. (1994, p. 17) that EDLP store prices are, on average, lower than HLP store prices on
an everyday basis.

Second, chain 1 is characterized by higher variance in regular prices relative to the vari-
ance in price cuts, when compared to chain 2. This is consistent with one’s expectation that
an EDLP store will have a greater variation in its regular price compared to an HLP store,
which tends to have a more stable regular price, but has greater variation in price cuts. A
summary of the means and standard deviations of regular price and price cut variables, and
the ratio of the standard deviation of price cut to that of regular price (relative standard devi-
ation) is provided in Table 2. The relative standard deviation is less than one for most stores
in chain 1. In chain 2, on the other hand, it is greater than one for all stores, and is greater
than two in most stores.

Stores in chain 1 offer promotions in the form of price cut, feature, and display.
Although this observation may run counter to the popular belief that EDLP stores do not
offer promotions, it supports Hoch et al. (1994)’s assertion that EDLP is best seen as a
continuum. Hoch et al. (1994, p. 17) argue “that a pure EDLP strategy characterized by
constant prices (no temporary price cuts) is apparently not pursued widely in practice.
Even Food Lion, an acknowledged EDLP limited assortment chain with over 1000 outlets,
offers hundreds of temporary price reductions each week.” Therefore, we conclude that
chain 1 is more of an EDLP chain, whereas chain 2 is more of an HLP chain in the pricing
policy continuum.

Feature and display levels varied across the stores in chain 1, suggesting that some stores
make independent promotional decisions, consistent with the practice of zone promotions
found in many chains (see Blattberg and George, 1991). In contrast, the feature levels did
not vary as much across the stores in chain 2 as in chain 1. There were no incidence of dis-
plays in the stores in chain 2. The relative levels of display are consistent with the finding

of Information Resources, Inc. (IR1)'s report (1993) that EDLP stores use displays more
often than HLP stores.

MODEL FORMULATION

To test the hypotheses, we develop the models in three stages. First, we estimate regular
price elasticity for each store using an appropriate sales responsc model. Second, we for-
mulate a model relating regular price elasticity with retailer level strategic and tactical vari-
ables across stores within each chain. Third, we develop a similar model linking regular
price elasticity across chains.

For the sales response model, we selected unit sales as the dependent variable and regular
price (which is the focal variable), price cut, feature, display, highest competitive price cut,



TABLE 2

Means and Variances of Regular Price and Price Cut

Mean Regular Price D Meance Price Cut SD Relative
(cents) Regular Price (cents) Price Cut S0
Chain ~ Min  Max  Mean Min  Max  Mean  Min Max  Mean  Min  Max  Mean  Min Max  Mean
1 3011 3224 3049 120 14.4 1341 9.9 201 12,6 6.7 169 9.7 0.6 1.2 0.8
2 3141 3405 3229 6.4 19.2 9.2 9.3 318 231 16.3 30.2 231 1.2 4.2 2.8
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and lagged dependent variable, as the explanatory variables. Unit sales is most commonly
used in sales response models for store level scanner data (Blattberg and George, 1991).
Market share does not appear to be an appropriate choice for the dependent variable when
weekly data are used because of the dramatic expansion and contraction of category vol-
ume due to promotions. The operationalization of regular price and promotional variables
is consistent with the operationalizations used by Guadagni and Little (1983), Gupta
(1988), and Neslin, Henderson and Quelch (1985).

To model the response function, a mixed double-log model was selected. The model is
double-log with respect to regular price, price cut, and competitive price cut. It is semi-log
with respect to the indicator variables such as feature, display and feature and display
together. Although alternative models such as linear and semi-log models were also tried,
the mixed double-log model was selected because: (1) regular price elasticity is directly
provided by the estimated parameters, consistent with a well accepted behavioral explana-
tion that consumers respond to percentage changes in price; (2) it provided better fits in
terms of lowest suin of squared error for a greater number of stores; and (3) overstatement
of elasticity estimates if any, is lowest for the double-log form when compared to linear and
semi-log forms (Bolton, 1989b).

Thus, the following model is used for the sales response function for each store in the
first stage of analysis.

LS,-j, = BOij"’ B“jLPRU, + ﬁZijLPCRijl + BWFT,.].I + B“jDP,-j,-r BSUFTDPU:
+ﬁOijLCPCU,+B7ijLSU“_”+e‘.j, H

where i = 1. 2, ... n; denotes the store, j = 1, 2 the chain, 1 the week of observation, and

LS;;, = Logarithm of unit sales
LPR;;, = Logarithm of regular price in cents
LPCRy;; = Logarithm of price cut ratio
=log (I + PCR;;)
PCR;;, = (Price Cut/Regular Price)
FT;;, = Presence or absence of feature advertising only
= 0 (absence)
= 1 (presence)
DP;, = Presence or absence of display only
= 0 (absence)
= 1 (presence)
FTDPy, = Presence or absence of display and feature together
= 0 (absence)
=1 (presence)
LCPCjj, = Logarithm of highest price cut ratio of competitive brands
=log (1 + CPCy)
CPC, = Highest price cut ratio among competitive brand-sizes
Boi; = Intercept term
B1;j = Regular price elasticity of the brand in store i, chain j
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Baijs-- - B4y = Coefficients of other variables in store i, chain
&;;; = Stochastic disturbance term assumed to be independent and identically dis-
tributed normal with mean 0 and variance 025,1

The effect of price cut is captured through the price cut ratio variable (1 + PCR;;)). We
use this variable, and not magnitude of price cut, because of the following reasons. The
price cut ratio variable (PCR;;) captures consumer behavior better than the magnitude of
price cut since consumers typically respond more to price cuts relative to the original price,
than they do to the absolute magnitude of price reductions. For example, a price cut of 20
cents on product A with a regular price of $1 is more attractive than a price reduction of 30
cents on product B with a regular price of $3, although the price cut on product A is less
than that on product B in magnitude. We modify the price cut ratio by adding one to it to
mitigate the problem that may arise in estimation of a double log model when price cut ratio
is zero. Our operationalization of price cut is consistent with that used by Blattberg and
Wisnewski (1988).

The competitive promotional effect is captured through the variable LCPCy,. This oper-
ationalization recognizes that the competitive brand-size with the highest price cut ratio
(CPCj;) during any given week should have the maximum competitive impact on the
brand-size studied.® The modified competitive price cut is consistent with the operational-
ization of own price cut ratio.

In addition to having feature and display as independent variables, an interaction variable
was also chosen consistent with prior studies. Since display is an in-store promotional vehi-
cle for the brand, the joint effect of display and feature should serve as a reinforcement for
those consumers already exposed to the feature advertisement, thereby increasing their
likelihood of purchase. We operationalize display, feature, and the joint effect of feature
and display as three separate variables representing display only, feature only, and feature
and display together,

The lagged dependent variable LS;;, ;) is included to capture the dynamics of sales
response and to eliminate residual serial correlation (see Blattberg and George, 1991).

In the second stage of analysis, we formulate a process function model to explain varia-
tion in price elasticity across stores within a chain. The regular price elasticity becomes the
dependent variable in this stage of analysis. The possible factors influencing cross-sec-
tional variability in price elasticity include marketing variables, consumer characteristics
and environmental variables (Wittink, 1977). Because we want to relate retailer promo-
tional variables to regular price elasticity and we do not have data on consumer character-
istics or environmental variables, we choose the following variables as the independent
variables for this stage of analysis: average depth of price cut, and proportions of incidence
of feature advertising only, display only, and feature and display together.

The following process model is formulated separately at the chain level.

Blij = YO] + 'Y]}MPCU + ‘YZ_]PP‘TU + 'Y31PDPU + Y4JP}:TDPU + uj; )

Notice that we have included an error term u;; in Equation 2 to allow for unexplained cross-
sectional variation in f3,;;. Regular price elasticity estimated from Equation 1 is given by:
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an-'-an‘“m:j &)
From Equations 2 and 3, we get:
Biy = Yo+ 1MPCyj + Y2PFT; + Yy;PDP;j + Y,PFTDP;; + ¢; 4)
where B, ;7 is the estimated regular price elasticity for store ¢ in chain /, and

MPC;; = Mean price cut in cents
PFT; = Proportion of weeks with feature advertising only
PDP;; = Proportion of weeks with display only
PFTDP;; = Proportion of weeks with both display and feature
Y- --- Ya; = Coefficients of the above variables
Yo, = Intercept term
e;; = Mixed heteroscedastic error consnstmg of a homoscedastic error ; i i.i.d. nor-
mal with mean 0 and variance 0 and a heteroscedastic error w;; from the
estimated B ; with variance cm,]

To examine the significance of the effect of retail pricing policy on price elasticity, we
use a final stage model in which the estimated regular price elasticity is pooled for all stores
across chains. In the final stage, we express estimated regular price elasticity of each store
as a linear function of the mean levels of the promotional variables as in the second stage.
In addition, we make the intercept and the coefficients of the mean level of promotional
variables a linear function of a chain dummy variable, to reflect the impact of the type of
pricing policy (EDLP or HLP) on regular price elasticity with chain 1 as the base model.
The process model for the final stage is as follows:

Biy = 8+ 8,MPC;+ 8,PFT, + §;PDP;; + 8,PFTDP;j+ v, 5)
where:
8A = 8“+5k2-DUM. k= 0, ,4 (6)

DUM = Dummy variable for chain 2
= | (for chain 2 stores)
= 0 (otherwise)
8py.» Oy = Intercept term and incremental intercept for chain 2
8y). ... 843 = Coefficients of the explanatory variables
v;j = Error with the same properties as e;;, but with different variance

ESTIMATION AND RESULTS

Estimation

We estimate the models in three stages. First, we estimate regular price elasticity in the
sales response Model 1. Second, we estimate Model 4, and finally Model 5. We estimate
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the models in multiple stages rather than in a single stage to account for the mixed het-
eroscedasticity in the error terms of Models 4 and 6, consistent with the approach of Wit-
tink (1977). In the second and final stage models, the estimate of regular price elasticity
obtained from the first stage serves as the dependent variable. This variable is subject to a
mixed heteroscedastic error (a combination of homoscedastic and heteroscedastic compo-
nents) and the estimation procedure should capture this stochastic uncertainty. It can be
shown that Ordinary Least Squares (OLS) estimates for the second and final stage models
will not be efficient, although they will still be unbiased. By using information about the
estimated variance of the sampling error (w;;) in the dependent variable from Equation 3, it
is possible to obtain more efficient parameter estimates than those of OLS, using a multi-
step estimation process (Hanushek, 1974). Because the homoscedastic error (u;;) from
Equation 2, unlike the error (®;;) in Equation 3, is unknown and cannot be directly esti-
mated, we cannot efficiently estimate the regular price elasticity (B,) in a single stage, with-
out making restrictive assumptions on the estimates of the error component u;. We,
therefore, use the multi-stage analysis to estimate the second stage and final stage process
models (for details, see Hahn, Park, Krishnamurthi and Zoltner, 1994; Wittink, 1977).

We estimate the first stage model for each store using OLS. We examined the correlation
matrix of independent variables for each store to check for any problems of multicollinear-
ity. There were only three instances of high correlation (above 0.6) among the independent
variables in Equation 1. Therefore, the correlations were not seriously high enough to war-
rant further analysis of multicollinearity.

Results

The results of the first stage of analysis are provided in Table 3. Table 3 shows the esti-
mated regular price elasticities for different stores classified under their respective chains,
together with the response coefficients of the promotional variables.

The first stage model fits the data well for most stores in chain 1 (17 out of 20 stores have
R? of 0.5 and above). The signs of regular price elasticity and own promotional variables,
where significant, are also intuitive. Regular price is significant in 90% of the stores in
chain 1 (18 out of 20). Price cut is significant in 75% of the stores (15 out of 20). Feature
advertising only is significant in 25% of the stores and display only is significant in 45% of
the stores. On the other hand, the joint effect of feature and display is significant in all
stores, where present. A major reason for this finding is that the average frequency of fea-
ture and display together is greater than the average frequency of either feature only or dis-
play only in chain 1. Competitive price cut is insignificant in all but one of the stores.
Lagged dependent variable is significant only in 20% of the stores. Analysis of Durbin A-
statistic for test of serial correlation in the presence of a lagged dependent variable
(Johnston, 1984, p. 318) showed that serial correlation is not a serious problem in the data.’

The results of the first stage model for chain 2 are broadly similar to those for chain 1.
Regular price is negative and significant in 94% of the stores (17 out of 18), price cut is
significant in 83% of the stores (15 out of 18), feature advertising only is significant in 17%
of the stores (3 out of 18), and competitive price cut is significant in only one store. The
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TABLE 3
Summary of Estimated Slope Parameters for Store-Level Models
feature Competitive Lagged Number
Regular  Price Feature  Display and Price  Dependent of
Store  Price Cut Only Only  Display Cut Variable  RZ Weeks*
Chain 1 (EDLP)
1 -424" 1200 0.0 0.13 1.39" -0.24 025" 062 104
2 -5.10" 0.4 0.30 031" 143" -0.31 031" 060 104
3 -345" 143" 057" 061 1.74° 0.21 —0.00 0.75 82
4 -405" 099 0.00 032 144 -6.21 003 0.67 104
5  -624" 018 0.84" — —_ 0.22 031" 0.54 66
6 -7.93" 187" -001 048" 119" 0.49 -0.05 0.77 103
7 -340"° 197" 0.29 0.09 175" 0.23 0.08 0.68 104
8 -526"" 153 0.56"° 0.11 1.51°" 057 0.15 0.52 104
9  -1.03 1847 -0.08 0.43 1.61"" 0.70 0.02 0.60 104
10 -645" 0917 0.00 039" 1297 -0.05 0.01 0.76 104
n 546" 151" 0.23 048" 159 0.44 0.05 0.70 104
12 -3.20"  0.39 058"  0.09 0.87"" -0.10 044" 051 104
13 -5.82" 144" 023 009 0.95"° -0.44 0.10 0.67 104
14 -694" 101 081" 035" 145" 0.43 0.07 0.46 104
15 -6.10" 277" o048 027 1.20" 0.28 0.17 0.48 90
16 -1.26 1.73" 0.02 0.28° 130" -0.03 -0.05 0.51 104
17 -6.49" 1547 0.30 046" 1117 -0.46 0.17 053 104
18 —4.54" 086 -0.07 0.15 1.28" -0.37 0.14 0.65 104
19 -3.71" 170" 0.24 0.39° 1107 0.44 -0.05 0.47 93
20 -581"7 167" -0.05 0.23" 0.92°° -0.73" 0.12 0.70 104
Chain 2 (HLP)
1 -359" 137 0.31 —_ — -0.35 028" 054 104
2 -3.76"  3.40” - — — 0.77 0.02 0.36 92
3 -5.157 249 021 — - 0.05 023" 076 104
4 -445" 1717 0.32 - — —0.67 -0.07 0.28 103
5 -2.15:' 3.83" 0.01 - —_ 0.62 0.08 0.45 104
6 =359 4177 —_ - — 0.73 032" 046 103
7 -418" 292" 001 —_ _ -0.05 023" 046 104
8 ~469" 290" 0.20 — - 0.41 0.06 0.60 104
9 -4.05_ 51177 —0.41 — — -1.15 0.05 0.32 58
10 -1.00 1.46 0.62"" — — 0.25 036" 0.50 104
1 -513"7 323”7 012 — —_ -0.06 0.08 0.58 104
12 -7.83"" 293”7 — — — -0.51 019"  0.60 30
13 -3.25" 177" 0.30 — — -0.21 023" 0.63 104
14 -—8.37:' 419" -0.09 — - 0.72 0.09 053 89
15 -3.77.: 3.06™ 0.10 — — 0.26 035" 061 104
16 -354° 308" 010 — - -0.05 0.10 0.54 104
17 -085 163 0.55"" — — 0.11 040" 053 104
18 -1.62 1.43 0.55 — - 105 016 031 100

Notes: :§ignifiam at 0.05 level.
Significant at 0.01 level.
— Indicates absence of the variable.

# Stores with aumbcer of weeks less than 104 either did not stock the brand during cortain weeks, or were not
included in the data.
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differences are that the fit of the models in chain 2 are worse than in chain | with only 11
out of 18 stores having an R? of 0.5 and above. The lagged dependent variable is significant
in a greater number of stores (50% vs. 20%). Unlike chain 1, where feature and display
together had a significant positive effect on sales, in chain 2, there were no instances of the
brand being featured and displayed together. The key differences are that the average price
cut {deal) response parameter is about twice as large in the HLP chain 2 than in the EDLP
chain 1(2.72 vs. 1.33) and the average magnitude of the regular price elasticity is lower in
the HLP chain 2 than in the EDLP chain 1 (3.94 vs. 4.83).

Before proceeding with the second and final stages of regression analysis, we tested for
homogeneity of regular price elasticity across the stores using the Chow test (Chow, 1960).
The null hypothesis that regular price elasticity is equal across the stores was rejected sep-
arately in chain 1 (p <0.001) and in chain 2 (p <0.001). We, therefore, concluded that the
regular price elasticity is indeed different across stores within each chain.

The significance and signs of the parameters in Models 4, 5 and 6 are of central interest
to us in testing the hypotheses. To test H1, we exarnine the parameters of feature only, dis-
play only, and feature and display in the process models for chains 1 and 2, and in the final
stage model, as appropriate. To test H2, we check the parameter for mean price cut in the
second stage and the final stage models. Finally, to test H3, we examine the incremental
intercept parameter in the final stage model.

Table 4 shows the results of the estimated process model for chain !. From table 4, we
observe that feature and display together is a significant determinant of regular price elas-
ticity (p < 0.01). Feature advertising only is also significant, although at a lower signifi-
cance level (p < 0.05). Display only, however, is not significant. The results imply that
higher levels of feature and display together and feature alone are associated with a lower
regular price elasticity. Because mouthwash is a relatively low involvement product cate-

TaBLE 4

Second Stage Process Model of Regular Price Elasticity? in Chain 1
(Adjusted R? = 0.47; RMSE = 4.71; df = 15)

Parameter Value (Std. Ecror)
intercept {ygy) 252"
6.39)
Price cut parameter (y,¢) -0.20
(0.18)
Feature only parameter (yn)b -223.71"
{110.75)
Display only parameter (y3,} 14.36
(15.36)
Feature and Display parameter (y4,) ~215.18""
(63.10)
Notes: a. For ease of interpretation, the dependent variable in the second stage regression is the absolute value of the
regular pricc elasticity.
b, l': may be noted that feature only. display only and feature and display together arc measured in proportion of
wWeeks.

** Significant at 0.01 level.
* Significant at 0.05 levet.
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gory, our result supports H1. With respect to H2, depth of price cut is not a significant
determinant of regular price elasticity. Thus, H2 is not supported for chain 1.

No store in chain 2 had any instance of display only or display and feature together during
the period of data. Therefore, H1 could only be partially tested (for the relationship of reg-
ular price elasticity with feature only). The absence of these variables and the lack of ade-
quate variance in the other two promotional variables, viz., price cut and feature
advertising, across stores within chain 2 resulted in the process model for chain 2 1o be
insignificant. This precluded explanation of variation in regular price elasticity for chain 2.
Thus, both H1 and H2 are not supported for chain 2.

To test H3, the third stage regression was done by pooling the stores under chains | and
2 after including an incremental intercept and incremental parameters for the promotional
variables as shown in Equation 6.3 Incremental parameters were not included for display
only and feature and display together because these variables were absent in chain 2.
Results of the third stage are shown in Table 5. The incremental intercept of chain 2 is neg-
ative (—19.83) and significant (p < 0.05), indicating that stores in chain 2 (an HLP chain)
tend to have lower regular price elasticities on average than stores in chain ! (an EDLP
chain), all else equal, supporting H3°

The results in Table 5 also support the results from the second stage models. Neither price
cut nor display only is a significant determinant of regular price elasticity, as in the second
stage model. Although the feature only parameter for chain 1 is negative (—202.51) and sig-
nificant (p < 0.05), the incremental feature only parameter for chain 2 is positive (243.14)

TABLE 5
Final Stage Process Model of Regular Price Elasticity?
(Adjusted R? = 0.57; RMSE = 3.83; df = 30)
Parameter Value (Std. Error)
Intercept (8q,) 24.32"
(7.01)
Price cut parameter (§,,) -0.18
(0.15)
Feature only parameter (8,,) -202.51°
(96.54)
Display only parameter (§3) 12.71
(13.24)
Feature and display parameter (5,) -204.41°
(58.07)
Incremental intercept of chain 2 {8y} -19.83°
(9.36)
Incremental price cut parameter of chain 2 (5,,) 0.05
0.1
Incremental feature only parameter of chain 2 (5,,) 243.147
(110.89)

Notes: a. Again, as in Table 3, for ease of interpretation, the absolute magnitude of the regular price elasticity is used as
the dependent variable.
** Significant at 0.01 level.
* Significant at 0.05 level.
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and significant (p < 0.05) indicating that higher incidence of feature advertising only is
related to a lower level of regular price elasticity, only in stores of chain 1. Similarly, the
coefficient of feature and display together is negative (—~204.41) and significant (p < 0.01),
consistent with the result of the second stage model.

DISCUSSION, MANAGERIAL IMPLICATIONS,
LIMITATIONS, AND FUTURE RESEARCH

The result on the joint effect of display and feature on regular price elasticity in EDLP
stores is consistent with H1 and the market power theory. This relationship, however, could
not be verified in the case of HLP stores.

The result on the effect of brand feature and display can be explained by the dominance
of brand salience over price salience as noted in section three. Frequent incidence of feature
and display of a brand serve to narrow the consideration set of the consumers and direct
their attention to the featured or displayed brand. Frequent incidence of feature and display
of a brand may indeed lead to an automatic inclusion of the brand in the consumer’s con-
sideration set, and to a lesser focus on its regular price. Over a period of time, brand feature
and display may serve more as a signal of differentiation of the brand from the rest of the
brands, rather than increase consumer attention to price. Reduced consideration set and
increased brand differentiation may help create a greater relative preference for the featured
and displayed brand, resulting in lower regular price elasticity (Mitra and Lynch, 1995).

Brand salience could also be high in cases where consumers use an elimination-by-
aspects model to choose their brands (Fader and McAlister, 1990). By eliminating certain
brands that are not featured or displayed, consumers reduce the size of their consideration
sets. Repeated exposares to featured and displayed brands may serve to restrict their con-
sideration set, lowering their price sensitivity.

While brand feature and display serve to decrease regular price elasticity, category fea-
ture and display, on the other hand, may have an opposite effect. Higher incidence of cate-
gory feature and display may serve to highlight multiple brands over different weeks. This
may lead to an increase in size of the consumer’s consideration set, making the consurmer
compare brands. Promotional activities such as feature and display can expand consider-
ation set to include displayed and featured brands (Siddarth, Bucklin and Morrison, 1995).
If multiple brands are featured or displayed over time, increased consideration set size
could contribute to an increase in regular price elasticity (Mitra and Lynch, 1995). This rea-
soning may explain why Bolton (1989a) found that category feature increased price sensi-
tivity, whereas she did not find the same for brand feature advertising.

Although average depth of price cut was hypothesized to be negatively related to regular
price elasticity, it did not turn out to be a significant determinant of regular price elasticity
for both types of stores. A possible reason is the lack of adequate variance in average depth
of price cut across stores within each chain. If a chain adopts price cuts that exhibit greater
variance across its different stores on a2 weekly basis, perhaps we can study the relationship
between price cut and regular price elasticity in greater detail.
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The results on the relationship between regular price elasticity and retailer pricing policy
are consistent with H3. An EDLP chain attracts more price sensitive consumers, contribut-
ing to the higher level of regular price elasticity in the chain. In contrast, an HLP chain
draws consumers who are not as price sensitive as those of the EDLP chain. Therefore, we
find lower regular price elasticities in HLP stores. On the other hand, based on the results
from the first stage model, HLP stores are likely to attract more deal-sensitive consumers,
some of whom may be “cherry pickers,” actively searching for the lowest actual prices in
several items on their shopping lists.

Our results have two interesting managerial implications. First, they can help managers
better allocate resources among the different promotional variables (price cuts vs. feature
and display) at the retail level. The relationship between regular price elasticity and feature
and display, and the link between regular price elasticity and average depth of price cuts
can enable a retailer fine tune her/his mix among promotional variables. A retailer could be
interested in maintaining a low regular price elasticity for most brands because of the ability
to extract price premiums that may improve her/his profitability in the long run. For the
brand analyzed in our study, if an EDLP retailer’s objective is to maintain a low regular
price elasticity, the results suggest that the retailer can achieve this by allocating more
expenditure to feature advertising and display than by allocating more to deeper price cuts.
In addition, the significant effect of feature and display together on regular price elasticity
suggests that a retailer may achieve a low regular price clasticity by running feature and
display together rather than by running them separately.

Second, the results also reflect manufacturers’ dependence on retaiiers who can influence
the price elasticity for manufacturers’ brands with their pricing policies. For instance, if the
manufacturer of the brand analyzed in the study seeks a lower regular price elasticity, she/
he can better achieve her/his objective through HLP retailers than EDLP retailers. The man-
ufacturer, however, may find higher response to price cuts in HLP stores. From the
retailer’s standpoint, on the other hand, an EDLP policy may not be optimal. For instance,
Hoch, Dreze and Purk (1994) found that an HLP strategy was more profitable for a retailer
than an EDLP strategy.

Methodologically, our study builds on the research of Bolton (1989a) and Wittink (1977)
in two ways. First, while Bolton (1989a) and Wittink's (1977) studies analyzed price elas-
ticity variation in two stages, we analyze regular price elasticity variation in three stages
that include a final stage at the chain level. Second, unlike Bolton’s (1989a) study of cross-
sectional variation of price elasticity across stores, we allow for mixed heteroscedastic
errors in the estimated regular price elasticities in the higher stages of regression analysis.

Our study has certain limitations which can be addressed by future research. First, due
to data limitations, our study focused on one brand-size in a single product category.
Another limitation in our data is the absence of display in the HLP chain. With additional
data, our study could be extended to multiple brands across multiple product categories
with greater variation in promotional variables. Second, our analysis has been confined to
variation in regular price elasticity. With additional promotional data, it would also be
interesting to understand the variation in promotional elasticities. Third, disaggregate con-
sumer panel data for the same set of stores and chains on which aggregate data are avail-
able, would enhance our understanding of consumer store choice and purchase behavior.
Fourth, we could relax our assumption that regular price and price cut decisions are exog-
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enous, adding to the complexity of analysis. Fifth, we have not addressed the issue of zone
pricing. A store located in a highly competitive geographical market may have a pricing
policy that is different from that of its parent chain. Hoch, Kim, Montgomery and Rossi
(1995) found that competitive characteristics were significant in the variation of price
elasticity. With availability of store location data, we can include zone pricing in our anal-
ysis of retail competition.
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NOTES

1. We thank an anonymous reviewer for this explanation.

2. We recognize that feature and display together could actually serve to heighten response to
price cuts because they may remind consumers to seck bargains.

3. We thank an anonymous reviewer for this explanation.

4. Regular price is the depromoted price (shelf price) that is made available in the Nielsen
dataset. According to the data provider, this measure of regular price is reliable and has been suc-
cessfully used by them for analyzing many categorics. It is consistent with the definitions used by
Guadagni and Little (1983) and Gupta (1988).

5. Actual price does not include the effect of coupons because coupon data were unavailable.

6. We tested for the possibility that the brand studied could have competed only with a subset of
all the brands due to the competitive market structure prevalent in mouthwash. We tested an unre-
stricted version of our mode] that included as independent variables, the price cut of each brand sep-
arately with different parameters. The parameters were not significant in most stores, suggesting that
it is unlikely that different competing brands may have different effects on the brand studied.

7. Test of Durbin A-statistic was not significant for 18 out of 20 stores in chain 1 and 15 out of
18 stares in chain 2.

8. It must be noted that a test of pooling across chains (homogeneity of slopes and intercepts,
Chow, 1960) would not be very insightful because Model 4 did not tumn out to be significant for
chain 2. We, however, allow for differences between chains by including incremental parameters for
chain 2 as in Model 6.

9. A simple ! test of the difference between the regular price elasticity of chain 2 and chain 1
(=3.94 vs. ~4.83) provides a r value of 1.43 which is significant at p < 0.08 (onc-tailed).
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Past research of the accuracy of retail grocers’ beliefs abour consumer search and
patronage behavior has found thar executives tend 1o overestimate the size of the consumer
sexment that regulurly switches stores for price specials. With survevs of consumers and
executives in a large midwestern market, we extend und replicate the earlier research. In
this studv, we find that evecutives demonstrate, on average. un uccurate sense of the
proportion of consumers who are primarily loval 10 one store or are shoppers of nudiiple
stores. However, thev still tend 10 overestimate aggregate price comparison behavior und
cross-store shopping. At the same time, we also find thar managers simultaneously
underestimate consumer newspaper readership. in-store search for specials. and stockpil-
ing. This new result suggests that the more loval primary customers may account for a
greater proportion of incremenial promotional sales than has been recognized in the pust.
These results suggest a significunt increase in the information value to be derived from the
desegregation of sales data by shopper lovaliy status.

This study examines the accuracy of retail grocery cxecutives™ beliefs about the effects of
supermarket price promotion on consumer behavior. The prevailing industry wisdom 1
that promotion has the primary effect of stealing traffic from competitors’ stores (cf. Kahn
and Schmittlein, 1992; Krishna, Harlam. and Moreau. 1996: Walters and MacKenzic.
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1988). Yet. the evidence regarding this eftect is at the very best mixed. with several
studies reporting weak to nonexistent store-traffic effects of promotions or pricing
(Walters and Rinne, 1986; Walters. 1991: Bucklin and Lauin, 1992). Others show
cross-store effcets limited primarily 10 higher cost product categories (Grover and Srini-
vasan. 1992: Kumar and Leone. 1988). The belief that a lurge segment of consumers shop
aggressively across stores in search of specials has come under criticism by some industry
leaders. They have lamented both the industries™ focus on price promotion and the need
to update beliefs about consumer behavior:

. when it comes to advertising. most (retailers) still see June Cleaver. . . going
through page after page of food ads making a list of who has the hest price on what
tBanks. 1992).

This comment and others like it (cf. Walzer, 1987) signal discontent in the industry with
a perceived overemphasis on price promotion ainied al encouraging cross-store shopping.
Limited promouonal resources could alternatively be spent with the goal of retaining
current. more loyal customers and several trends suggest merit in considering this
trade-off. Evidence suggests that the segment of consumers who regularty shop multiple
grocery stores for price specials is quite small (10-15%: Bodapati and Srinivasan, 1998:
Urbany, Dickson. and Key. 1991). This is not surprising in light of increasingly limited
consumer time budgets and the mental and physical costs of shopping. An alternative to
actively shopping price specials at multiple stores is to shop vigilantly within one’s regular
stare: scarching for, and under certain circumstances stockpiling price specials.

Recent empirical work hints at the plausibility of such a strategy. First. research on store
choice models finds that consumer store loyalty dominates the explanation of store choice
over pricing predictors (Bucklin and Lauin, 1992; Bell and Lattin, 1996. Bell. Ho. and
Tang. 1998). suggesting a strong degree of inertia in shopping behavior (see also
Progressive Grocer annual industry reports). Additionally, retailers have been increas-
ingly promoting nonfeatured specials (Dréze and Hoch. 1996) and improving in-store
signage in part as a function of earlier rescarch that highlighted consumer inattention to
on-shelf promotions (Dickson and Sawyer. 1990; Krishna. Currim. and Shoemaker, 1991).
As such. price promotions may often generate incremental sales by grabbing consumers”
attention within the store rather by motivating competitive store customers to come to the
store on a particular occasion. Third. recent evidence suggests that some consumers tend
to “lie-in-wait” and stock up on price specials (Jedidi. Mela. and Bowman. 1998: Mela and
Urbany. 1996). 11 the incidence of the multiple store specials shoppers s as low as noted
above. it is possible that some store-loyal consumers wait for specials at their own stores
rather than actively wrack specials patterns at multiple stores.

If some consumers do compensate for lower between-store search with greater in-store
search, this could partly account for previous research that has found that retail grocery
cxecutives substantially overestimate the degree of cross-store shopping and price pro-
motion response (Urbany et al.. 1991). The Urbany et al. study was limited. however, in
that only 12 exccutives were interviewed and their beliefs compared 1o consumers’
self-reports on only a small number of measures. This research presents a considerably
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more complete empirical study in the same market. The exiension examines a number of
factors not considered in the earlier paper. including degree of price comparison. search
for price promotions both benveen- and within- stores. and stockpiling as a response to
price promotions. An additional unique aspect of the work is that both firms involved in
the study were facing a new strategic threat to their dominant positions in the market. One
of the firms did, indeed. suffer a collapse in its market share and profitability. In retrospect.
it seems that managers” beliefs about customer behavior were important in explaining this
outcome.

EXPLAINING MANAGERIAL BELIEF DISCREPANCIES

In general, it should not be surprising that judging basic aspects of how consumers behave
is not easy for managers, who often face a complex information environment and limited
resources for conducting research. Several studies have observed that executives mises-
timate consumer preference for both price and nonprice product or service attributes (cf.
Gale, 1994: Krishna et al.. 1996: McClure and Ryans, 1968: Parasuraman et al.. 1985).
Evidence suggests as well that managers may set prices more aggressively than seems
warranted given information about consumer price scasitivity (Dickson and Urbany, 1994;
Lecflang and Wittink. 1996: Hoch. Dréze. and Purk, 1994: Little and Shapiro, 1980).

Why might managers tend to systematically overestimate search behavior and price
sensitivity? Uncertainty in estimating consumer search may in fact lead to the conserva-
tive assumption that consumers are more attentive to market information than they truly
are (Moorman, 1998). A concern in the industry has been that retailers etfectively “play
to” the most vigilant segment of consumers. potentially overemphasizing price promotion
as a competitive weapon (O’Conner. 1986: Schuster. 1988). One possible outcome of this
is that the behavior of the segment that responds to price specials may be perceived as
being more representative of the larger consumer population than it truly is (cf. Borgida
and Nisbett, 1977: Kahneman and Tversky. 1973; Nisbett and Ross. 1980).

RESEARCH QUESTIONS

As noted. the current study extends the Urbany et al. study in two primary ways. Here. we
obtain responses from over 90 individuals in two retailers in a specific market. represent-
ing a near-census of executives and store managers in those organizations. Second, our
research measures additional beliefs that may help explain discrepancies between exec-
utive estimates and consumer self-reports of shopping/search behavior. Given the com-
plexity of purchasing a basket of goods in the retail grocery setting (and the recurring
nature of the choice behavior). search behavior is not a simple construct to define. We are
interested in a variety of search-related behaviors here. including reported price compar-
ison and several behaviors related o price promotion: feature adverusing readership,
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seeking word-of-mouth regarding specials. mn-store price search, shopping nonprimary
stores for speciais. and stockpiling. In particular, we address the following questions:

{. Do managers overcstimate the proportion of consumers who regularly shop mul-
tiple stores {(vs. shop primarily one store) or misunderstand the behavior of these
two segments? Urbany et al. found that the 12 executives they sampled overesti-
mated the proportion of the consumer market who regularly shops multiple stores.
If "Multiple Store™ shoppers are apt to be the most price sensitive. the above
discussion would help explain a tendency for retailers to perceive more Multipie

Store shoppers than actually exist.

Do managers overestimate the price search of consumers? Extending the logic of

our discussion above, we would cxpect executives to overestimate how much

consumers compare prices across stores and the proportion of consumers who read
newspaper/flier advertising, talk to friends about price promotions, and seek
information about promotions in-store.'

3. Do managers overestimate consumer responsc to price specials (reflected in the
reported tendency to shop multiple stores” specials and stock up)?! Past research and
the discussion above lead us again to expect that managers will overestimate the
proportion of consumers that travels to different stores to pick up price specials and
to stock up on specials.

19

THE COMPETITIVE CONTEXT

The grocery market under study covered about 500.000 households served by some 100
supermarkets. At the time of the study about 95% of the market was shared between four
chains: the two chains “A" and “B™ (whose managers are sampled here) and two other
chains “C™ and “D.” Thirty-seven percent of surveyed households shapped primarily at A,
35% at B, 13% at C, and 10% at D. Both A and B are established High-Low chains with
some 30 to 40 stores each in the market. A is a national chain, whereas B is regional. In
contrast, C and D are low-price chains that had more recently entered the market with
several large stores strategically located. In particular, chain D had recently entered the
market with two superstores and was intending o soon build two more (thus “four
cornering” the market in terms of location convenience). The response of chain A, the
market leader was to give more emphasis in its advertising to its price specials. This price
promotion program was a truly integrated marketing communication campaign with the
look of the advertising and the price-special tags at the point of purchase built around a
cost-cutter scissors logo. Chain B attempted to position itself more strongly on quality
(particularly its meats and produce) and service (speed of service and locally owned
friendliness) dimensions. whereas maintaining its price competitiveness through defensive
tactics such as double-couponing and frequent price specials. Both A and B also made
plans to open new. larger stores in the expanding suburbs. close old stores, and refurbish
others.
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Chains C and D employ an EDLP strategy. In addition. chain C took out a full-page ad
featuring a meat or produce item each week. D went much further. In addition 10 offering
every-day lower prices, chain D offered several pages of grocery specials each week
attached to an advertising insert/flyer that contained several more pages of soft and hard
good specials associated with the general merchandising departments within the super-
store. Furthermore. the new entrant D made a great feature of the quality of its produce
that was attractively displayed at the front of its store. The aggressive entry of D had
created a great deal more publicity about grocery shopping in the local media and had
substantially increased the total advertising-particularly the amount of advertising about
price specials.

METHOD

Samples

Data were collected through a mail survey of 92 managers from the two major chains
(A and B: n = 45, 47, respectively). These managers comprised both line (store managers)
and regional headquarters™ personnel (decision-makers). Matching questions about shop-
ping behavior were asked of consumers with a telephone survey after which they were
requested to participate in a mail survey of market beliefs (see Urbany. Dickson and
Kalapurakal. 1996). In all, 422 consumers provided usable responses for both mail and
phone surveys. The sample slightly over-represented consumers from older and higher
income groups but otherwise was quite representative as judged by the latest census
information. The data permit an assessment of managers’ beliefs about relevant consumer
behavior and differences in beliefs between managers and consumers, between managers
in different chains and between managers belonging to the same chain. which are reported
wherever relevant and statistically significant.

Measures

The measures used to capture both consumer self-reports and managers’™ estimates of
consumer behavior are discussed below.” In all cases. the manager sample responded to
measures that were worded exactly as the consumer measures had been worded. The
difference was that managers were asked to estimate the proportions of consumers who fit
into each category. For example. consumers reported whether or not they read grocery ads
or fliers. Managers were asked what proportion of consumers they believed read grocery
ads or fhers.
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Consumer Patronage Behavior

There is evidence in the literature of a dichotomy in consumers’ self-reported patronage
behavior. Many consumers tend to shop one store predominantly. whereas others shop
multipie stores 1 a given week (cf. annual Progressive Grocer surveys of consumer
behavior). In our study, consumers were asked to classify their typical shopping behavior
into one of three categodes: 1) shopping one store all the time. 2) shopping one store
almost all the time but occasionally shopping others. and 3) shopping two or more stores
regularly.

Price Comparison Frequency

Because prices change almost weekly for many frequently purchased products in
supermarkets. beliefs about the frequency of consumer price comparison between and
within stores were measured. The consumer sample was asked to estimate the frequency
with which they “compared the prices of different grocery stores™ on a scale of weekly.
monthly. less than monthly. and never. To simplify the distribution (because only a little
more than 10% of respondents indicated “monthly™ price comparison). the weekly and
monthly categories were combined to form an “at least monthly™ category.

Search for Price Specials

Consumers were also asked (o indicate whether they engaged in a number of different
scarch Hehaviors for price specials. In capturing scarch outside the store. we asked
consumers to indicate whether thev read ads and fliers and/or talked to friends about
specials before shopping. We captured in-store search by asking rcspondents whether they
scanned the grocery store shelves to see what brands were on special.

Responsiveness to Price Specials

The price of various supermarket items changes almost weekly because of the trequent
use of price specials that are advertised heavily in fliers and ncwspapers. Because this
continues to be a widely used tactic in this industry (cf. Mulhern and Leone. 1991). a
reflection of consumers’ sensitivily (0 the between-store price dispersion lies in their
awareness of and responsiveness to the price specials offered by different stores. Con-
sumers were asked to indicate whether they regularlv shopped the price specials at
different stores and whether they purchased larger quantities (stocked up) when they
tound price specials.
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RESULTS

Table 1 presents the proportions of consumers reporting different behaviors and manag-
ers’ cstimates of those consumer proportions. Column A lists the research questions and
the specific behaviors examined. Columns B-D summarize the estimated proportions of
the aggregate consumer market provided by managers. along with standard deviations and
95% confidence intervals. These columns capture managers™ expectations. We judge the
accuracy of these estimates by observing whether the actual proportions obtained from the
consumer sample tall within the confidence intervals. The proportion of all consumers
reporting each behavior is presented in Column E. Columns F and G report proportions
for consumer segments we will define later.

First, it is worthwhile to note that the table reveals high variation in the mean percentage
esumates of managers (the half-precision values for the 95% confidence intervals range
from £ 7% 10 = 18%). Although it is admittedly unrcasonable to expect a high degree of
precision in open-ended estimates. the magnitude of the standard deviations is intriguing.
In fact. Table | makes clear that nearly alf the responses reflect high levels of organiza-
tional uncertainty (¢f. Moorman and Miner. 1998). This observed variation makes some
of the results below, particularly those illustrating reasonably accurate aggregate estima-
tion of consumer self-reports, more interesting.

Question 1: Do managers overestimate the proportion of consumers who
regularly shop multiple stores (vs. shop primarily one store)?

Urbany et al. (1991) tound that the 12 executives they surveyed estimated that 60% ot
consumers “shop several stores regularly.” an estimate that was over twice the proportion
of consumers who actually reported such behavior. 24%. In contrast, Table 1 indicates that
the managers in the current study estimated only 25% as regular “two-store plus”
shappers. This was close to the proportion ot consumers reporting such behavior in the
current study (22%. which falls within the managers’ expected range).’ Table 1 also
presents managers’ estimates of the proportions shopping one store all the time or
shopping one store mostly and occasionally another store. Our 92 executives estimated
that roughly three-quarters of all shoppers shopped primarily one store. judging that 39%
shop one store “all the time™ and 35% shop one store and occasionally others. For each
of these patronage behaviors. the actual reported consumer proportions (Column E) fall
outside the range of managers™ expectations (Column D). However, we combined these
two categories into one to allow that the managers may not distinguish between these
subtle vanations of strict store loyalty. Because managers seem to recognize the general
distinction between single and muitiple store shopping with some degree of accuracy. we
include for later comparison the separate proportions obtained from these two consumer
groups. We label them “Mostly One™ store shoppers (Column F) and “Multiple Store™
shoppers (Column G).

Reporting results separately for these two segments allows us to examine whether the
managers’ estimates arce biased toward either of them. For the measures reported next.
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managers were asked to estimate the proportion of all consumers engaging in each
behavior. Assume that managers estimate these aggregate proportions in a statistically
unbiased and accurate manner. Because Mostly One shoppers make up the vast majority
of the consumer population (and the managers know this), then the managers’ aggregate
estimates should be closer in value to the actual proportions for this larger group. In
contrast, managers’ aggregate estimates may be inaccurate in the sense that they are
weighted disproportionately toward the smaller Multiple Store shopper group. Presenting
results separately for the two shopper segments allows us to examine whether the
managers are appropriately weighting the segments given their relative sizes.
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Question 2: Do managers overestimate the price search of consumers?

19
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Reported Price Comparison

20
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Table 1 reports estimates of price comparison frequency in categories of comparing at
least monthly, comparing less than monthly. or never comparing. Column A indicates that
managers estimated that more than half of the consumer market compares prices at least
monthly (95% confidence interval: 50-60%). In contrast. only 42% of consumers report
such behavior. Again, this 42% aggregate figure is a composite of two shopper groups.
Thirty-four percent of Mostly One shoppers report at least monthly price comparison.
Multiple Store shoppers have a proportion twice as large (71%: Z = 6.19, p < .01). Note.
= however, that managers’ mean aggregate estimate of 55% is actually closer to that of the
Multiple Store shopping group than it should be. given the small size of this group. We
infer that either the smaller Multiple Store group is overly salient (o managers or managers
greatly overestimate the price comparison activity of the individual shopper segments
{particularly the larger Mostly One segment).’

Consistent with the former conclusion, the managers underestimated the proportion of
the market that reports never comparing prices. Looking at Columns F and G, it is clear
that Multiple Store shoppers are more vigilant in price comparison than are Mostly One
shoppers. with a substantially larger proportion reporting that they compare prices weekly
and a smaller proportion reporting never comparing prices (x*2 df. = 39.09, p < .01). The
fact that managers tend to overestimate the proportion of shoppers who frequently
compare prices. whereas they underestimate the proportion who never compare prices, is
added evidence that managers may not appreciate the large variance in between-store
search behavior among different shopper segments.
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Reported Search for Price Specials

Next we consider the proportions of consumers who report reading ads and fliers.
talking to friends about specials, and scanning shelves in-store for specials. Again
comparing Columns D and E. we find unexpectedly that our manager sample underesti-
' mated consumer search for price specials in these vehicles. Interestingly. Mostly One
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Store shoppers report a substantial degree of vigilunce m reading ads and fhiers (779% ).
although an cven larger proportion of Multiple Store shoppers report reading ads 1896
Z = 2560 p < 03 Surprisingly. the managers” mean estimate of this behavior is
stgniticantly lower (62%) thun the reported consamer proportions. The managers slightly
underestimate the incidence of talking o fricnds about specials but substantially under-
estimate both shopper groups’ tendencies to search for price special informaton in the

stores.

Question 3: Do managers overestimate consumer response to price specials
(reflected in the reported tendency to shop multiple stares for specials and stock

up)?

Managers estimate on averages that 344 of all consumers regulariy shop price specials
at muitiple stores. In contrast. 194 of the tull consumer sample reports this behavior
(Column E). Consistent with the findings of Urbany et al.. this proportion is well below
the managers” confidence nterval for that estimate. Twelve percent of the Mostly One
shoppers do report shopping price specials at more than one store. u significantly smaller
proporton than the Multiple Store shoppers (43%: Z = 7.00. p < .01). As with the price
comparison variables though. managers seem to substantially overweight the behavior of
the Multiple Store shoppers in estiniating cross-store shopping for specials.” In contrast.
managers undercstimated the proportion of consumers who say they forward buy when
they find a special price. The sample proportions obtained for both Mostly One and
Multiple Store shoppers are well above the managers™ expectations. as refiected in the
Column D contidence interval.

DISCUSSION

The results provide several unique insights relauve to the carbier study by L.‘rbun_\' etal.
particularly in distinguishing between inter- and intrastore search. We find a signihcant
degree of variance among managers” estimates of consumer search/shopping behavior. but
also find that managers tllustrate a reasonable (if not impressivei degree of knowledge of
single- versus multiple store shopping. Yet. the munagers not only continue 1o cvidence
overestimation of consumers” price comparnison hehavior and cross-store response (o price
spectals. they also simultaneous!y underestimate in-store search. The former replicates the
tindings of Urbany et al.. but the later result is new. Below. we explore why those
misperceptions might occur. why it seems o matter. and what retailers might do about it.

Why Are Manager’s Estimates of Consumer Behavior Varied and Inaccurate!?

Fiest of all. we have imphiently assumed that. where different. the managers are tn error.
It could be that consumers are less accurate in reporting their own behaviors, [Uis certainly
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true that people are not always aware of wiyv they do what they do. Further, uncertainty
exists in predicting what they will do. Although some degree of error must exist, we are
reasonably confident in the consumer responses because they were asked only to provide
yes/no answers (o a straight forward set of questions about their current or recent shopping
behavior and simply reported what they did. Managers had the more difficult task ol
estimating the behavior ot others, a task known to be fraught with potential for error { Fiske
and Taylor, 1991).

One likety problem tor managers who are exposed to consumer information is that they
may not be exposed to the right information. Sales information is reported at the aggregate
category/brand level. This provides no clcar insight into cross-store search behavior.
Effectively. in responding to survey gquestions about consumer segment proportions,
managers must rely primarily on their intuition rather than data. Likely error results in
widely varying report on beliefs. Consistent with this, Hoch (1988) concludes that the
nability of managers to predict the attitudes and opinions of consumers is due less to
projection of their own beliefs than to insufficient information. In fact, if aggregate sales
results are interpreted on the basis of conventional wisdom that featured price promotions
primarily generate traffic from other stores, those results will almost always “show™
high-traffic etfects (¢f. Hoch and Deighton. 1989: Urbany and Dickson. 1999).

It i1s less clear why managers should underestimate in-store search and stockpiling. As
noted. because of the traditional emphasis on pricc promotion with the aim of generating
store traffic, they may not view more loyal (and stationary) customers as a significant
source of incremental sales volume. Again. this is likely due less to lack of interest and
more to the unavailubility ot data to identify the sources of incremental sales volume.
There are high costs of obtaming the information needed to disaggregate the different
sources of incremental sales on promotion for an individual item based upon customer
shopper status and promotion awareness. as it requires observational and/or point-of-
purchase research. Given that managers do not obtain feedbuck about consumer in-store
search and stockpiling on a regular basis. the large degree of error in their cstimates is not
surprising.

Does it Matter?

It might be argued that managers™ estimates of consumer search behavior and general
price sensitivity are not critical in pricing decisions. Such decistons are based more upon
individual item elasticities. profits. and criteria for category management. Perhaps retailers
do not need the answers to our questions? In general. we believe that retailers do a
remarkable job of managing and setting prices in a complex environment. despitc
difficulty in estimating the kinds of consumer behaviors we study here. Yet. consistent
with the assumptions of a long line of research in information economics’ literuture. we
think that understanding search behavior does matter.

For example. one of the stores participating in the study-—Chain B—Ilost eight points
i market share when its corporate headquarters 1mposed an across-the-board price
reduction strategy in the face of Chain D's market share gains. This strategy eliminated
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the share-stabilizing effects of local management’s meat and service quality-driven
promotions. This strategy had been aimed at retaining loyal customers rather than
acquiring promotion-driven customers in the fuce of competitive entry into the market.
Later. in accord with our thinking, the summer of 1998, the parent company publicly
acknowledged that it had overestimated the importance of price in acquiring customers
and underestimated the importance of product (meat and produce quality) (o consumer
loyalty. Note that their reversal of local strategy had been developed from afar without the
benefit of research on customer satisfaction and between- or within-store search behavior.

In another study. Boynton et al. (1983) similarly found that overestimation of consumer
awareness of. and reaction to. the published comparative store price intormation led to
aggressive price reductions by the retailers. Ironically, this information appeared largely
unnoticed by most consumers. As a consequence. we believe that the understanding of
in-store search and choice behuvior of loyalty prone customers would enable more
effective targeting of temporary price reductions. Such targeting may increase customer
retention, which Little and Shapiro (1980) theorize to be an important goal of aggressive-
nonfeature pricing.

tmplications for Theory

The extant theory of information economics posits that the price competitiveness and
efficiency of markets depend on a critical percentage of shoppers actively searching (cf.
Salop und Suglitz, 1977, Wilde and Schwartz, 1979). Our research and the above case
studies reinforce a more fundamental point: it is sellers” perceptions of consumer search
behavior that determines market price competitiveness. The evidence here also indicates
that without spectfic measures of the relevant search behavior. those perceptions can be
inaccurate. This suggests that the theory—rather than assume that sellers have perfect
information about scarch behavior—should accommodate variation in the beliefs that
drive pricing behavior.

In additon, it is important to reconsider the mechanism by which retailers leamn the
relative sizes of the different search segments. It is implicit in the theory that sellers can
accurately learn segment sizes by observing how sales change in response to changes in
price. This is so because the model assumes two sources of sales: 1) sales coming from
consumers who choose their store randomly in any given period (sales that should on
average be the same from pertod to period) and 2) sales coming from informed consumers:
those who have searched for and discovered low prices in the market (cf. Varian, 1980).
As such. incremental sales due to a price cut are by definition attributable to informed
consumers. who have no partucular loyalty to any store. Given these assumptions. this is
a rational inference about consumer search behavior.

However. traditional data do not account for store loyalty or the promotional responses
ot store loval customers. Our research suggests that a large portion of incremental sales
jumps due to price promotion may be attributable to more store-loval customers seeking
price information within their tavored cstablishments rather than searching for lower
prices across stores. If such behaviors could be made manifest in retailer data, it would
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importantly influence the accuracy of retailer learning about consumer search behavior
and resulting equilibrium price levels.

Implications for Managers

The problem with tnaccurate beliefs of the nature observed here is that they may lead
to an overemphasis on customer acquisirion at the expense of customer retention (cf.
Blattberg and Deighton, 1996). Aggressive promotional efforts aimed at acquiring cross-
store shopping customers are expensive, tending to focus on deep discounts of high
volume items. Alternatively, promotional budgets might be allocated to promotions or
investment in loyalty programs designed to retain customer patronage. As “mostly one™
store shoppers may find that they can efticiently economize by careful in-store search. it
is sensible for retailers to assess whether promotions can be made more profitable by
targeting a high frequency of promotions toward items favored by these consumers. The
more loyal and vigilant consumer segments are likely to differ demographically (e.g.,
Blattberg et al.. 1978: Kolodinsky. 1990). As a result they will. differ in terms of products
to which they are promotion-responsive.

What this requires, however, is for retailers to complement the scanner tracking
information they use to make decisions about category-management with household panel
data or sample surveys. A solution is to integrate market research about consumer store
patronage into scanner sales reports, perhaps by using loyalty card patronage information.
Reporting category or brand sales by customer patronage status (i.e.. primary/loyal
customer vs. multistore shopper) would provide significant insight. In particular, this
would enable managers to estimate response functions separately for these groups to better
understand how 1o retain the patronage of stcre loyalists. Further, this would allow a direct
assessment of how different categories contribute to loyal shopper customer retention.

Itis of interest to note that both the store managers and headquarters executives of chain
B in our case had very good measures of vear-to-year and month-to-month sales. Further.
they had reasonably good measures of the effects of individual price promotions on
category sales and sales of promoted SKUs within the category. But. they could not fully
assess changes in buyer search and patronage behavior without explicit data. In the
absence of such measures, the retailer could only react to the aggregate consequences of
such search behavior.

The end result of this failure in decision making may lead to serious, long-term shifts
in the sales and profitability of the firm. The relatively lower cost of retaining customers
versus regaining lost customers: compare Blattberg and Deighton (1996). suggests a
strong rationality to tracking changes in the changes in consumer search and shopping
behavior. Such tracking would allow a retailer time to take action before serious.
long-term shifts in store loyalty. sules, und profitability take place. as occurred with

Chain B.
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NOTES

I
N

study.
L

There were no comparable measures of price scarch used in the Urbany et al. study.
The measures discussed represent a subset of the measures taken in the larger consumer

We should note that the earlier study was conducted during the time of the first major entry
of a farge grocery discounter in this market. which may have heightened executives’ attention to
advertising and consumer store-switching.

4. The 55% estimate implics that the Multiple Store group had a disproportionate weight in our
managers’ minds (i.e.. looked bigger than it truly was) in estimating price comparison. We can
impute that implied weight in the following manner. First. assume that managers actually knew with
certainty the proportion of each segment that reported monthiy price comparison. in this case. 35%
for the Mostly One group and 71% for the Multiple Store Group. Then. apply the managers’
relatively accurate segment size estimates to these proportions: (0.75 * 0.35) + (0.25*0.71) = 0.44.
Assuming (hat managers could estimate accurately what proportion of each segment compares
prices monthly. this indicates that their aggregaie average estimate should have been 44%. To
reproduce the managers’ actual aggregate estimate of 55%. the respective weights on our Mostly
Onc and Multiple Store shopper groups have 1o he changed from 75/25 10 44/56. It seems that
managers either implicitly weighted the Multiple Store shopper group’s behavior by well over twice
its appropriate weight or overestimated the price comparison activity of the Mostly One. or both.
segments.

5. Again, assuming that the managers knew with accuracy the proportion of each shopping
segment who shop the price specials at several stores. the 75/25 weighting for the Mostly

One/Muluple Store shopper groups would have to be nearly reversed (28/72) to reproduce the
managers” aggregate estimate of 34%.
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Stephen J. Hoch, Xavier Dreze, & Mary E. Purk

EDLP, Hi-Lo, and Margin Arithmetic

The authors examine the viability of an “everyday low price” (EDLP) strategy in the supermarket grocery industry.
In two series of field experiments in 26 product categories conducted in an 86-store grocery chain, they find that a
10% EDLP category price decrease led to a 3% sales volume increase, whereas a 10% Hi-Lo price increase led
to a 3% sales decrease. Because consumer demand did not respond much to changes in everyday price, they
found large differences in profitability. An EDLP policy reduced profits by 18%, and Hi-Lo pricing increased profits
by 15%. In a third study, the authors increase the frequency of shallow price deals in the context of higher every-
day prices and find a 3% increase in unit volume and a 4% increase in profit. Finally, they draw a conceptual dis-
tinction between “value pricing” at the back door and EDLP pricing at the front door.

etail formats come and go with changes in consumer

tastes, lifestyles, and trends in demography and the
economy. Recently it is the “everyday low price” (EDLP)
format that has experienced rapid growth and media popu-
larity. The prototypical description of an EDLP pricing pol-
icy is as follows: The retailer charges a constant, lower ev-
eryday price with no temporary price discounts. These con-
stant everyday prices at the EDLP outlet eliminate week-to-
week price uncertainty and represent a contrast to the “Hi-
Lo” pricing of promotion-oriented competitors. The Hi-Lo
retailer charges higher prices on an everyday basis but then
runs frequent promotions in which prices are temporarily
lowered below the EDLP level.! Discounters like Wal-Mart
have led the EDLP wave and successfully encroached on the
turf of supermarkets and department and drug stores by ad-
vertising that their everyday prices are “always the lowest”
to be found. Warehouse club operations like Sam’s, Costco,
and others also have grown rapidly by pursuing limited as-
sortment and limited service EDLP price strategies while
using well-known brand names as a draw. Nonretail indus-
tries have adopted versions of EDLP, notably the airlines
(Southwest) and automobile manufacturers (Saturn).

Some grocery supermarket retailers also have imple-
mented various forms of the EDLP concept including Food
Lion, Winn-Dixie, Cub Foods, and Omni, among others.
There are big differences in EDLP penetration across geo-
graphical markets, EDLP being more prevalent in Southern
areas (Birmingham, AL, 78%; New Orleans, 61%) and less

'As we show subscquently, this prototype is not representative of how
most food retailers actually practice EDLP.
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popular in Northeastern areas (Upstate New York, <5%;
Boston, 16%) (Partch 1992). Moreover, some supermarket
retailers have adopted EDLP on a more limited level, what
sometimes has been labeled category-level EDLP. Here,
they institute EDLP on a focal category like soft drinks or
diapers in an attempt to build traffic and stave off competi-
tion from alternative retail formats.

Various rationales for adopting EDLP have been ad-
vanced. First, it has been argued that heavy price promotion
has eroded consumer confidence in the credibility of every-
day shelf prices (Ortmeyer, Quelch, and Salmon 1991). With
an EDLP approach, it may be possible to restore price cred-
ibility. Because EDLP is simple and consistent, it may be
easier t0 communicate to consumers and therefore to in-
crease the chances of establishing a low price image through
advertising. It also reduces managerial costs because it is
easy to implement by simply matching or beating the most
aggressive local competition. This assumes, of course, that
the retailer has an appropriate cost structure in place.

Second, EDLP often is assumed to lower operating
costs. These lower costs can be achieved in three primary
ways: (1) reduced service and assortment, (2) reduced in-
ventory and warehouse handling costs due to steady and
more predictable demand, and (3) lower in-store labor costs
because of less frequent changeovers in special displays.
Warehouse operators gain additional cost savings due to less
expensive locations and nonunionized labor. Lattin and Ort-
meyer (1991) argue that EDLP also can reduce advertising
expenses; for example, Wal-Mart feature advertises in news-
papers on a monthly basis, whereas many of their competi-
tors do promotional advertising 52 weeks a year.

In spite of these apparent advantages, most retailers have
not adopted EDLP. According to a recent survey of the top
50 U.S. retail markets, 26% of supermarket retailers are
pursing some form of EDLP (Partch 1992). This means that
the remaining 74% are Hi-Lo promotion-oriented operators.
The question is why. The dominant theory is that retailers
can price discriminate between consumers that vary in price
sensitivity, one of the most basic and long-standing princi-
ples in economics (Pigou 1920). Hi-Lo pricing allows the
retailer to discriminate between informed and uninformed
consumers (Varian 1980). When heavy users of a product

Journal of Marketing
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category also have higher inventory holding costs, retailers
can use temporary price cuts to effectively charge them
higher average prices (Blattberg, Eppen, and Lieberman
1981; Jeuland and Narasimhan 1985). With a Hi-Lo policy,
retailers can attract price-sensitive switchers with promo-
tions to build store traffic while store-loyal consumers buy
merchandise both on deal and at higher everyday prices
(Narasimhan 1988). Temporary price discounts also can
lead to category expansion when consumption rates are
more flexible (e.g., ready-to-eat cereal as compared with
bath tissue). Many Hi-Lo retailers also believe that aggres-
sive temporary price reductions help to sustain a low-price
value image.

In this article we examine the viability of an EDLP pric-
ing strategy in the supermarket grocery industry. The article
addresses four questions:

1. What is EDLP in practice? A comprehensive study (In-
formation Resources, Inc. 1993) has found that although
EDLP stores maintain lower prices on an everyday
basis, they sell about the same amount of product on
deal as Hi-Lo operators. This suggests that the nonpro-
motion prototype described previously is not represen-
tative of how EDLP actually is executed in the field.
Self-avowed EDLP chains do engage in promotional
pricing, and in fact some engage in as much promotion-
al activity as the Hi-Lo chains.

2. How well does EDLP work? We report the results of
two comprehensive field experiments in which everyday
prices were varied systematically on over 7500 items in
26 categories. We did not test the idealized nonpromo-
tion EDLP prototype described at the outset but instead
attempted to create test conditions that more closely
matched actual practice. We found that 10% across-the-
board price cuts do not drive volume sufficiently to
overcome decreases in profit margins. In fact, gross
profits were over 35% greater when employing a Hi-Lo
versus an EDLP strategy.

3. What does it take to make EDLP work? We offer a sim-
ple framework for calculating the magnitude of the vol-
ume increases that EDLP would have to produce to
break even profitwise. We also consider the profit im-
plications of decreases in operating costs that might ac-
company a move to EDLP. This makes it casier to eval-
uate the likelihood that EDLP would pay out in an im-
plementation in which competitive conditions and his-
torical precedent might differ from the market we
studied.

4. When and how should EDLP be employed? We consid-
er how the size of a retailer’s installed base of con-
sumers can affect the viability of EDLP. We also distin-
guish between a “value pricing” strategy at the whole-
sale level (i.e., the “back door” of the storc) and EDLP
pricing at the retailer’s “front door”” (where consumers
actually shop).

What Is EDLP in Practice?

In March 1993, Information Resources, Inc. (IRI) complet-
ed a study of EDLP pricing in supermarkets utilizing their
nationwide InfoScan syndicated database. Although a pure
EDLP strategy implies low everyday prices with no tempo-
rary price promotion activity, IRI found that “true” EDLP
rarelv exists. Instead, it takes on many forms: chainwide,
storewide, and categorywide. Because there are many hy-

brids, EDLP is best seen as a continuum. IRI compared the
extremes: the 12% most EDLP-like stores versus the 20%
most promotion-oriented (Hi-Lo) operators in their geo-
graphically diverse 3000-store sample. Representative
EDLP operators included Cub, Food Lion, Lucky, Omni,
and Winn-Dixie. Hi-Lo operators included A&P, Do-
minick’s, Jewel, Safeway, and Von’s. Among many other
findings, three interesting facts surfaced about EDLP in
practice:

1. EDLP store prices are on average 9% below Hi-Lo
stores. EDLP store prices were 11% below on an every-
day basis and 6% below on a promotion basis.

2. EDLP stores sell just as much merchandise on deal as
Hi-Lo operators. 26% of overall store volume is sold
with some form of merchandising support in EDLP
stores, whereas 24% of volume is sold with merchan-
dising support in Hi-Lo stores.

3. Percentage price reductions are less deep in EDLP
stores. Discounts off everyday prices offer greater sav-
ings (percentagewise) in Hi-Lo stores, about 33% more.

In our experience, these facts do not always match up
with the stylized *“no-promotion EDLP” prototype that
many industry observers maintain, a prototype that is much
more consistent with warehouse clubs than with EDLP food
retailers. Game theoretic analyses (Lal and Rao 1993; Lattin
and Ortmeyer 1991) also have assumed that an EDLP strat-
egy is characterized by constant prices (no temporary price
deals) that are in between the Hi-Lo operator's regular and
deal prices. This “pure” EDLP strategy is an interesting con-
cept in theory but apparently is not pursued widely in prac-
tice. Even Food Lion, an acknowledged EDLP limited as-
sortment chain with over 1000 outlets, offers hundreds of
temporary price reductions each week. We designed our em-
pirical implemeantation of EDLP to match the three charac-
teristics listed previously: lower everyday prices, the same
level of promotional activity as the Hi-Lo stores, and small-
er price discounts off regular price on a percentage basis.
One important limitation to our studies is that we did not
widely advertise the existence of lower everyday prices.

How Well Does EDLP Work?

For EDLP to increase volume substantially, a prerequisite
for success given lower gross margins, the strategy must cre-
ate a low-price image in the mind of the consumer. A change
in price image is required to induce at least some consumers
to switch stores. We partition the determinants of price
image into three components: a pure price effect, a pure ad-
vertising effect, and an interaction of actual prices and
image advertising (cf. Hoch and Deighton-1989). It is easy
to imagine that a reduction in prices without advertising
support might not be enough to change price image, at least
in the short run. Moreover, any positive benefits from price
advertising not backed up by lower actual prices would
seem to be difficult to sustain in the long run. As such, lower
everyday prices may be a necessary but not sufficient condi-
tion for EDLP success.

So how well does EDLP work? The answer to this ques-
tion is that it depends. Sears Roebuck could not make EDLP
work, possibly because it did not convince the American
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TABLE 1
Detailed Results From the Everyday Pricing Experiments

Study 1
Percentage Change From Control Stores

Product Category-Level Hi-Lo Stores EDLP Stores
Category Price Change s Units Profit Units Profit
Analgesics 10 +1 +20 +5 -55
Bath tissue 6 +1 +11 -1 -1
Beer 6 -72 +10 +1 -9
Canned seafood - 6 -62 -5 -3 -11
Canned soup 14 -3 +70 na na
Cereal—hot 10 -2 +30 +5 -35
Cereal—RTE 10 -1 +19 +2 -29
Cheese 8 -1 +2 +3 -11
Cigarettes 10 +3 +9 +3 ~1
Crackers—snack 10 -5 +17 -1 -28
Dish detergent 6 -3 T 49 +2 -20
Front-end candy 13 -3 +16 +1 -1
Frozen entrees ih! -82 +1 +10 -1
Frozen juice 10 -32 +11 +4 -18
Laundry soap 6 -32 +18 +4 -17
Oral care 7 -3 +13 +3 -14
Paper towels 6 =72 +1 ¢} -10
Refrigerated juice 8 0 +11 +3 -6
Soft drinks 24 na? na +10 -22
Averages 10% -3% +15% +3% -18%

na = not applicable

8unit differences between the three pricing conditions statistically significant p < .10.

bprices were increased in Hi-Lo Stores and decreased in EDLP stores.

public of its commitment to the pricing strategy after so
many years of aggressive weekly promotional activity. Wal-
Mart and some of the warehouse clubs, however, follow an
EDLP approach and are successful. Their prices are gener-
ally lower than local competition and they are admired for
their efficient logistic and operating systems. There are
many factors that influence the success of any retail strate-
gy- So we ask a different, more specific question here—how
viable is it for an established grocery retailer with a sub-
stantial installed base of customers to move to an EDLP
pricing strategy? Because we could not experimentally ma-
nipulate price image advertising (all stores are located in the
same media market), we focus solely on the pure price ef-
fect, which will tell us how large the advertising component
must be for EDLP to be a profitable strategy.

As part of a multiyear project focusing on data-driven
micro-marketing, we conducted two large-scale studies to
compare the performance of EDLP with Hi-Lo pricing. The
Micro-Marketing project is a joint venture between the Uni-
versity of Chicago Graduate School of Business, Do-
minick’s Finer Foods (which has a 20% share of metropoli-
tan Chicago grocery sales), and 20 leading packaged goods
companies. The project mission is to utilize marketing in-
formation technology to improve decision making at retail
and better lever existing promotional expenditures. Micro-
marketing seeks to identify the wants and needs of the local
marketplace and then customize strategies at the store level
to exploit trading area differences in consumers and compe-
tition. One of the objectives was to evaluate the viability of
everyday pricing on the basis of micro-market differences in
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price elasticities (Hoch et al. 1995). In addition, a variety of
promotional experiments was conducted.

In two separate series of tests we evaluated the perfor-
mance of EDLP versus Hi-Lo category pricing. The relevant
details follow.

Study 1

Test product categories. We used 19 product categories,
accounting for about 25% of store sales, for the tests. The
categories were diverse (see Table 1); there were high-vol-
ume, high-velocity categories (e.g., soft drinks) as well as
slower movers (e.g., hot cereal). Some categorics offered the
retailer high gross profit margins (cigarettes) and others low
margins (canned soup). In some categories, consumers can
modulate their rate of consumption (refrigerated juice) and
in others, consumption rate is fixed (bath tissue). Finally, the
main retail competitor varied by category, from supermar-
kets (cheese) to drug stores (analgesics) to mass merchant
discounters (detergents). Everyday prices were changed on
over 5000 stock keeping units (SKUs). The participating re-
tailer conducts comprehensive competitive price audits each
week, so we were able to monitor the everyday prices of
other retailers in the market as well. Retail competitors did
not respond with corresponding price changes during the
test period. Lack of competitive reaction was not unexpect-
ed because competitors would have had to execute price
changes on a store-by-store basis.

Everyday pricing conditions. All 86 stores in the Do-
minick’s chain were involved in the test. Stores were as-
signed randomly to three pricing conditions on a category



by category basis. In control stores, all everyday, nonpro-
motional prices were kept at preexisting levels. Price in-
creases and decreases were symmetric around existing con-
trol store levels. In EDLP stores, prices of each brand in a
product category were decreased by a constant factor, rang-
ing from 6% in bath tissue to 24% in soft drinks. On aver-
age, EDLP store prices were decreased by 10% across all 19
categorics. In Hi-Lo stores, prices of each brand in a cate-
gory were increased by the same factor, on average a 10%
increase across all the categories. These category-level in-
creases and decreases maintained the relative price levels of
brands within a category, so substitution patterns between
brands were not likely to change during the test. Because the
competition did not react to these price changes, this meant
that Hi-Lo stores offered prices significantly above the com-
petition, resulting in adverse price comparisons. Contempo-
raneously, EDLP stores benefited from more favorable price
comparisons.

Although everyday prices for individual product cate-
gories varied from store to store, the price of a complete
market-basket of goods across all 19 categories remained
unchanged for each store during the test period. This is be-
cause for any particular store, prices were raised in some
categories and lowered in others. Our rationale for this de-
sign was to ensure that we could obtain a pure read on the
effect of everyday prices for each category without possible
contamination due to the prices of other categorics. At the
point in time the study was conducted, retailers and manu-
facturers were very interested in better understanding the vi-
ability of EDLP on a category-by-category basis. Clearly, it
is important to understand storewide price effects, a phe-
nomenon that we investigate in Study 2 with another series
of experiments, but we believe that the current design was a
necessary first step to understanding everyday pricing.

Pricing test duration. The tests ran for a minimum of 16
weeks. We settled on this test length to balance out two com-
peting concerns. First, 16 weeks provided sufficient oppor-
tunity to learn about prices through multiple (at least two)
category purchases even in the less frequently purchased
health and beauty aid categories. Second, because a majori-
ty of consumers cross-shop multiple retailers, they at least
had the opportunity to learn of price differences. At the same
time, 16 weeks is short enough so that lack of experimental
control does not become a problem. We had access to 170
weeks of historical data. As a sales baseline, we computed
average weekly sales and profits for each store for the 26
weeks immediately preceding the initiation of the test peri-
od. In categories with large seasonal effects (e.g,. canned
soup), we utilized the same 16-week time pericd in the prior
year.

Temporary promotional activity. Promotions occurred as
they would in the normal course of business. About one-
third of unit volume was sold with some form of promo-
tional support: temporary shelf price reductions, feature ad-
vertising, and/or in-store display. The average price reduc-
tion across categories was about 15% below control store
prices. This level of promotion intensity was consistent with
the retailer’s preexisting policy in the test categories.

Promotional prices were equivalent across everyday
price conditions. That is, when an item went on deal, prices
in all stores dropped down to the same price point. This pol-
icy resulted in a greater percentage of savings in Hi-Lo
stores compared with EDLP stores. For example, assume
that the everyday price was $1.99 in control stores, com-
pared with $2.19 in Hi-Lo and $1.79 in EDLP stores. If the
itemn went on deal for $1.49, this results in a 25% savings in
control stores versus 32% and 17% savings in Hi-Lo and
EDLP stores, respectively.

Although average everyday shelf prices were increased
or decreased 10% during our tests, the fact that one-third of
volume was sold at a constant dollar deal depth in all stores
meant that effective out-the-door prices differed from con-
trol prices by only 7% up or down.?

Test implementation. Everyday and promotional price
changes were made using existing scanner technology,
along with shelf tags. This ensured a high-quality imple-
mentation of the pricing tests.

Does our study constitute a reasonable test of the effec-
tiveness of EDLP versus Hi-Lo pricing at retail? There are
several similarities between our operationalization of EDLP
versus Hi-Lo and the IRI study previously mentioned. First,
everyday prices are 20% lower in our EDLP stores com-
pared with 11% in IRI's sample of stores. Second, the extent
of promotional activity was equivalent in the Hi-Lo and
EDLP stores in both our study and IRI’s sample. And final-
ly, because promotional prices in all stores in the chain went
down to the same price point, deal depth in Hi-Lo stores was
significantly greater than in EDLP stores on a percentage
basis. This last point also mimics IRI's findings on deal
depth.

The main difference between our study and EDLP in
practice is that we instituted EDLP on a category-by-cate-
gory basis. This precluded any additive effects of lower
prices that might accumulate across categories, and it pre-
vented broad-scale advertising of EDLP to the public.3
These differences could be important because though con-
sumers may not be very aware of individual product prices,
they may be more likely to notice changes in their overail
grocery bills. It is also the case that these findings occurred
in the Chicago market, where 60% of the market is ddiven by
Hi-Lo operators, though there are several well-known EDLP
supermarket chains in the area (Cub Foods, Omni) along
with KMart, Target, Wal-Mart, and several warehouse clubs.
It is important to keep these similarities and differences in
mind when interpreting the results. This first study therefore

2The calculation works as follows. Assumne that one-third is sold on deal
and two-thirds at regular prices. Consider the difference between EDLP and
control store average prices of a product sold in control stores every day for
$1.00. With an average 15% promotional price reduction off control prices
and a 10% cveryday price cut in the EDLP stores, the average price is a
simple weighted average of deal and everyday prices. That is,

EDLPaverageprice = (1/3*385+2/3°3.90) = .883=.93.
Coatrol average price  (1/3*3.85+2/3*31.00) .950

31t should be pointed out, however, that in-store signage (c.g.. “Check
Out Our Everyday Low Prices on 6-Packs™) was utilized in scveral cate-
gories with no appreciable differences in the results.

EDLP, Hi-Lo, and Margin / 19



is viewed best as a test of the viability of category-level
EDLP.

Results

For each store, we calculated performance measures for unit
volume, dollar sales, and dollar profit. Percentage changes
in weekly store performance were calculated as follows:
(average test performance - average historical perfor-
mance)/(average historical performance). All findings were
indexed to the control stores, which are set to a base of 100
and then subjected to an analysis of variance (Figure 1).

Changes in unit volume. Across-the-board everyday
prices were increased 10% in Hi-Lo stores and decreased
10% in EDLP stores compared with control stores. Ten per-
cent higher Hi-Lo everyday prices led to a 3% decrease in
unit volume on average. Ten percent lower EDLP prices led
to a 3% increase in unit volume. This pattern of results was
very consistent across categories and also held up over the
entire test period (i.e., there was no suggestion of learning).
Table 1 presents more detailed results for individual product
categories. It shows percentage changes in unit sales and
dollar profit for the Hi-Lo and EDLP stores compared with
the control stores that again were indexed to 100. Changes
in everyday price produced statistically significant (p < .10)
changes in unit sales for 7 of the 19 categories. A test com-
bining F-tests (Rosenthal 1991) across all 19 categories in-
dicated that the + 3% change in unit sales was statistically
significant (p < .001). A more important issue, however, is
the economic significance of these changes in unit sales.

Consumers showed little sensitivity to categorywide
changes in everyday prices, an average elasticity of about
—~4 (3% A units/ 7% A net priccs).“ There are several possi-
ble reasons for this, some of which we address subsequent-
ly. We do not believe, however, that the length of the test is
a likely candidate. Although 16 weeks is not long term, it
also is not short term. And in fact, in most of the categories
the test prices remained in effect much longer. We found that
the results remained unchanged over periods of more than
40 weeks and in no case did we observe a shift in the basic
pattern. It is possible that store switching might take more
time to emerge, but after three-quarters of a year, one would
expect to detect larger effects on sales if store switching is a
major factor.

Changes in dollar profits. The gross profit results are
from the retailer’s perspective and are computed using the
retailer’s marginal costs based on an average cost account-
ing system. We found that 10% higher Hi-Lo prices led to a
15% increase in profitability, on average. On the other hand,
10% lower EDLP prices led to an 18% decrease in profits.
Profit results were statistically significant in all 19
categories.

These results are dramatic and ex ante surprising. Con-
sumer demand appears remarkably insensitive to changes in
everyday prices: 10% changes in everyday price resulted in
3% changes in unit sales. It is possible, however, that the
pricc changes were not large enough to be noticed by most

4Using historical data from the same retailer and many of the same cate-
gories, Hoch and colleagues (1994) estimated an average category constant
elasticity of ~1.06.
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consumers, especially in light of all the week-to-week pro-
motional activity. Research has shown that many consumers
do not possess accurate price knowledge (Dickson and
Sawyer 1990). At the same time, however, the 20% price
difference between Hi-Lo and EDLP stores is not trivial, at
least in the eyes of the manufacturers and retailer who par-
ticipated in the study and in light of the 9% difference found
in the IRI study. Moreover, such price changes had a huge
impact on profitability. We also found that consumers re-
sponded identically to price increases and decreases. On the
basis of prior research on reference prices (e.g., Thaler
1985) and our assessment of prevailing retailer intuitions,
we expected that consumers might react more strongly when
faced with price increases (viewed as an out-of-pocket loss)
compared with price decreases (viewed as a potential gain).
We found no evidence of asymmetric response to increasing
and decreasing everyday prices.

The bottom line is that EDLP did not drive volume suf-
ficiently to compensate for lower profit margins. As shown
in Table 1, EDLP led to decreased profitability in every cat-
egory (18 out of 18), and a Hi-Lo pricing strategy led to in-
creased profits in 17 out of 18 categories. There are several
instances in which differences in profitability between Hi-
Lo and EDLP are remarkably large, including analgesics
(75%). canned soup (70%), and hot cereal (65%). In the
cases of analgesics and hot cereal, the large differences in
performance appear to be mainly caused by very low de-
mand elasticities with respect to everyday price. In the case
of canned soup, in which we only raised prices, the large
profit effect also was driven by the fact that the category had
been priced as a loss, leader (meaning low retailer profit
margins) prior to the test.



FIGURE 2
Pricing Experiment Results
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Study 2

We conducted a second everyday pricing study approxi-
mately eight months later. We had two objectives: We want-
ed to replicate our initial study to ensure that our findings
were robust; but more importantly, we wanted to address
one of the limitations of the first study. With our category-
by-category randomization procedure, the average price of
any individual store’s total market basket of goods did not
differ between the pre- and post-test periods. As such, we
may have limited the size of the pure price effect on overall
price image, which in tum might influence store switching
behavior.

Test product categories. The pricing tests were conduct-
ed in 26 product categories accounting for about one-third of
store sales. Additional categories were added to those in-
volved in the initial study. We added several large health and
beauty aid categories (c.g., hair care and grooming prod-
ucts). Everyday prices were changed on over 7500 items.
And as in the first phase, we observed no everyday price re-
sponse by retail competitors.

Everyday pricing conditions. As in the first study, all 86
stores in the Dominick’s chain were involved in the test. The
major procedural difference in Study 2 was that we random-
ly assigned each store to the same everyday pricing condi-
tion consistently across categories. Of the participating
stores, 29 adopted EDLP pricing in all 26 categories, 29
control stores maintained existing retail pricing, and 28
stores adopted Hi-Lo pricing. The average price change
across all categories was about 9%. Because the 26 cate-
gories represent one-third of store volume, this means that
storewide prices were on average 3% lower in EDLP stores
and 3% higher in Hi-Lo stores during the test. Clearly, this
study constitutes a stronger experimental implementation of
changes in store-level everyday prices. We do acknowledge,

however, that the strongest test would involve price changes
on more products and consumer advertising of the store pol-
icy, both features of a real-world EDLP program that are not
achievable in a controlled test.

Pricing test duration. Because of the large number of ev-
eryday price changes that the retailer had to execute, rollouts
were staggered over a one-month period. For analysis pur-
poses, we used a 16-week period after price changes had
been made in all 26 categories. To control for store size and
other idiosyncratic factors, we utilized the same 26-week
sales baselines as in Study 1. Temporary promational activ-
ity was similar to that during the first study, with about 30%
of volume sold on deal and an average price reduction of
15%.

Results. For each store, we calculated performance mea-
sures for unit volume, dollar sales, and dollar profit in a
manner similar to the first study. All findings were then in-
dexed to the control stores, which are set to a base of 100.
As can be seen in Figure 2, the bar chart appears virtually
identical to the Figure 1 results for Study 1. A 9% change in
everyday prices produced a 3% increase in unit sales in the
EDLP stores compared with a 2% decrease in unit sales in
Hi-Lo stores. Changes in unit volume were statistically dif-
ferent (p <.10) in 9 out of 26 categories. Because consumer
demand was insensitive to the price changes, profits de-
creased by 18% with EDLP pricing, and they increased by
17% with Hi-Lo pricing. Significant differences in profits
were observed in all 26 categories.

Summary of the Experiments

In both studies, changes in everyday prices had a small im-
pact on sales volume. In contrast, these price changes pro-
duced substantial differences in category profitability. The
difference in category profits between EDLP and Hi-Lo
pricing were over 32% in Study 1 and over 35% in Study 2.
These are not small differences. In Study 2, we went back
and examined the effect of these pricing changes on two
other store-level performance indicators: customer count,
that is, the average number of customers visiting the store
each week, and dollar sales of all remaining nontest cate-
gories. We found no significant differences between the ev-
eryday pricing conditions, and if anything Hi-Lo stores
showed slightly more positive changes in customer count
during the test period. Moreover, dollar sales of nontest cat-
egories were within .5% of each other, suggesting no
spillover from the test categories, either positive or negative.

We do not imply that a store’s overall price level is not
related to the store choice decision in the long run. If we had
maintained test prices for one to two years, it seems likely
that price eventually would have a more noticeable impact
on volume and store traffic. As an example, a retailer who
raises prices across the board (our Hi-Lo condition) opens
up the possibility that a competitor might begin to advertise
the price disparities that exist. The more important question,
however, is how large the magnitude of the price-store
choice relationship must be to justify an across-the-board
cut in everyday retail prices.
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What Does it Take to Make
EDLP Work?

To our knowledge, our two studies provide the first and only
comparison of EDLP versus Hi-Lo everyday pricing utiliz-
ing tightly contrblled experimental procedures. And al-
though our design ensures high internal validity, an impor-
tant question is how far (if at all) we should generalize our
results. We already have mentioned the limitations of our
study. In Study 1, we changed prices on a categorywide, not
storewide, basis, though we remedied this limitation in
Study 2 by changing one-third of the store’s prices and ob-
served identical results. We also could not advertise the
EDLP price decreases to the public because of a noncon-
tained media market, so the potential for chain-level price
image effects (leading to store switching) clearly is limited.
Moreover, the structure of competition in the Chicago mar-
ket makes it problematic to project to other markets with dif-
ferent competitive structures.

We do feel reasonably confident that our results are rel-
cvant to the decision about whether to pursue EDLP on a
category-by-category basis because that is exactly what our
two studies investigated. Assuming that the retailer’s goal is
increased profitability, it is a bad idea for a full-service su-
permarket to try to compete with more efficient lower-cost
alternative formats by lowering their everyday prices on se-
lected high-volume categories like detergent, soft drinks,
and diapers. Lower prices on selected categories do not
bring new consumers into the store (who in turn might buy
other regularly priced merchandise) at a fast enough rate to
compensate for the lower profit margins.’

We take a different approach, however, to evaluate the
generalizability of our findings for store- and chain-level
implementations of EDLP. We pose the following thought
experiment: Imagine the best possible implementation of
EDLP—a great chainwide advertising campaign, a longer
time horizon for a new price image to form, and a conducive
competitive environment. How much do you believe that
sales would increase in this instance? Although we do not
know with certainty, it is our belief that sales increases
would be substantially greater under these conditions. The
more important question, however, is whether these sales in-
creases would be large enough to maintain or build dollar
profits for the retailer. In other words, what kind of volume
increases are needed to make EDLP work?

Margin Arithmetic

Understanding the economics of EDLP requires some very
simple margin arithmetic to answer the question, “Given a
particular change in everyday prices, what is the attendant
change in volume necessary to maintain profits at the same
level as before the price change?” The answer depends on
two factors: (1) the retailer’s original gross profit margin and

Sht is possible that category-level EDLP might work if backed by a suc-
cessful advertising campaign. We would argue, however, that it is difficult
to establish and maintain a consistent price image for the chain if the re-
tailer is sending mixed advertising messages. An exception might occur for
“stand-alone” departments that are clearly separable from the rest of the
store. For example, some stores appear to pursue successfully some form of
EDLP only on prescription drugs for loss leader purposes.

22/ Journal of Marketing, October 1994

FIGURE 3
Break-Even Volume Change Analysis for an EDLP
or Hi-Lo Pricing Strategy
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(2) the level of everyday price change. The calculation is as
follows:

) Breakeven Change in Volume = -8
w+d

where

7 = original gross profit margin (percentage) and
8 = net change in everyday prices (percentage).

(See Appendix A for derivation details). The top half of Fig-
ure 3 illustrates the needed market response for an EDLP
strategy to “work” given the 7% decrease in net prices we
observed in our study. The bottom half of Figure 3 provides
the same market response information for the case of a 7%
net Hi-Lo price increase.

Margins in the typical supermarket average around 25%
(Supermarket Business 1993). Given an original margin of
25%, Figure 3 shows that unit sales would have to increase
over 39% to make the same dollar profit after a 7% net re-
duction in everyday prices. Stores experienced a 2%—3% in-
crease in our tests, an order of magnitude lower than neces-
sary to break even profitwise. At higher margins, sales in-
creases do not have to be so great. For example, if margins
start at 40%, sales volume must increase 21%; and at 50%,
sales volume must increase 16%. With the exception of a
few general merchandise lines of business, there are few cat-
egories offering such high margins. At lower margins, sales




volume must respond even more dramatically to decreases
in everyday prices. For example, at 15% gross margins, typ-
ical for the high-velocity ready-to-eat breakfast cereal cate-
gory and other categories viewed as loss leaders, a retailer
would need to generate a volume increase of over 87% to
break even with EDLP. Most retail experts find it difficult to
imagine such large sales increases no matter how well
EDLP is implemented.

Figure 3 also illustrates the break-even decreases in sales
volume for a Hi-Lo everyday price increase. It shows that
consumer demand would have to be much more price sensi-
tive than was the case in our studies for a Hi-Lo price in-
crease to reduce dollar profits. With an orginal gross mar-
gin of 25%, unit sales must decrease 22%, more than six
times the amount in our study. At a 15% margin, unit sales
would have to drop over 32% before the retailer begins to
forgo dollar profits. Such massive store defections are pos-
sible but they seem quite unlikely, at least in the short to in-
termediate term.

We have found that retailers and manufacturers have
asymmetric attitudes about raising and lowering prices.
They express more concern about the deleterious market
share effects that might accompany a price increase than
they do about the potential negative implications of lower
percent gross margins. In other words, retailers act as if they
would rather set prices below the monopoly price than
above it (Simester 1994). A natural question to ask is why
retailers would choose to operate in the inelastic region of
the demand curve. We have no definitive answer but can
offer a few possibilities. First is lack of knowledge. Without
systematic price experimentation and expertise in analyzing
large scanner databases, retailers may not know exactly how
price sensitive consumers really are. Moreover, with the vig-
ilant price matching by competitors that characterizes most
local markets, there are few opportunities to observe long-
term store switching that does or does not take place. Sec-
ond, retailers may focus more on increasing market share in
the short run because of a belief (true or false) that higher
market share will lead to greater profits in the long term.
This story makes sense if store switching costs are fairly
high because (1) it will be extremely expensive to attract
back a customer who has defected and (2) the returns on in-
vestments in market share will accrue to the retailer for
years in the future.

How and When Should EDLP
Be Employed?
We do not argue that EDLP is not a viable retail strategy.
Clearly it can be, as is evidenced by the success of Wal-Mart
and others. We do believe, however, that it is important to
understand when and how to use EDLP. Our pricing studies
show that using EDLP on a category-by-category basis to
stave off alternative format competition does not work welil.
If a retailer is going to make EDLP work, it probably has to
be on a chainwide basis so as to benefit from overall store
price image. Because the price alone does not drive volume,
our results isolate how large the advertising component of
EDLP must be for the retailer to gain profits—in the case at
hand, a 36% increase. In executing any pricing strategy,

firms must consider the likely impact on two customer sec-
tors: their installed base of current users and nonusers who
represent potential opportunity for growth.

installed Base Versus Opportunity

For a retailer, the installed base consists of consumers al-
ready shopping at one of their locations, a particular store;,
either as a primary shopping outlet where they buy a major-
ity of their groceries or as a secondary source of supply. The
installed base shops a particular store because of a multitude
of factors. Consumer surveys of retail patronage repeatedly
have found that location/convenience is the most important
factor, followed in order of mention by low prices, assort-
ment, courteous service, good-quality merchandise, and
fresh meat (Amold, Oum, and Tigert 1983). These results
show remarkable stability across time despite changes in
economic conditions, suggesting that the strategic value of
price should be evaluated as one part of a larger portfolio of
attributes.

The main opportunity for a retailer comes from potential
consumers who currently shop at a competitive chain store;
but could shop at store; given the appropriate retail mix of
price and other attributes, If EDLP functions as an effective
economic signal, certain consumers may shift shopping out-
lets. The profit potential of EDLP depends in large part,
however, on the ratio of installed base to new opportunity.
The greater the installed base, the more difficult it will be to
make EDLP pay out. Why? Because EDLP requires forgo-
ing significant profit dollars from the installed base in search
of new opportunity. In our pricing experiments described
previously, we saw that an across-the-board 10% EDLP
price reduction (7% net) required a 39% increase in unit vol-
ume to maintain current levels of dollar profits. One way to
do this is to get the installed base to increase its consump-
tion rate by more than one-third. This may be possible in ex-
pandable categories like snack foods but is not likely for
most grocery categories. Another way to think about this is
that EDLP would need to bring in new business at a rate of
approximately one new customer for every three members
of the installed base. If the installed base is small, which
would be the case for a small firm or a firm entering a new
market, this may be more easily accomplished.

Using price discounting (everyday and promotional) to
attract customers is cheaper when a retailer has few loyal
customers (Simester 1994). But if the Hi-Lo retailer aiready
has substantial market share, sufficient opportunity will be
much more difficult to generate no matter how effectively
EDLP is communicated. Repositioning is always risky and
expensive, and using price as the currency for repositioning
may be even more difficult because of the direct and imme-
diate impact on margins. Apparently, not enough consumers
consider low price an important enough attribute by itseif to
compensate for all the other attributes that bring them into a
particular retail location.

So far, we have focused solely on the revenue side in
evaluating the viability of the everyday price changes ac-
companying a move to EDLP or Hi-Lo. Many retail ob-
servers and proponents of EDLP argue that there are impor-
tant cost savings associated with moving away from a pro-
motion-oriented merchandising strategy to EDLP. We con-
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cur that retailers pursuing less promotion-intense strategies
will incur lower costs because of warchouse and in-store ef-
ficiencies. It is important, however, to distinguish between
the impact of EDLP on two aspects of retail operations: the
“back door” and the “front door.” Recent industry discussion
of EDLP presents a confusing picture.

Back Door Operations

Back door operations involve a logistical partnership be-
tween manufacturer and retailer. The main goals here are (1)
smoothing of the manufacturer’s production process and (2)
reductions in inventory, warehouse, and handling costs for
both the manufacturer and the retailer. Policies that improve
the efficiency of the manufacturer-retailer relationship seem
to be a worthwhile investment. Recent industrywide initia-
tives such as efficient consumer response (ECR), which pro-
motes greater reliance on electronic data interchange (EDI)
and scanner-driven continuous replenishment, will help to
take costs out of the channel.5 Manufacturers and retailers
that are not capable of instituting these logistical efficiencies
will lose an important competitive advantage in the years to
come because large players like Wal-Mart, KMart, and Proc-
ter & Gamble already have made major investments in in-
formation technology.

One food industry practice making it difficult to imple-
ment ECR is trade dealing. In the last decade, trade promo-
tion has grown from about 33% of the total promotion bud-
get to 45% in 1992, mainly at the expense of media adver-
tising (Donnelley Marketing 1993). Buzzell, Quelch, and
Salmon (1990) conducted a highly influential study of pack-
aged goods retailing, in which they argue that the very high
level of trade dealing between manufacturers, retailers, and
wholesalers was adding substantial costs to the distribution
system without providing tangible benefits. They calculated
that trade dealing increased costs by 1.15%-2.0% of retail
sales, excluding added administrative costs. Buzzell,
Quelch, and Salmon maintain that these costs are eventual-
ly passed on to consumers in the form of higher retail prices.

Most of these costs are incurred from forward buying
and diverting activities by large retailers and wholesalers.
Armed with sophisticated buying models, retailers and
wholesalers are able to arbitrage the wide fluctuations in
wholesale prices that accompany periodic trade dealing,
often buying anywhere from 10 to 20 times the inventory
that normally could be sold. Not only does such heavy for-
ward buying result in production discontinuities for manu-
facturers, especially during nationwide promotions, it also
increases inventory holding costs for all parties. Moreover,
it affords opportunities for retailers to offer very aggressive
price deals to consumers (e.g.. 50% off) in an effort to get
rid of excess inventory quickly. Some manufacturers, no-
tably P&G, believe that such steep discounting at retail can
harm brand equity and decrease loyalty. Although it is diffi-
cult to imagine how aggressive sales promotion could in-
crease loyalty, there is no definitive empirical evidence that

SECR is an ambitious cooperative effort by the food industry (Food Mar-
keting Institute) to improve, among other things, coordination between
manufacturers and retailers in an effort to reduce costs and increase
efficiency.
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promotion decreases loyalty; in fact, the most recent evi-
dence suggests that promotion induces brand switching but
has little effect on loyalty (Davis, Inman, and McAlister
1992; Ehrenberg 1988; Neslin and Shoemaker 1989).

Buzzell, Quelch, and Salmon (1990, p. 147) advocate a
manufacturer to retailer pricing policy called “everyday low
purchase price,” (EDLPP), in which the “retailer arranges to
buy product from the manufacturer on an as-needed basis at
a weighted average price reflecting both the proportion of
merchandise bought on a deal basis and the proportion
bought at the regular price.” This EDLPP policy is remark-
ably similar to P&G’s current “Value Pricing” strategy to the
retail trade. Although the jury is still out as to the value of
this policy, it is easy to enumerate the benefits that might ac-
crue to manufacturers and retailers by smoothing out back
door prices. Manufacturers can limit massive forward buy-
ing, which in turn thwarts diverting and reduces high inven-
tory carrying costs for both parties. Manufacturers have
more control over their flow of goods and can utilize pro-
duction facilities more efficiently. Moreover, value pricing
combined with “pay-for-performance” promotion pro-
grams——for example, trade discounts based on scanned units
or category development funds based on a percentage of an-
nual sales volume—can produce higher pass-through of
wholesale cost decreases to the ultimate consumer. It proba-
bly is beneficial to manufacturers if retailers focus on mer-
chandising and spend less time on trying to play the forward
buying arbitrage game. However, retailers and wholesalers
who have been earning a substantial portion of their income
from arbitrage actually may be worse off. There is some ev-
idence that EDLPP may increase the effective cost of goods,
placing greater pressure on profit margins that are already
very low (Orgel 1993).

Operating cost arithmetic. Let us assume that the retail-
er wishes to be no worse off profitwise after the move to
EDLP. How much would operating costs, that is, all costs
over and above the cost of goods sold, have to decrease to
maintain preexisting dollar profits? The answer depends on
four other factors:

7 = the original percent gross margin,

-y = per unit operating costs as a percentage of the original price,
8 = the net percent change in everyday prices, and

¢ = the percent change in unit volume.

The breakeven change in operating costs is then

(2) Breakeven Change in Operating Costs = { + §) (1 + ¢) —n.
Y

Assuming an initial gross margin 7w = 25%, operating
costs as a percentage of the original price of v = 24% (i.e.,
a net profit margin before the price change equal to 1% of
sales), and a net price decrease & = -7%, Figure 4 plots the
needed change in operating costs as a function of different
changes in unit volume. (The derivation is in Appendix A.)
With a volume increase of 39%, no decrease in operating
costs is required for an EDLP strategy to deliver breakeven
profits. This 39% increase in volume exactly matches the
situation laid out in Figure 3. With lower volume increases,
however, costs must be reduced quite dramatically. For ex-




FIGURE 4
Break-Even Cost Reduction Analysis for an
EDLP Pricing Strategy

FIGURE 5
Increasing Promotion Frequency Using
Hyper Hi-Lo Pricing
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ample, with the 3% volume increase observed in our study,
EDLP would need to be accompanied by a 27% decrease in
operating costs. With a 20% increase in volume, operating
costs need to be reduced by over 14%, not an insignificant
amount, especially given the fact that only about half of a
typical retailer’s operating costs are fixed and half vadable.

A breakdown of the typical retailer’s operating costs re-
veals that some costs are compressible and some are not.
ECR and EDLP can reduce warehouse, shipping, and inven-
tory holding .costs, but these usually make up less than
3%-4% of total revenue (and 13%—17% of operating costs).
Labor costs (salary and benefits), on the other hand, are less
compressible, at least in the short run. Wal-Mart is consid-
ered a state-of-the-art retailer in terms of efficient logistics
and information capabilities, but its biggest cost advantage
is labor. It has a nonunionized, short tenure labor force that
by industry estimates is about 50% less expensive per retail
dollar than their supermarket competitors (Mandel 1991).
Because labor expenses make up more than 50% of a super-
market's operating costs, it is difficult to imagine how front
door EDLP, even when coupled with EDLPP and ECR,
could reduce costs enough to make the operating cost arith-
metic pay out. ‘

Front Door Merchandising

Our position is that value pricing at the back door does oot
require EDLP pricing at the front door; that is, EDLPP #
EDLP. And this is where confusion in the media and the
trade has arisen. Most media accounts of P&G’s new pricing
policy have referred to it as EDLP, not value pricing or even
EDLPP. As mentioned previously, however, the ratio of in-
stalled base to opportunity may not warrant a change in re-
tailer strategy from Hi-Lo to EDLP. When a manufacturer
and retailer agree on an EDLPP wholesale pricing relation-
ship, this does not imply that a retailer necessarily should
drop everyday prices at the consumer level immediately. Al-
though lower wholesale prices would give a retailer room to
reduce everyday consumer prices while protecting gross
profit margins, our study suggests that it may not be in the
best interests of the retailer to pass through 100% of these
wholesale price cuts. In fact, they may be better off main-
taining higher margins and using wholesale cost savings to
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fund more aggressive promotional activity intemally, in
essence a “hyper” version of Hi-Lo pricing.

This was the topic of inquiry in our third study. Here we
examined the performance of stores that move to higher ev-
eryday prices and at the same time increase the frequency of
shallow price deals (compare the top and bottom halves of
Figure 5). The basic idea was to examine whether it was
possible to utilize greater promotional activity to reduce the
small market sharefunit volume losses that accompanied
higher everyday prices and at the same time hold onto some
or all of the profit increases.

Study 3

During the everyday pricing experiments in Study 2, we
added an additional promotional pricing manipulation to the
basic EDLP, control, and Hi-Lo design. In half (n = 14) of
the Hi-Lo stores and half (n = 14) of the control stores, we
systematically increased the frequency of shallow price
deals as portrayed in the bottom half of Figure 5. We called
this pricing strategy “Hyper Hi-Lo.” The other Hi-Lo and
control stores maintained a regular (lower) level of tempo-
rary price promotion as shown in the top half of Figure 5.
Random assignment to the regular or Hyper Hi-Lo condition
was determined separately for each category.

Each week the responsible category manager would se-
lect one to five items to place on deal in addition to the large
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number of promotions taking place across the entire chain.
The items were selected so as not to be too competitive with
other chainwide promotions in a category. These items then
were merchandized as “Bonus Buys™ (with appropriate sig-
nage) along with approximately 2000 other items that the
chain regularly promotes week in and week out. Each of the
individual Hyper Hi-Lo items was price promoted down to
regular EDLP price levels for one week. The price course
for an individual item is shown in Figure 5. During the next
week, another item(s) was promoted. These items received
standard bonus buy signage, which consisted of a simple
3.5-inch by 2.5-inch shelf tag, the lower half of which said
“BONUS BUY™ in white letters on a red background.

Results. The basic experimental design was a 2 (Hyper
Hi-Lo versus regular promotion pricing) X 2 (everyday pric-
ing condition [Hi-Lo and control]). EDLP stores were ex-
cluded from the analysis because they always had the low
price. To test the effectiveness of this pricing strategy, we
compared changes in total category unit volume and dollar
profits in the Hyper Hi-Lo stores with those in the regular
stores over a 16-week test period. The test was implement-
ed in 18 categories. The results appear in Table 2, collapsing
across the control and Hi-Lo everyday pricing conditions.
Overall, Hyper Hi-Lo pricing increased unit volume by
3.2%. The magnitude of the increase was not large but it was
consistent, occurring in all 18 categories with p <.10in 7 of
18 individual categories. Combining across the 18 cate-
gories, this increase in volume is statistically significant
(p < .001) and, more importantly, economically significant.
To put this resuit in proper perspective, we should note that
this Hyper Hi-Lo sales increase was larger than the corre-
sponding 2.1% sales decrease that accompanied a move to
Hi-Lo everyday pricing. Hyper Hi-Lo pricing also produced
a 4.1% increase in dollar profits (p < .001). The cffect of
Hyper Hi-Lo pricing did not depend on (i.c., interact with)
the everyday pricing condition in which it was implement-
ed, which is a bit surprising because the percentage deal
depth in Hi-Lo stores was twice as big as in the control
stores.

These are irnportant results because they suggest that it
is possible for a retailer to retain the increased profits accru-
ing to higher everyday prices and at the same time maintain
unit sales levels and market share by systematically increas-
ing the frequency of shallow price discounts. We do not
argue that such a pricing strategy is the best alternative for
all retailers but simply that it is a viable option depending on
market position.

Summary. In our view, front door strategies should be
designed primarily to improve in-store interactions with the
consumer. This may involve attempts to increase novelty
and excitement through creative weekly promotional activi-
ty. In a typical supermarket, 20%-25% of the business is
driven by fresh meat and produce. The seasonal nature of
these two commodity groups produces a highly variable re-
tail environment, a condition that will remain so for the fore-
seeabie future despite rapid advances in biotechnology.
Front door merchandising and pricing in a Hi-Lo market
does not necessarily sabotage the value of a net pricing back
door policy. True, it is a more difficult problem to solve be-
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TABLE 2
Detailed Resuits from the Hyper Hi-Lo

Experiments
Percent Change
Hyper Hi-Lo Compared

Product Category—Level With Regular Pricing
Category Price Changex Units Profit
Analgesics 10 +6.62 +3.8
Bath tissue 8 +7.12 +9.3%
Canned seafood 10 +4.28 +3.9
Canned soup 7 .4 +25
Cereal—hot 10 +.9 +4.62
Cereal—RTE 7 +2.7 +5.82
Cheese 10 +1.6 +1.1
Cookies 10 +29 +8.12
Crackers—snack 10 +4.32 +5.42
Dish detergent 7 +2.7 +4.9
Fabric softener 10 +23 +9
Front-end candy 13 +4.42 +5.13
Frozen Entrees 10 +.6 -1
Frozen Juice 10 +2.0 +5.92
Laundry soap 10 +4.32 +5.8%
Oral care 7 +5.02 +.4
Paper towels 10 +32 +4.1
Refrigerated juice 10 +1.3 +1.0
Averages 9.4% +3.2% +4.1%

%unit ditferences between the three pricing conditions statisticaily
significant p < .10.

cause the retailer and manufacturer must improve their abil-
ity to forecast a more volatile sales pattern at retail. But the
promotion spikes at retail caused by consumer purchase ac-
celeration are much smaller (3 to 5 times regular sales on av-
erage) than those induced by trade forward buying (10 to 20
times average sales) (Blattberg and Neslin 1990). A single,
uniform solution of back and front door EDLP may not be
in the best interests of either manufacturer or retailer.

Conclusion

Retail diversity is a reality. Although some retailers have
made EDLP work, other merchants like Von's Pavilion,
Fresh Fields, Smith’s, and Gelson’s have been successful in
moving upscale, providing high-quality, full-service, value-
added grocery environments. Manufacturers must leam to
manage a portfolio of retail formats, cach with different seg-
ments of customers. We found that EDLP gave a small (3%
increase in units) win to manufacturers. At the same time,
EDLP represented a big loss for the retailer (18% decrease
in profits). Attempts to impose front door EDLP on all re-
tailers is probably counterproductive because eventually the
manufacturer will have to pay for retailers’ lost profits. In-
stead, manufacturers would be better served focusing on im-
proved back door solutions and let the retailer take care of
the front door. Together these two strategies—more targeted
micro-market merchandising and promotions on the froat
end combined with improved logistics on the back end—are
defensible competitive strategies. Price is not a defensible
point of differentiation for 2 firm unless it already has the
appropriate operating cost structure in place. Major airlines
like American apparently have recognized this issue, be-
cause they abandoned the idea of imitating the low-cost,




low-service strategy that has been so successful for South-
west Airlines (O'Brien 1993). Retailers can be profitable
charging low prices, but only when they have low costs.
Price alone will not drive a business even during tough eco-
nomic times.

Appendix A

This appendix provides derivations of margin arithmetic and
operating cost arithmetic. Given a change in policy,
breakeven occurs when net profits are equal before and after
the policy change, that is,

(A1) (p-c)q-fg=[p(l +8)-c)q(l + $)] - fq(l +\),

where p = price, ¢ = cost of goods, f = per unit operating
costs, 8 = % change in price, ¢ = % change in unit volume,
and A\ = % change in operating costs. For present purposes
we assume that all operating costs are fixed, that is, no com-
ponent of operating costs increases with increases in sales
volume. When some operating costs actually are variable,
our formulations provide conservative lower bounds on the
volume increases and cost decreases that are required to
make a move to EDLP pay out for the retailer.

If we divide both sides of Equation A1 by pq and substi-
tute 7 = (p — c)/p = gross profit margin and y = f/p = per unit
operating costs as a % of the original price, we are left with

(A2) w-y=(m+d)(l+¢)-v(1 +N).

Arithmetic Derivation

For the simple formulation shown in Equation 1, we want to
calculate the break-even change in volume, ¢, assuming that
the everyday price change has no impact on operating costs,
that is, A = 0. Then Equation A2 reduces to

w=(w+ 31 +¢)

or

(A3) b= b .

Operating Cost Arithmetic Derivation

Calculation of the break-even change in operating costs, A,
as shown in Equation 2, comes by rearranging the terms in
Equation A2:

YI+N) -y=(T+d)(1+¢)~7

or

(A4) A=(m+U+d) -1
N
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A study examines the viability of an "everyday low price” (EDLP) strategy in the supermarket
industry. In 2 series of field experiments in 26 product categories conducted in an 86-store grocery
chain, it was found that 10% EDLP category price decrease led to a 3% sales volume increase,
whereas a 10% Hi-Lo price increase led to a 3% sales decrease. Because consumer demand did
not respond much to changes in everyday price, large differences were found in profitability. An
EDLP policy reduced profits by 18%, and Hi-Lo pricing increased profits by 15%. In a 3rd study,
the frequency of shallow price deals are increased in the context of higher everyday prices and a
3% increase is found in unit volume, plus a 4% increase in profit. A conceptual distinction is drawn
between "value pricing" at the back door and EDLP pricing at the front door.
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Retail formats come and go with changes in consumer tastes, lifestyles, and trends in demography and the
economy. Recently it is the "everyday low price" (EDLP) format that has experienced rapid growth and media
popularity. The prototypical description of an EDLP pricing policy is as follows: The retailer charges a constant,
lower everyday price with no temporary price discounts. These constant everyday prices at the EDLP outlet
eliminate week-to-week price uncertainty and represent a contrast to the “Hi-Lo" pricing of promotion-oriented
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competitors. The Hi-Lo retailer charges higher prices on an everyday basis but then runs frequent promotions in
which prices are temporarily lowered below the EDLP level.(1) Discounters like @wWal-Mart have led the EDLP
wave and successfully encroached on the turf of supermarkets and department and drug stores by advertising
that their everyday prices are "always the lowest" to be found. Warehouse club operations like Sam's, @Costco,
and others also have grown rapidly by pursuing limited assortment and limited service EDLP price strategies
while using well-known brand names as a draw. Nonretail industries have adopted versions of EDLP, notably the
airlines (Southwest) and automabile manufacturers (Satum).

Some grocery supermarket retailers aiso have implemented various forms of the EDLP concept including Food
Lion, Winn-Dixie, Cub Foods, and Omni, among others. There are big differences in EDLP penetration across
geographical markets, EDLP being more prevalent in Southern areas (Binningham, AL, 78%; New Orleans, 61%)
and less popular in Northeastern areas (Upstate New York, < 5%; Boston, 16%) (Partch 1992). Moreover, some
supermarket retailers have adopted EDLP on a more limited level, what sometimes has been labeled category-
level EDLP. Here, they institute EDLP on a focal category like soft drinks or diapers in an attempt to build traffic
and stave off competition from altemative retail formats.

Various rationales for adopting EDLP have been advanced. First, it has been argued that heavy price promotion
has eroded consumer confidence in the credibility of everyday shelf prices (Ortmeyer, Quelch, and Salmon

With an EDLP approach, it may be possible to restore price credibility. Because EDLP is simple and consistent, it
may be easier to communicate to consumers and therefore to increase the chances of establishing a low price
image through advertising. It also reduces managerial costs because it is easy to implement by simply matching
or beating the most aggressive local competition. This assumes, of course, that the retailer has an appropriate
cost structure in place.

Second, EDLP often is assumed to lower operating costs. These lower costs can be achieved in three primary
ways: (1) reduced service and assortment, (2) reduced inventory and warehouse handling costs due to steady
and more predictable demand, and (3) lower in-store labor costs because of less frequent changeovers in special
displays. Warehouse operators gain additional cost savings due to less expensive locations and nonunionized
labor. Lattin and Ortmeyer (1991) argue that EDLP also can reduce advertising expenses; for example, @Wal-
Mart feature advertises in newspapers on a monthly basis, whereas many of their competitors do promotional
advertising 52 weeks a year.

In spite of these apparent advantages, most retailers have not adopted EDLP. According to a recent survey of the
top 50 U.S. retail markets, 26% of supermarket retailers are pursing some form of EDLP (Partch 1992). This
means that the remaining 74% are Hi-Lo promotion-oriented operators. The question is why. The dominant

is that retailers can price discriminate between consumers that vary in price sensitivity, one of the most basic and
long-standing principles in economics (Pigou 1920). Hi-Lo pricing allows the retailer to discriminate between
informed and uninformed consumers ((&Varian 1980). When heavy users of a product category also have higher
inventory holding costs, retailers can use temporary price cuts to effectively charge them higher average prices
(Blattberg, Eppen, and Lieberman 1981; Jeuland and Narasimhan 1985). With a Hi-Lo policy, retailers can attract
price-sensitive switchers with promotions to build store traffic while store-loyal consumers buy merchandise both
on deal and at higher everyday prices (Narasimhan 1988). Temporary price discounts also can lead to category
expansion when consumption rates are more flexible (e.g., ready-to-eat cereal as compared with bath tissue).
Many Hi-Lo retailers also believe that aggressive temporary price reductions help to sustain a low-price value
image.

In this article we examine the viability of an EDLP pricing strategy in the supermarket grocery industry. The article
addresses four questions:

1. What is EDLP in practice? A comprehensive study (DInformation Resources, Inc. 1993) has found that
although EDLP stores maintain lower prices on an everyday basis, they sell about the same amount of product
deal as Hi-Lo operators. This suggests that the nonpromotion prototype described previously is not

of how EDLP actually is executed in the field. Self-avowed EDLP chains do engage in promotional pricing, and in
fact some engage in as much promotional activity as the Hi-Lo chains.

2. How well does EDLP work? We report the resuits of two comprehensive field experiments in which everyday
prices were varied systematically on over 7500 items in 26 categories. We did not test the idealized

EDLP prototype described at the outset but instead attempted to create test conditions that more closely matched
actual practice. We found that 10 across-the-board price cuts do not drive volume sufficiently to overcome
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decreases in profit margins. In fact, gross profits were over 35% greater when employing a Hi-Lo versus an EDLP
strategy.

3. What does it take to make EDLP work? We offer a simple framework for calculating the magnitude of the
volume increases that EDLP would have to produce to break even profitwise. We also consider the profit
implications of decreases in operating costs that might accompany a move to EDLP. This makes it easier to
evaluate the likelihood that EDLP would pay out in an implementation in which competitive conditions and
historical precedent might differ from the market we studied.

4. When and how should EDLP be employed? We consider how the size of a retailer's installed base of
consumers can affect the viability of EDLP. We also distinguish between a "value pricing” strategy at the
wholesale level (i.e., the "back door" of the store) and EDLP pricing at the retailer's “front door" (where
consumers actuaily shop).

WHAT IS EDLP IN PRACTICE?

in March 1993, Oinformation Resources, Inc. (IR} completed a study of EDLP pricing in supermarkets utilizing
their nationwide InfoScan syndicated database. Although a pure EDLP strategy implies low everyday prices with
no temporary price promaotion activity, IR! found that *true" EDLP rarely exists. Instead, it takes on many forms:
chainwide, storewide, and categorywide. Because there are many hybrids, EDLP is best seen as a continuum.
IRI compared the extremes: the 12% most EDLP-like stores versus the 204b most promotion-oriented (Hi-Lo)
operators in their geographically diverse 3000-store sample. Representative EDLP operators included Cub, Food
Lion, Lucky, Omni, and Winn-Dixie. Hi-Lo operators included A&P, @Dominick's, Jewel, @Safeway, and Von's.
Among many other findings, three interesting facts surfaced about EDLP in practice:

1. EDLP store prices are on average 9% below Hi-Lo stores. EDLP store prices were 11% below on an everyday
basis and 6%, below on a promotion basis.

2. EDLP stores sell just as much merchandise on deat as Hi-Lo operators. 26% of overall store volume is sold
with some form of merchandising support in EDLP stores, whereas 24% of volume is sold with merchandising
support in Hi-Lo stores.

3. Percentage price reductions are less deep in EDLP stores. Discounts off everyday prices offer greater savings
(percentagewise) in Hi-Lo stores, about 33% more.

In our experience, these facts do not always match up with the stylized “no-promotion EDLP" prototype that many
industry observers maintain, a prototype that is much more consistent with warehouse clubs than with EDLP food
retailers. Game theoretic analyses (Lal and Rao 1993; Lattin and Ortmeyer 1991) also have assumed that an
EDLP strategy is characterized by constant prices (no temporary price deais) that are in between the Hi-Lo
operator's regular and deal prices. This "pure” EDLP strategy is an interesting concept in theory but apparently is
not pursued widely in practice. Even Food Lion, an acknowledged EDLP limited assortment chain with over 1000
outlets, offers hundreds of temporary price reductions each week. We designed our empirical implementation of
EDLP to match the three characteristics listed previously: lower everyday prices, the same level of promotional
activity as the Hi-Lo stores, and smaller price discounts off regular price on a percentage basis. One important
limitation to our studies is that we did not widely advertise the existence of lower everyday prices.

HOW WELL DOES EDLP WORK?

For EDLP to increase volume substantially, a prerequisite for success given lower gross margins, the strategy
must create a low-price image in the mind of the consumer. A change in price image is required to induce at least
some consumers to switch stores. We partition the determinants of price image into three components: a pure
price effect, a pure advertising effect, and an interaction of actual prices and image advertising (cf. Hoch and
Deighton 1989). It is easy to imagine that a reduction in prices without advertising support might not be enough to
change price image, at least in the short run. Moreover, any positive benefits from price advertising not backed
by lower actual prices would seem to be difficult to sustain in the long run. As such, lower everyday prices may be
a necessary but not sufficient condition for EDLP success.

So how well does EDLP work? The answer to this question is that it depends. @Sears Roebuck could not make
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EDLP work, possibly because it did not convince the American mlic of its commitment to the pricing strategy
after so many years of aggressive weekly promotional activity. (dWal-Mart and some of the warehouse clubs,
however, follow an EDLP approach and are successful. Their prices are generaily lower than local competition
and they are admired for their efficient logistic and operating systems. There are many factors that influence the
success of any retail strategy. So we ask a different, more specific question here--how viable is it for an
established grocery retailer with a substantial installed base of customers to move to an EDLP pricing strategy?
Because we could not experimentally manipulate price image advertising (all stores are located in the same
media market), we focus solely on the pure price effect, which will tell us how large the advertising component
must be for EDLP to be a profitable strategy.

As part of a multiyear project focusing on data-driven micro-marketing, we conducted two large-scale studies to
compare the performance of EDLP with Hi-Lo pricing. The Micro-Marketing project is a joint venture between the
University of Chicago Graduate School of Business, (ODominick's Finer Foods (which has a 20% share of
metropolitan Chicago grocery sales), and 20 leading packaged goods companies. The project mission is to utilize
marketing information technology to improve decision making at retail and better fever existing promotional
expenditures. Micromarketing seeks to identify the wants and needs of the local marketplace and then customize
strategies at the store level to exploit trading area differences in consumers and competition. One of the
objectives was to evaluate the viability of everyday pricing on the basis of micro-market differences in price
elasticities (Hoch et al. 1995). In addition, a variety of promotional experiments was conducted.

In two separate series of tests we evaluated the performance of EDLP versus Hi-Lo category pricing. The
relevant details follow.

STUDY 1

Test product categories. We used 19 product categories, accounting for about 25% of store sales, for the tests.
The categories were diverse (see Table 1); there were high-volume, high-velocity categories {(e.g., soft drinks) as
well as slower movers (e.g., hot cereal). (Table 1 omitted) Some categories offered the retailer high gross profit
margins (cigarettes) and others low margins (canned soup). In some categories, consumers can modulate their
rate of consumption (refrigerated juice) and in others, consumption rate is fixed (bath tissue). Finally, the main
retail competitor varied by category, from supermarkets (cheese) to drug stores (anaigesics) to mass merchant
discounters (detergents). Everyday prices were changed on over 5000 stock keeping units (SKUs). The
participating retailer conducts comprehensive competitive price audits each week, so we were able to monitor the
everyday prices of other retailers in the market as well. Retail competitors did not respond with corresponding
price changes during the test period. Lack of competitive reaction was not unexpected because competitors
would have had to execute price changes on a store-by-store basis.

Everyday pricing conditions. All 86 stores in the @Dominick's chain were involved in the test. Stores were
assigned randomly to three pricing conditions on a category by category basis. In control stores, all everyday,
nonpromotional prices were kept at preexisting levels. Price increases and decreases were symmetric around
existing control store levels. In EDLP stores, prices of each brand in a product category were decreased by a
constant factor, ranging from 6% in bath tissue to 24% in soft drinks. On average, EDLP store prices were
decreased by 10% across all 19 categories. In Hi-Lo stores, prices of each brand in a category were increased by
the same factor, on average a 10% increase across all the categories. These category-level increases and
decreases maintained the relative price levels of brands within a category, so substitution pattems between
brands were not likely to change during the test. Because the competition did not react to these price changes,
this meant that Hi-Lo stores offered prices significantly above the competition, resulting in adverse price
comparisons. Contemporaneously, EDLP stores benefited from more favorable price comparisons.

Aithough everyday prices for individual product categories varied from store to store, the price of a complete
market-basket of goods across all 19 categories remained unchanged for each store during the test period. This
is because for any particular store, prices were raised in some categories and lowered in others. Our rationale for
this design was to ensure that we could obtain a pure read on the effect of everyday prices for each category
without possible contamination due to the prices of other categories. At the point in time the study was

retailers and manufacturers were very interested in better understanding the viability of EDLP on a category-by-
category basis. Clearly, it is important to understand storewide price effects, a phenomenon that we investigate in
Study 2 with another series of experiments, but we believe that the current design was a necessary first step to
understanding everyday pricing.
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Pricing test duration. The tests ran for a minimum of 16 weeks. We settied on this test length to balance out two
competing concemns. First, 16 weeks provided sufficient opportunity to iearm about prices through multiple (at
least two) category purchases even in the less frequently purchased health and beauty aid categories. Second,
because a majority of consumers cross-shop multiple retailers, they at least had the opportunity to learn of price
differences. At'the same time, 16 weeks is short enough so that lack of experimental control does not become a
problem. We had access to 170 weeks of historical data. As a sales baseline, we computed average weekly
and profits for each store for the 26 weeks immediately preceding the initiation of the test period. In categories
with large seasonal effects (e.g., canned soup), we utilized the same 16-week time period in the prior year.

Temporary promotional activity. Promaotions occurred as they would in the normal course of business. About
onethird of unit volume was sold with some form of promotional support: temporary shelf price reductions, feature
advertising, and/or in-store display. The average price reduction across categories was about 15% below control
store prices. This level of promotion intensity was consistent with the retailer's preexisting policy in the test
categories.

Promotional prices were equivalent across everyday price conditions. That is, when an item went on deal, prices
in all stores dropped down to the same price point. This policy resulted in a greater percentage of savings in Hi-
Lo stores compared with EDLP stores. For example, assume that the everyday price was $1.99 in control stores,
compared with $2.19 in Hi-Lo and $1.79 in EDLP stores. If the item went on deal for $1.49, this results in a 25%
savings in control stores versus 32% and 17 savings in Hi-Lo and EDLP stores, respectively.

Although average everyday shelf prices were increased or decreased 10% during our tests, the fact that one-third
of volume was sold at a constant doliar deal depth in all stores meant that effective out-the-door prices differed
from controi prices by only 7% up or down.(2)

Test implementation. Everyday and promotional price changes were made using existing scanner technology,
along with shelf tags. This ensured a high-quality implementation of the pricing tests.

Does our study constitute a reasonable test of the effectiveness of EDLP versus Hi-Lo pricing at retail? There are
several similarities between our operationalization of EDLP versus Hi-Lo and the IRI study previously mentioned.
First, everyday prices are 20% lower in our EDLP stores compared with 11% in IRi's sample of stores. Second,
the extent of promotional activity was equivalent in the Hi-Lo and EDLP stores in both our study and IRI's sample.
And finally, because promational prices in all stores in the chain went down to the same price point, deal depth in
Hi-Lo stores was significantly greater than in EDLP stores on a percentage basis. This last point also mimics IRI's
findings on deal depth.

The main difference between our study and EDLP in practice is that we instituted EDLP on a category-by-
category basis. This precluded any additive effects of lower prices that might accumulate across categories, and
it prevented broad-scale advertising of EDLP to the public.(3) These differences could be important because
though consumers may not be very aware of individual product prices, they may be more likely to notice changes
in their overall grocery bills. it is also the case that these findings occurred in the Chicago market, where 60% of
the market is driven by Hi-L.o operators, though there are several well-known EDLP supermarket chains in the
area (Cub Foods, Omni) along with @KMart, @Target, @®Wal-Mart, and several warehouse clubs. It is important
to keep these similarities and differences in mind when interpreting the results. This first study therefore is viewed
best as a test of the viability of category-levei EDLP.

RESULTS

For each store, we calculated performance measures for unit volume, dollar sales, and dollar profit. Percentage
changes in weekly store performance were caiculated as follows: (average test performance--average historical
performance)/(average historical performance). All findings were indexed to the control stores, which are setto a
base of 100 and then subjected to an analysis of variance (Figure 1). {Figure 1 omitted)

Changes in unit volume. Across-the-board everyday prices were increased 10% in Hi-Lo stores and decreased
10% in EDLP stores compared with control stores. Ten percent higher Hi-Lo everyday prices led to a 3%
decrease in unit volume on average. Ten percent lower EDLP prices led to a 3% increase in unit volume. This
pattern of results was very consistent across categories and also held up over the entire test period (i.e., there
was no suggestion of learning). Table 1 presents more detailed results for individual product categories. It shows
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percentage changes in unit sales and dollar profit for the Hi-Lo and EDLP stores compared with the control stores
that again were indexed to 100. Changes in everyday price produced statisticaily significant (p < .10) changes in
unit sales for 7 of the 19 categories. A test combining F-tests (Rosenthal 1991) across all 19 categories indicated
that the t 3% change in unit sales was statistically significant (p < .001). A more important issue, however, is the
economic significance of these changes in unit sales.

Consumers showed little sensitivity to categorywide changes in everyday prices, an average elasticity of about -.4
(3% units/7% net prices).4 There are several possible reasons for this, some of which we address subsequently.
We do not believe, however, that the length of the test is a likely candidate. Although 16 weeks is not long term, it
also is not short term. And in fact, in most of the categories the test prices remained in effect much longer. We
found that the results remained unchanged over periods of more than 40 weeks and in no case did we observe a
shift in the basic pattern. It is possible that store switching might take more time to emerge, but after three-
quarters of a year, one would expect to detect larger effects on sales if store switching is a major factor.

Changes in dollar profits. The gross profit results are from the retailer's perspective and are computed using the
retailer's marginal costs based on an average cost accounting system. We found that 10% higher Hi-Lo prices led
to a 15% increase in profitability, on average. On the other hand, 10% lower EDLP prices led to an 18% decrease
in profits. Profit resuits were statistically significant in all 19 categories.

These results are dramatic and ex ante surprising. Consumer demand appears remarkably insensitive to

in everyday prices: 10% changes in everyday price resuited in 3% changes in unit sales. it is possible, however,
that the price changes were not large enough to be noticed by most consumers, especially in light of ali the week-
to-week promotional activity. Research has shown that many consumers do not possess accurate price
knowledge (Dickson and Sawyer 1990). At the same time, however, the 20% price difference between Hi-Lo and
EDLP stores is not trivial, at least in the eyes of the manufacturers and retailer who participated in the study and
in light of the 9% difference found in the IRI study. Moreover, such price changes had a huge impact on
profitability. We also found that consumers responded identically to price increases and decreases. On the basis
of prior research on reference prices {e.g., Thaler 1985) and our assessment of prevailing retailer intuitions, we
expected that consumers might react more strongly when faced with price increases (viewed as an out-of-pocket
loss) compared with price decreases (viewed as a potential gain). We found no evidence of asymmetric response
to increasing and decreasing everyday prices.

The bottom line is that EDLP did not drive volume sufficiently to compensate for lower profit margins. As shown in
Table 1, EDLP led to decreased profitability in every category (18 out of 18), and a Hi-Lo pricing strategy led to
increased profits in 17 out of 18 categories. There are several instances in which differences in profitability
between Hi-Lo and EDLP are remarkably large, including analgesics (75%), canned soup (70%), and hot cereal
(65%). In the cases of analgesics and hot cereal, the large differences in performance appear to be mainly
caused by very low demand elasticities with respect to everyday price. In the case of canned soup, in which we
only raised prices, the farge profit effect also was driven by the fact that the category had been priced as a loss
leader {meaning low retailer profit margins) prior to the test.

STUDY 2

We conducted a second everyday pricing study approximately eight months later. We had two objectives: We
wanted to replicate our initial study to ensure that our findings were robust; but more importantly, we wanted to
address one of the limitations of the first study. With our category-by-category randomization procedure, the
average price of any individual store's total market basket of goods did not differ between the pre- and post-test
periods. As such, we may have limited the size of the pure price effect on overall price image, which in turn might
influence store switching behavior.

Test product categories. The pricing tests were conducted in 26 product categories accounting for about one-third
of store sales. Additional categories were added to those involved in the initial study. We added several large
health and beauty aid categories (e.g., hair care and grooming products). Everyday prices were changed on over
7500 items. And as in the first phase, we observed no everyday price response by retail competitors.

Everyday pricing conditions. As in the first study, all 86 stores in the ®Dominick's chain were involved in the test.
The major procedural difference in Study 2 was that we randomly assigned each store to the same everyday
pricing condition consistently across categories. Of the participating stores, 29 adopted EDLP pricing in all 26
categories, 29 control stores maintained existing retail pricing, and 28 stores adopted Hi-Lo pricing. The average
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price change across all categories was about 9%. Because the 26 categories represent one-third of store volume,
this means that storewide prices were on average 3% lower in EDLP stores and 3% higher in Hi-Lo stores during
the test. Clearly, this study constitutes a stronger experimental implementation of changes in store-level everyday
prices. We do acknowledge, however, that the strongest test would involve price changes on more products and
consumer advertising of the store policy, both features of a real-world EDLP program that are not achievable in a
controlled test.

Pricing test duration. Becauss of the large number of everyday price changes that the retailer had to execute,
rollouts were staggered over a one-month period. For analysis purposes, we used a 16-week petriod after price
changes had been made in all 26 categories. To control for store size and other idiosyncratic factors, we utilized
the same 26-week sales baselines as in Study 1. Temporary promotional activity was simitar to that during the
first study, with about 30% of volume sold on deal and an average price reduction of 15%.

Results. For each store, we calculated performance measures for unit volume, dollar sales, and dollar profit in a
manner similar to the first study. All findings were then indexed to the control stores, which are set to a base of
100. As can be seen in Figure 2, the bar chart appears virtually identical to the Figure 1 resuits for Study 1. A 9%
change in everyday prices produced a 3% increase in unit sales in the EDLP stores compared with a 2%
decrease in unit sales in Hi-Lo stores. Changes in unit volume were statistically different (p < .10) in 9 out of 26
categories. Because consumer demand was insensitive to the price changes, profits decreased by 18% with
EDLP pricing, and they increased by 17% with Hi-Lo pricing. Significant differences in profits were observed in all
26 categories.

SUMMARY OF THE EXPERIMENTS

in both studies, changes in everyday prices had a small impact on sales volume. in contrast, these price changes
produced substantial differences in category profitability. The difference in category profits between EDLP and Hi-
Lo pricing were over 32% in Study 1 and over 35% in Study 2. These are not smali differences. In Study 2, we
went back and examined the effect of these pricing changes on two other store-level performance indicators:
customer count, that is, the average number of customers visiting the store each week, and dollar sales of all
remaining nontest categories. We found no significant differences between the everyday pricing conditions, and if
anything Hi-Lo stores showed slightly more positive changes in customer count during the test period. Moreover,
dollar sales of nontest categories were within .5% of each other, suggesting no spillover from the test categories,
either positive or negative.

We do not imply that a store's overall price level is not related to the store choice decision in the long run. If we
had maintained test prices for one to two years, it seems likely that price eventually would have a more

impact on volume and store traffic. As an example, a retailer who raises prices across the board (our Hi-Lo
condition) opens up the possibility that a competitor might begin to advertise the price disparities that exist. The
more important question, however, is how large the magnitude of the price-store choice relationship must be to
justity an across-the-board cut in everyday retail prices.

WHAT DOES IT TAKE TO MAKE EDLP WORK?

To our knowledge, our two studies provide the first and only comparison of EDLP versus Hi-Lo everyday pricing
utilizing tightly controlled experimental procedures. And although our design ensures high intemmal validity, an
important question is how far (if at all) we should generalize our results. We already have mentioned the
limitations of our study. In Study 1, we changed prices on a categorywide, not storewide, basis, though we
remedied this limitation in Study 2 by changing one-third of the store's prices and observed identical results. We
also could not advertise the EDLP price decreases to the public because of a noncontained media market, so the
potential for chain-level price image effects (leading to store switching) clearly is limited. Moreover, the structure
of competition in the Chicago market makes it problematic to project to other markets with different competitive
structures.

We do feel reasonably confident that our results are relevant to the decision about whether to pursue EDLP on a
category-by-category basis because that is exactly what our two studies investigated. Assuming that the retailer's
goal is increased profitability, it is a bad idea for a full-service supermarket to try to compete with more efficient
lower-cost alternative formats by lowering their everyday prices on selected high-volume categories like
detergent, soft drinks, and diapers. Lower prices on selected categories do not bring new consumers into the
store (who in turn might buy other regularly priced merchandise) at a fast enough rate to compensate for the
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lower profit margins.(5)

We take a different approach, however, to evaluate the generalizabiiity of our findings for store-and chain-level
implementations of EDLP. We pose the following thought experiment: Imagine the best possible implementation
ot EDLP--a great chainwide advertising campaign, a longer time horizon for @ new price image to form, and a
conducive competitive environment. How much do you believe that sales would increase in this instance?
Aithough we do not know with certainty, it is our belief that sales increases would be substantially greater under
these conditions. The more important question, however, is whether these sales increases would be large
enough to maintain or build dofiar profits for the retailer. In other words, what kind of volume increases are
needed to make EDLP work?

MARGIN ARITHMETIC

Understanding the economics of EDLP requires some very simple margin arithmetic to answer the question,
"Given a particular change in everyday prices, what is the attendant change in volume necessary to maintain
profits at the same level as before the price change?* The answer depends on two factors: (1) the retailer's
original gross profit margin and (2) the level of everyday price change. The calculation is as follows: (equation
omitted)

(See Appendix A for derivation details). The top half of Figure 3 iliustrates the needed market response for an
EDLP strategy to "work" given the 7% decrease in net prices we observed in our study. (Figure 3 omitted) The
bottorn half of Figure 3 provides the same market response information for the case of a 7% net Hi-Lo price
increase.

Margins in the typical supermarket average around 25% (Supermarket Business 1993). Given an original margin
of 25%, Figure 3 shows that unit sales would have to increase over 39% to make the same dollar profit after a 7%
net reduction in everyday prices. Stores experienced a 2%-3% increase in our tests, an order of magnitude lower
than necessary to break even profitwise. At higher margins, sales increases do not have to be so great. For
example, if margins start at 40%, sales volume must increase 21%; and at 50%, sales volume must increase
16%. With the exception of a few general merchandise lines of business, there are few categories offering such
high margins. At lower margins, sales volume must respond even more dramatically to decreases in everyday
prices. For example, at 15% gross margins, typical for the high-velocity ready-to-eat breakfast cereal category
and other categories viewed as loss leaders, a retailer would need to generate a volume increase of over 87% to
break even with EDLP. Most retail experts find it difficult to imagine such large sales increases no matter how
EDLP is implemented.

Figure 3 also illustrates the break-even decreases in sales volume for a Hi-Lo everyday price increase. It shows
that consumer demand would have to be much more price sensitive than was the case in our studies for a Hi-Lo
price increase to reduce dollar profits. With an original gross margin of 25%, unit sales must decrease 22%, more
than six times the amount in our study. At a 15 margin, unit sales would have to drop over 32$ before the retailer
begins to forgo dollar profits. Such massive store defections are possible but they seem quite unlikely, at least in
the short to intermediate term.

We have found that retailers and manufacturers have asymmetric attitudes about raising and lowering prices.
They express more concern about the deleterious market share effects that might accompany a price increase
than they do about the potential negative implications of lower percent gross margins. In other words, retailers act
as if they would rather set prices below the monopoly price than above it (Simester 1994). A natural question to
ask is why retailers would choose to operate in the inelastic region of the demand curve. We have no definitive
answer but can offer a few possibilities. First is lack of knowledge. Without systematic price experimentation and
expertise in analyzing large scanner databases, retailers may not know exactly how price sensitive consumers
really are. Moreover, with the vigilant price matching by competitors that characterizes most local markets, there
are few opportunities to observe long-term store switching that does or does not take place. Second, retailers
may focus more on increasing market share in the short run because of a belief (true or false) that higher market
share will lead to greater profits in the long term. This story makes sense if store switching costs are fairly high
because (1) it will be extremely expensive to attract back a customer who has defected and (2) the retumns on
investments in market share will accrue to the retailer for years in the future.

HOW AND WHEN SHOULD EDLP BE EMPLOYED?
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We do not argue that EDLP is not a viable retail strategy. Clearly it can be, as is evidenced by the success of
®wal-Mart and others. We do believe, however, that it is important to understand when and how to use EDLP.
Qur pricing studies show that using EDLP on a category-by-category basis to stave off alteative format
competition does not work well. If a retailer is going to make EDLP work, it probably has to be on a chainwide
basis so as to benefit from overall store price image. Because the price alone does not drive volume, our results
isolate how large the advertising component of EDLP must be for the retailer to gain profits-in the case at hand, a
36% increase. In executing any pricing strategy, firms must consider the likely impact on two customer sectors:
their instalied base of current users and nonusers who represent potential opportunity for growth.

INSTALLED BASE VERSUS OPPORTUNITY

For a retailer, the installed base consists of consumers already shopping at one of their locations, a particular
store sub i, either as a primary shopping outlet where they buy a majority of their groceries or as a secondary
source of supply. The installed base shops a particular store because of a multitude of factors. Consumer

of retail patronage repeatedly have found that location/convenience is the most important factor, followed in order
of mention by low prices, assortment, courteous service, good-quality merchandise, and fresh meat (Amold,
Oum, and Tigert 1983). These resuits show remarkable stability across time despite changes in economic
conditions, suggesting that the strategic value of price shouid be evaluated as one part of a larger portfolio of
attributes.

The main opportunity for a retailer comes from potential consumers who currently shop at a compaetitive chain
store sub j , but could shop at storej given the appropriate retail mix of price and other attributes. if EDLP
functions as an effective economic signal, certain consumers may shift shopping outlets. The profit potential of
EDLP depends in large part, however, on the ratio of installed base to new opportunity. The greater the installed
base, the more difficult it will be to make EDLP pay out. Why? Because EDLP requires forgoing significant profit
dollars from the installed base in search of new opportunity. In our pricing experiments described previously, we
saw that an across-the-board 10% EDLP price reduction (7% net) required a 39% increase in unit volume to
maintain current tevels of dollar profits. One way to do this is to get the installed base to increase its consumption
rate by more than one-third. This may be possible in expandable categories like snack foods but is not likely for
most grocery categories. Another way to think about this is that EDLP would need to bring in new business at a
rate of approximately one new customer for every three members of the installed base. If the installed base is
small, which would be the case for a small firm or a firm entering a new market, this may be more easily
accomplished.

Using price discounting {everyday and promotional) to attract customers is cheaper when a retailer has few loyal
customers (Simester 1944). But if the Hi-Lo retailer already has substantial market share, sufficient opportunity
will be much more difficuit to generate no matter how effectively EDLP is communicated. Repositioning is always
risky and expensive, and using price as the currency for repositioning may be even more difficult because of the
direct and immediate impact on margins. Apparently, not enough consumers consider low price an important
enough attribute by itseif to compensate for all the other attributes that bring them into a particular retail location.

So far, we have focused solely on the revenue side in evaluating the viability of the everyday price changes
accompanying a move to EDLP or Hi-Lo. Many retail observers and proponents of EDLP argue that there are
important cost savings associated with moving away from a promotion-oriented merchandising strategy to EDLP.
We concur that retailers pursuing less promotion-intense strategies will incur lower costs because of warehouse
and in-store efficiencies. It is important, however, to distinguish between the impact of EDLP on two aspects of
retail operations: the "back door" and the *front door Recent industry discussion of EDLP presents a confusing
picture.

BACK DOOR OPERATIONS

Back door operations involve a logistical partnership between manufacturer and retailer. The main goais here are
(1) smoothing of the manufacturer's production process and (2) reductions in inventory, warehouse, and handling
costs for both the manufacturer and the retailer. Policies that improve the efficiency of the manufacturer-retailer
relationship seem to be a worthwhile investment. Recent industrywide initiatives such as efficient consumer
response (ECR), which promotes greater reliance on electronic data interchange (EDI) and scanner-driven
continuous replenishment, will help to take costs out of the channel.(6) Manufacturers and retailers that are not
capable of instituting these logistical efficiencies will lose an important competitive advantage in the years to
come because large players like ®Wal-Mart, @KMart, and @Procter & Gamble already have made major

htto://oroauest.umi.com/nadwah?Did=000000NNNN2A1 QA1 R EMI-ARNali—1 RAMA_1 214 T/4EIND



Document Page 10 of 15

investments in information technology.

One food industry practice making it difficult to implement ECR is trade dealing. In the last decade, trade
promotion has grown from about 33% of the total promotion budget to 45% in 1992, mainly at the expense of
media advertising (Donnelley Marketing 1993). Buzzell, Quelch, and Saimon (1990) conducted a highly influential
study of packaged goods retailing, in which they argue that the very high level of trade dealing between
manufacturers, retailers, and wholesalers was adding substantial costs to the distribution system without
providing tangible benefits. They calculated that trade dealing increased costs by 1.15%-2.0% of retail sales,
excluding added administrative costs. Buzzell, Quelch, and Salmon maintain that these costs are eventually
passed on to consumers in the form of higher retail prices.

Most of these costs are incurred from forward buying and diverting activities by large retailers and wholesalers.
Armed with sophisticated buying models, retailers and wholesalers are able to arbitrage the wide fluctuations in
wholesale prices that accompany periodic trade dealing, often buying anywhere from 10 to 20 times the inventory
that normally could be sold. Not only does such heavy forward buying result in production discontinuities for
manufacturers, especially during nationwide promotions, it also increases inventory holding costs or all parties.
Moreover, it affords opportunities for retailers to offer very aggressive price deals to consumers (e.g., 50% off) in
an effort to get rid of excess inventory quickly. Some manufacturers, notably P&G, believe that such steep
discounting at retail can harm brand equity and decrease [oyalty. Although it is difficult to imagine how aggressive
sales promotion could increase loyalty, there is no definitive empirical evidence that promotion decreases loyalty;
in fact, the most recent evidence suggests that promotion induces brand switching but has little effect on loyaity
(Davis, Inman, and McAlister 1992; Ehrenberg 1988; Neslin and Shoemaker 1989).

Buzzell, Quelch, and Salmon (1990, p. 147) advocate a manufacturer to retailer pricing policy called "everyday
low purchase price,” (EDLPP), in which the "retailer arranges to buy product from the manufacturer on an as-
needed basis at a weighted average price reflecting both the proportion of merchandise bought on a deal basis
and the proportion bought at the regular price This EDLPP policy is remarkably similar to P&G's current "Value
Pricing" strategy to the retait trade. Aithough the jury is still out as to the value of this policy, it is easy to
enumerate the benefits that might accrue to manufacturers and retailers by smoothing out back door prices.
Manufacturers can limit massive forward buying, which in turn thwarts diverting and reduces high inventory
carrying costs for both parties. Manufacturers have more control over their flow of goods and can utilize
production facilities more efficiently. Moreover, value pricing combined with “pay-for-performance” promotion
programs--for example, trade discounts based on scanned units or category development funds based on a
percentage of annual sales volume--can produce higher pass-through of wholesale cost decreases to the
consumer. It probably is beneficial to manufacturers if retailers focus on merchandising and spend less time on
trying to play the forward buying arbitrage game. However, retailers and wholesalers who have been earning a
substantial portion of their income from arbitrage actually may be worse off. There is some evidence that EDLPP
may increase the effective cost of goods, placing greater pressure on profit margins that are aiready very low
(Orgel 1993).

Operating cost arithmetic. Let us assume that the retailer wishes to be no worse off profitwise after the move to
EDLP. How much would operating costs, that is, all costs over and above the cost of goods sold, have to
decrease to maintain preexisting dollar profits? The answer depends on four other factors:

pi = the original percent gross margin,

gamma = per unit operating costs as a percentage of the original price,

deita = the net percent change in everyday prices, and

phi = the percent change in unit volume.

The breakeven change in operating costs is then

(2) Breakeven Change in Operating Costs = (calculation omitted)

Assuming an initial gross margin phi = 25%, operating costs as a percentage of the original price of gamma =

24% (i.e., a net profit margin before the price change equal to 1% of sales), and a net price decrease delta = -7%,
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Figure 4 plots the needed change in operating costs as a function of different changes in unit volume. (Figure 4
omitted) (The derivation is in Appendix A.) With a volume increase of 39%, no decrease in operating costs is
required for an EDLP strategy to deliver breakeven profits. This 39% increase in volume exactly matches the
situation laid out in Figure 3. (Figure 3 omitted) With lower volume increases, however, costs must be reduced
quite dramatically. For example, with the 3% volume increase observed in our study, EDLP would need to be
accompanied by a 27% decrease in operating costs. With a 20% increase in volume, operating costs need to be
reduced by over 14%, not an insignificant amount, especiaily given the fact that only about half of a typical
retailer's operating costs are fixed and half variable.

A breakdown of the typical retailer's operating costs reveals that some costs are compressible and some are not.
ECR and EDLP can reduce warehouse, shipping, and inventory holding-costs, but these usually make up less
than 3%% of total revenue (and 13%-17% of operating costs). Labor costs (salary and benefits), on the other
hand, are less compressible, at least in the short run. {DWal-Mart is considered a state-of-the-art retailer in terms
of efficient logistics and information capabilities, but its biggest cost advantage is labor. It has a nonunionized,
short tenure labor force that by industry estimates is about 50 less expensive per retail dollar than their
supermarket competitors (Mandel 1991). Because labor expenses make up more than 50% of a supermarket's
operating costs, it is difficult to imagine how front door EDLP, even when coupled with EDLPP and ECR, could
reduce costs enough to make the operating cost arithmetic pay out.

FRONT DOOR MERCHANDISING

Qur position is that value pricing at the back door does not require EDLP pricing at the front door; that is, EDLPP
EDLP. And this is where confusion in the media and the trade has arisen. Most media accounts of P&G's new
pricing policy have referred to it as EDLP, not value pricing or even EDLPP. As mentioned previously, however,
the ratio of installed base to opportunity may not warrant a change in retailer strategy from Hi-Lo to EDLP. When
a manufacturer and retailer agree on an EDLPP wholesale pricing relationship, this does not imply that a retailer
necessarily should drop everyday prices at the consumer leve! immediately. Although lower wholesale prices
would give a retailer room to reduce everyday consumer prices while protecting gross profit margins, our study
suggests that it may not be in the best interests of the retailer to pass through 100% of these wholesale price
cuts. In fact, they may be better off maintaining higher margins and using wholesale cost savings to fund more
aggressive promotional activity internatly, in ossence a "hyper* version of Hi-Lo pricing.

This was the topic of inquiry in our third study. Here we examined the performance of stores that move to higher
everyday prices and at the same time increase the frequency of shallow price deals (compare the top and bottom
halves of Figure 5). (Figure 5 omitted) The basic idea was to examine whether it was possible to utilize greater
promotional activity to reduce the small market share/unit volume losses that accompanied higher everyday
prices and at the same time hold onto some or alf of the profit increases.

STUDY 3

During the everyday pricing experiments in Study 2, we added an additional promational pricing manipulation to
the basic EDLP, control, and Hi-Lo design. In haif (n = 14) of the Hi-Lo stores and half (n = 14) of the control
stores, we systematically increased the frequency of shallow price deals as portrayed in the bottom half of Figure
5. We called this pricing strategy “Hyper Hi-Lo.” The other Hi-Lo and control stores maintained a regular (lower)
level of temporary price promotion as shown in the top half of Figure 5. Random assignment to the regular or
Hyper Hi-Lo condition was determined separately for each category.

Each week the responsible category manager would select one to five items to place on deal in addition to the
large number of promotions taking place across the entire chain. The items were selected so as not to be too
competitive with other chainwide promotions in a category. These items then were merchandized as *Bonus
Buys* (with appropriate signage) along with approximately 2000 other items that the chain regularly promotes
week in and week out. Each of the individual Hyper Hi-Lo items was price promoted down to regular EDLP price
levels tor one week. The price course for an individual item is shown in Figure 5. During the next week, another
item(s) was promoted. These items received standard bonus buy signage, which consisted of a simple 3.5-inch
by 2.5-inch shelf tag, the lower half of which said "BONUS BUY" in white letters on a red background.

Rgs_ults. The_ basic experimental design was a 2 (Hyper Hi-Lo versus regular promotion pricing) x 2 (everyday
pricing condition {Hi-Lo and control). EDLP stores were excluded from the analysis because they always had the
low price. To test the effectiveness of this pricing strategy, we compared changes in total category unit volume
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and dollar profits in the Hyper Hi-Lo stores with those in the regular stores over a 16-week test period. The test
was implemented in 18 categories. The results appear in Table 2, collapsing across the control and Hi-Lo
everyday pricing conditions. (Table 2 omitted) Overall, Hyper Hi-Lo pricing increased unit volume by 3.2%. The
magnitude of the increase was not large but it was consistent, occurring in all 18 categories with p <.10in 7 of 18
individual categories. Combining across the 18 categories, this increase in volume is statistically significant (p

< .001) and, more importantly, economically significant. To put this result in proper perspective, we should note
that this Hyper Hi-Lo sales increase was larger than the corresponding 2.1% sales decrease that accompanied a
move to Hi-Lo everyday pricing. Hyper Hi-Lo pricing aiso produced a 4.1% increase in dollar profits (p .001). The
effect of Hyper Hi-Lo pricing did not depend on (i.e., interact with) the everyday pricing condition in which it was
implemented, which is a bit surprising because the percentage deal depth in Hi-Lo stores was twice as big as in
the control stores.

These are important results because they suggest that it is possible for a retailer to retain the increased profits
accruing to higher everyday prices and at the same time maintain unit sales levels and market share by
systematically increasing the frequency of shallow price discounts. We do not argue that such a pricing strategy
the best alternative for all retailers but simply that it is a viable option depending on market position.

Summary. In our view, front door strategies should be designed primarily to improve in-store interactions with the
consumer. This may involve attempts to increase novelty and excitement through creative weekly promotional
activity. In a typical supermarket, 20%-25% of the business is driven by fresh meat and produce. The seasonal
nature of these two commodity groups produces a highly variable retail environment, a condition that will remain
so for the foreseeable future despite rapid advances in biotechnology. Front door merchandising and pricing in a
Hi-Lo market does not necessarily sabotage the value of a net pricing back door policy. True, it is a more difficult
problem to solve because the retailer and manufacturer must improve their ability to forecast a more volatile sales
pattern at retail. But the promotion spikes at retail caused by consumer purchase acceleration are much smaller
(3 to 5 times regular sales on average) than those induced by trade forward buying (10 to 20 times average
sales) (Blattberg and Neslin 1990). A single, uniform solution of back and front door EDLP may not be in the best
interests of either manufacturer or retailer.

CONCLUSION

Retail diversity is a reality. Although some retailers have made EDLP work, other merchants like Von's Pavilion,
Fresh Fields, Smith's, and Gelson's have been successful in moving upscale, providing high-quality, full-service,
value-added grocery environments. Manufacturers must learn to manage a portfolio of retail formats, each with
different segments of customers. We found that EDLP gave a small (3% increase in units) win to manufacturers.
At the same time, EDLP represented a big loss for the retailer (18% decrease in profits). Attempts to impose front
door EDLP on all retailers is probably counterproductive because eventually the manufacturer will have to pay for
retailers' lost profits. Instead, manufacturers would be better served focusing on improved back door solutions
and let the retailer take care of the front door. Together these two strategies—more targeted micro-market
merchandising and promotions on the front end combined with improved logistics on the back end--are defensible
competitive strategies. Price is not a defensible point of differentiation for a firm uniess it already has the
appropriate operating cost structure in place. Major airlines like American apparently have recognized this issue,
because they abandoned the idea of imitating the low-cost, low-service strategy that has been so successful for
®Southwest Airlines (O'Brien 1993). Retailers can be profitable charging low prices, but only when they have low
costs. Price alone will not drive a business even during tough economic times.

APPENDIX A

This appendix provides derivations of margin arithmetic and operating cost arithmetic. Given a change in policy,
breakeven occurs when net profits are equal before and after he policy change, that is,

{A1) (p-c) g-1q = [p(1 = delta) - ¢)q(1 + phi] - fq (1 + lambda,

where p = price, c= cost of goods, f = per unit operating costs, delta = % change in price, phi = % change in unit
volume, and lambda = % change in operating costs. For present purposes we assume that all operating costs are
fixed, that is, no component of operating costs increases with increases in sales volume. When some operating
costs actually are variable, our formulations provide conservative lower bounds on the volume increase and cost
decrease that are required to make a move to EDLP pay out for the retailer. If we divide both sides of Equation
A1 by pq and substitute phi = (p-c)/p= gross prifit margin and lambda = f/p = per unit operating costs as a % of
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the orignial price, we are left with
(A2) phi-gamma = (phi + deita)(1 + phi) - gamma(1 + lambda).
ARITHMETIC DERIVATION (Derivation omitted)

OPERATING COST ARITHMETIC DERIVATION (Derivation omitted)

1 As we show subsequently, this prototype is not representative of how most food retailers actually practice
EDLP.

2 The calculation works as follows. Assume that one-third is sold on deal and two-thirds at reguiar prices.
Consider the difference between EDLP and control store average prices of a product sold in control stores every
day for $1.00. With an average 15% promotional price reduction off control prices and a 10% everyday price cut
in the EDLP stores, the average price is a simple weighted average of deal and everyday prices. That is,
(Equation omitted)

3 It should be pointed out, however, that in-store signage (e.g., "Check Out Our Everyday Low Prices on 6-
Packs") was utilized in several categories with no appreciable differences in the results.

4 Using historical data from the same retailer and many of the same categories, Hoch and colleagues (1994)
estimated an average category constant elasticity of -1.06.

5 It is possible that category-level EDLP might work if backed by a successful advertising campaign. We would
argue, however, that it is difficult to establish and maintain a consistent price image for the chain if the retailer is
sending mixed advertising messages. An exception might occur for "stand-alone” departments that are clearly
separable from the rest of the store. For example, some stores appear to pursue successfully some form of EDLP
only on prescription drugs for loss leader purposes.

6 ECR is an ambitious cooperative effort by the food industry (Food Marketing Institute) to improve, among other
things, coordination between manufacturers and retailers in an effort to reduce costs and increase efficiency.
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will not have been in vain if the company learned anything from the experience. Kmart now knows,
as it should have prior to its EDLP experiment, that Wal-Mart will not tolerate such an affront to its
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Full Text:
Copyright Lebhar-Friedman, Inc. Mar 11, 2002

In reaction to the fear that ad spending was too
high, a concept Conaway explained to analysts
last fall (above), Kmart pulled the plug on
circulars, which dramatically hurt sales.

The disastrous results produced by Kmart's short-lived flirtation last fall with everyday low
pricing won't have been in vain if the company leamed anything from the experience.

Kmart now knows, as it should have prior to its EDLP experiment, that Wal-Mart wouldn't
tolerate such an affront to its pricing image. That's why the price war that resulted from Kmart's
actions was so predictable-and so was the eventual winner. Now that Kmart has EDLP out of
its system, it can resume a rational pricing scheme on commaodity merchandise, combined with
traffic-generating promotions and compelling merchandising of its proprietary brands to boost
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sales and margins.

This pricing strategy only works to the extent that Kmart's store operations and supply chain
are executed properly and product offering is attractive. However, Kmart should be less
concerned going forward about how its market basket stacks up to Wal-- Mart's pricing, and
there are some good reasons why. Certainly pricing on key items needs to be competitive, but
what's overiooked is Wal-Mart doesn't want to needlessly give away margin by pricing items
substantially below competitors.

In its monthly circulars, Wal-Mart promotes high-- visibility items that offer customers
tremendous value and reinforce its low-price image. On the vast majority of items, Wal-Mart is
only priced as low as it needs to be to maintain its reputation. Often the price differential
among Wal-Mart, Kmart and other retailers such as Home Depot, Walgreens, Costco and
Staples is only a few cents, assuming Wal-Mart is even the lowest.

Retailers don't necessarily need to match competitors' prices to be considered equal,
according to John Hauptman, vp of Willard Bishop Consulting. Consumers face so many
choices during their shopping trips that they rely on a relatively small number of items to
determine an individual store's price image, noted Hauptman.

Kmart needlessly reduced its prices last year to narrow the gap with Wal-Mart when it might
have been more selective and accomplished the same goal without sacrificing margins in a
war it could never win. It is understandable how Kmart fell for EDLP. The beauty of this
strategy is reduced advertising costs and less dependence on traffic-generating promotions,
which in turn enables more accurate forecasting of demand. As a result, goods flow more
smoothly through the supply chain, thus ensuring a higher in-stock position, simplified store
operations and greater profits.

There are other pricing alternatives, though. Kmart's strategy will be defined largely by its
merchandising strategy, which combines commodity items that wiil require competitive pricing
and proprietary brands for which it can charge higher prices.

Kmart also will want to turn to the science of retail revenue management, according to experts
in the field. "While there have been great advances in the science of pricing products by
retailers over the past few years, there is still too much dependence on cost-plus or
competitive-centric pricing and too little analysis of consumer behavior," according to Eric
Mitchell, president of the Professional Pricing Society. "The concept of revenue management
is much more important for high-revenue, lower-margin industries like retail than it is for high-
margin, low-fixed-costs industries because the positive and quick impact to the bottom line is
much more pronounced. The return on investment for retailers implementing revenue
management can pay bigger dividends than it would in other segments of our economy."

Deborah Vollmer Dahlke, who serves on the society's board, contends price optimization is the
key for retailers' profits. "I believe that retailers need to be doing their pricing much more
scientifically and strategically than they have in the past. They really should be taking
advantage of the capabilities of price-optimization software," said Vollmer Dahlke, who also
teaches pricing at St. Edwards University in Austin, Texas, and is working on a book about
pricing. "Price optimization is not new, but the technology has matured, making it feasible for
retailers."
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There are a number of companies offering price-- optimization solutions, including KhiMetrics,
DemandTec, Spotlight Solutions, Zilliant and others. According to U.S. Bancorp Piper Jaffray,
the technology is gaining acceptance by retailers. "Profit optimization generated a lot of buzz
at the [National Retail Federation] conference," according to a report from the firm. "By helping
clients to determine optimal pricing levels, markdown strategies and the like, such solutions
have many a retailer dreaming of even small increases in their paper-thin margins."

By pursuing EDLP, Kmart did everything but optimize its prices. Even if it doesn't invest in
retail revenue management solutions, by simply dropping the EDLP philosophy and returning
to its promotional roots, Kmart increases the odds that it can restore profitability.

[Sidebar]

KMART'S ADCPTION OF EVERYDAY LOW PRICES WAS RIDDLED WITH PROBLEMS FROM THE OUTSET FOR ONE, THE BLUE LIGHT

NAME WAS FIRST REINTRODUCED AS AN INTERNET VENTURE, WHICH FURTHER CONFUSED CONSUMERS STRUGGLING TO
COMPREHEND THE NEW PRICING PLAN.

Reproduced with permission of the copyright owner. Further reproduction or distribution is prohibited without
permission.
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Nunnari, J&J: You can’t be EDLP and high-low

Drug Store News: Drug chains feel there is a de facto edge provid-
ed te suppliers that structure their deals to favor EDLP retailers like
Wal-Mart. How can you help drug chains compete in today’s
environment?

Nunnari: This is an interesting question because
suppliers tend to tailor their promotional activity based
on a retailer’s request. If a retailer has indicated to us
that they believe through our joint research that their
best strategy is a high-low vehicle, then we tend to
create promotions around a high-low concept. ... What
you don't see is someone successful at EDLP and suc-
cessful at high-low at the same time.

We try to help those who use EDLP or high-low pro-
motions not to drive empty dollars by giving them inno-
vative promotions, executing properly and using the
right data to merchandise to the right consumer
through what ever strategy they choose.

Drug Store News: What is your company doing to
address the burgeoning dollar store channel?

Nunnari: We do have groups within the individual
operating companies that are taking a look and working with the doilar
stores to see if there is opportunity for us to not just shift the con-
sumer, but to actually grow the businesses and grow our market share.
So we are looking at a variety of sizes to see if it fits within the needs
of the dollar store.

Drug Store News: What is the most important thing that suppliers
can do to make the chain's front-end strategy work?

14 = February 2003

vp, cansumer

developement
Johnson & Jahnson

Nunnari: We as manufacturers must first take the time to under-
stand better as a supplier what a retailer’s true strategy is for the front-

end ... and then tailor a program around that strategy.

Consumers today are looking for excitement and innovation
[that will facilitate browsing) the store. Browsing drives
impulse sales. ...

The one opportunity that does exist with product man-
agement, and it's existéd since | started in this-busingss 25 - -
years ago, is the [opportunity] to get out and understand
the retailer’s needs. Suppliers tend to look at product man-
agement through the eyes of the data they receive; through
the focus groups; through the different research programs
that they do before new products are launched or re-
invented. But, they tend to not understand or gain much
perspective on the retailers’ point of view.

We have been doing a much better job. And the
retailer community has been much more inviting to our
marketing people.

Drug Store News: With the abundance of data that is
available today, how is your company using that infor-
mation to grow the business?

Nunnari: The overwhelming amount of information from a
supplier's standpoint tends to muddy the waters as to how we
jook at promoting and how we look at merchandising. Qne of
the keys here is to develop better scorecarding around what
that data is telling us. We invest a tremendous amount of
money in process excellence and design excellence. If we can
take that enormous amount of data and better scorecard it, we
can use it more effectively.
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Exploring the effect of retail sector and firm characteristics
on retail price promotion strategy

Glenn B. Voss®!, Kathleen Seiders"*

2 Department of Business Management, North Carolina State University. Raleigh, NC 27695-7229. USA
b Babson College. Babson Park, MA 02157-0310, USA

Abstract

This study examines why retail price promotion strategies vary across retail sectors and across firms within sectors. Using hierarchical
linear modeling and a sample of 38 firms from 11 retail sectors, the authors investigate how two sector-level characteristics, related to
product assortment perishability and heterogeneity, and three firm-level characteristics, related to retailer differentiation, number of stores,
and average store size, influence price promotion decisions. The results indicate that assortment heterogeneity moderates the positive influence
of perishability on price promotion activity; scale and scope also have significant effects. These results offer fresh insight into the ongoing
debate surrounding stable versus promotional pricing, suggesting that the benefits of a particular strategy are driven largely by a complex
interaction between sector-level characteristics as well as firm-level cost advantages.
© 2003 by New York University. Published by Elsevier Science. All rights reserved.

Kevwords: Retail price promotion strategy; EDLP; Assortment heterogeneity; Perishability

Introduction

The successful use of everyday low pricing by companies
such as Wal-Mart and The Home Depot has triggered interest
in everyday stable pricing as an alternative to promotional
pricing policies. Advocates of stable pricing urge retailers to
cut back on promotions, differentiate their customer service
and product assortments to increase customer loyalty, im-
prove inventory management, and reduce labor and advertis-
ing expenses (Ortmeyer, Quelch, & Salmon 1991). However,
it is not clear that a strategy based on differentiation and sta-
ble prices is viable in every retail sector. Moreover, the use
of heavily-advertised sales events, with their ability to gen-
erate excitement, attract shoppers, clear out time-sensitive
merchandise, and sell complementary, high-margin items,
is deeply ingrained in retail strategy (Blattberg, Briesch, &
Fox 1995; Kumar & Leone, 1988; Mulhern & Leone, 1991).

Much of the research examining stable pricing has been
limited to single retail sectors and has produced conflict-
ing results as to the relative benefits of stable versus pro-

* Corresponding author. Tel.: +1-781-239-4522,

E-mail addresses: gvoss@ncsu.edu (G.B. Voss), seiders@babson.edu
(K. Seiders).

' Tel: +1-919-515-6947

motional pricing. In the grocery supermarket sector, for ex-
ample, Lal and Rao (1997) demonstrate that, under certain
conditions, the presence of everyday low price (EDLP) and
price-promotion policies can provide a perfect Nash equi-
librium; that is, given the existence of a promotional-pricing
competitor, adopting an EDLP policy is profit maximizing.
However, Hoch, Dréze, and Purk (1994) conclude, on the
basis of two extensive field experiments in a Chicago super-
market, that an EDLP policy leads to lower profits because
volume increases do not fully compensate for lower profit
margins.

Our goal is to offer fresh insight into why retailers elect
different approaches to price promotion. To accomplish
this, we draw from the marketing and competitive strategy
literatures to develop a broad conceptual framework of the
determinants of price promotion strategy, which we define
as a coordinated set of pricing and promotion decisions
designed to communicate a price position to consumers
and influence short-term sales response and overall market
performance (Kurnar & Pereira, 1995. 1997; Lal & Rao,
1997). We then test the conceptual mode! by examining
price promotion decisions implemented by 38 national re-
tailers representing 11 retail sectors across five geographic
marketplaces over 3 months. This examination leads to the
identification of key sector-level characteristics that help to

0022-4359/03/$ - see front matter © 2003 by New York University. Published by Elsevier Science. All rights reserved.
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explain why price promotion strategies vary across retail
sectors and key firm-level characteristics that help to explain
why price promotion strategies vary across competitors
within retail sectors.

In the following section, we present the conceptual model
that links retail sector and firm characteristics to price pro-
motion strategy. We then describe the empirical study and re-
sults. In the last section, we explore research and managerial
implications. These implications include speculations sug-
gested by our results that retailers can redefine competition
within their sectors by modifying key sector characteristics.

Determinants of retail price promotion strategy

A retailer’s approach to pricing and price promotion
emanates from strategic decisions related to competitive
positioning (Lal & Rao, 1997). Strategic considerations
address the extent to which price promotions will be used;
if price promotions are to be used, tactical implementa-
tion involves the type, timing, frequency, and depth of the
promotions (e.g., Krishna, 1994; Kumar & Pereira, 1997;
Shankar & Bolton, 1999). Following this literature, we
examine three distinct and important components of price
promotion strategy:

¢ Price variation policy represents the firm’s price position,
one that can range from stable pricing, featuring consis-
tent, everyday prices and few price discounts, to highly
promotional pricing, featuring frequent price discounts

Sector Characteristics

Assortment f:rishabiliry

Assortment heterogeneity

Firm Characteristics

(Hoch et al., 1994; Lal & Rao, 1997; Shankar & Bolton,
1999; Shankar & Krishnamurthi, 1996). For clarity in dis-
cussing relationships with predictor variables, we define
and make price variation policy operational as the rela-
tive level of advertised price variation. Low levels of price
variation are consistent with a stable price variation pol-
icy and high levels of price variation are consistent with
a HilL o price variation policy.

e Price promotion advertising volume is the volume of
advertising dedicated to communicating a price position.
This dimension is independent of price variation policy,
in that retailers can elect to advertise everyday prices
that promote a stable price position or sale events that
emphasize discounted prices.

o Depth of discount is the average magnitude of the dis-
count offered on featured sale items (Shankar & Bolton,
1999; Shankar & Krishnamurthi, 1996). Although average
depth of discount is relevant only with promotional pric-
ing (i.e., there are no discounts with a completely stable
price variation policy), it represents a discrete decision.

The conceptual model presented in Fig. 1 proposes three
broad categories of antecedents to retail price promotion
strategy: supply-side sector characteristics, individual firm
characteristics, and competitive and demand characteristics
manifest in the consumer marketplace. The model incor-
porates insights from the structure-conduct-performance
paradigm, which holds that industry structure drives firm
conduct, which in turn drives finn performance (Porter,
1980). Following this theory, we propose that retail price

Retail Price Promotion Strategy

Retailer differentiation
Store size
Number of stores

Computitive & Demand Characteristios ™

*

study.

-t Price variation
Price promotion advertising volume
Average depth of discount

“T'hese characteristics are conceptually related to price promotion strategy but are not examined in the current

Fig. 1. Determinants of retail price promotion strategy.
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promotion strategy is influenced by retail sector membership
and examine two key supply-side characteristics associated
with retail sectors, product assortment perishability and as-
sortment heterogeneity. Assortment perishability is a func-
tion of the speed at which a typical assortment loses value
or becomes obsolete over time. Assortment heterogeneity
is the degree of between-store variability in product assort-
ments among firms competing in the same retail sector.

We also recognize that firm differences likely influence a
retailer’s price promotion strategy. This perspective builds
on research that emphasizes the importance of firm-level
strategy and resources and downplays the importance of
industry or strategic group membership (Barmney, 1991;
Rumelt, 1991). We capture firm-level strategy and resources
as retailer differentiation, an assessment of the relative su-
periority of a retailer’s offering compared to competitors’,
average store size (i.e., the average size in square feet for
each store) and number of stores in the chain, which repre-
sent firm-level resources as well as operational efficiencies
associated with economies of scale and scope.

Although we acknowledge that marketplace factors such
as competitor actions and consumer responses to promo-
tional activities also influence price promotion strategy (see
e.g., Dickson & Urbany, 1994; Hoch, Kim, Montgomery, &
Rossi, 1995), this study takes a strategic, macro approach
to firm behavior and focuses on sector- and firm-level
antecedents. As discussed below, the empirical analysis
controls for marketplace variations, thereby attenuating
the potential for bias due to omitted variables. Next, we
examine the components of our model in greater detail.

Supply-side sector characteristics

Retail firms traditionally are categorized according to their
membership in specific sectors. These sectors are defined ac-
cording to product assortment, which is the basis for the stan-
dard industrial classification (SIC) system for retail trade.
Each sector is served by specialized trade organizations,
events, and publications (e.g., Progressive Grocer, Discount
Store News). Because retailers’ pricing and price promotion
decisions depend to some degree on manufacturers’ promo-
tional policies (Dickson & Urbany, 1994: Hoch et al.. 1994;
Thomas, Staatz, & Pierson, 1995), the promotional practices
of suppliers and resellers in one channel (e.g., the grocery
sector) may be similar to each other but vary from the prac-
tices of suppliers and resellers in other channels (e.g., the
department store sector).

We propose that supply-side sector characteristics asso-
ciated with assortment perishability and heterogeneity play
a significant role in determining retailers’ price promotion
strategies. These characteristics likely affect both manufac-
turers and retailers and should influence price promotion
strategy throughout the channel. Surprisingly, though there
is strong practical and conceptual support linking each of
these sector-level characteristics to price promotion strategy,

the literature provides little empirical support and thoughtful
consideration suggests that the relationships may be more
complex than has been previously explored.

Assortment perishability

The potentially destabilizing effect of perishability on
prices has been recognized by economists (Stigler. 1987)
and marketers (Tellis, 1986). Perishability has been proposed
as a key factor driving dynamic pricing systems such as
those implemented by the airlines (Bhattacharjee & Ramesh,
2000; Weatherford & Bodily, 1992). Shankar and Bolton
(1999) speculate that assortment perishability might be an
important determinant of retail price promotion. Anecdo-
tally, price discounts linked with perishable products, in-
cluding fashion, electronics, and perishable food items, are
routinely observed.

Perishability is directly related to shelf life, in that prod-
ucts with a long shelf life have low levels of perishability
and products with a short shelf life have high levels of per-
ishability. Perishability increases when product innovation
is frequent, products are physically perishable, or season-
ality is a factor. These various forms of obsolescence have
the same pricing implication, in that the product’s value de-
creases relative to time. This decrease in value produces an
incentive to offer price promotions to clear out obsolescent
merchandise. All else being equal, then, we expect price
promotion activity to be higher in sectors characterized by
perishable product assortments.

HI1. At the retail sector level, controlling for marketplace
variations, product assortment perishability has a positive
effect on

(a) price variation,
(b) price promotion advertising volume, and
(c) average depth of discount.

Assortment heterogeneity

The conceptual link between assortment heterogeneity
and prices can be traced to Chamberlin’s (1965) theory
of monopolistic competition, which predicts that higher
levels of heterogeneity across competitors within an in-
dustry lead to a reduction in direct price competition,
greater latitude in price-setting, and greater variability in
observed prices. Chamberlin’s followers developed the
structure-conduct-performance paradigm, which argues that
greater latitude in price setting translates into greater in-
dustry profits (Bain, 1968; Ekelund & Hebert, 1990; Porter,
1980). Studies have supported the indirect link between
industry-level product heterogeneity and firm performance
(Robinson & McDougall, 1998; Sandberg, 1986), but to
our knowledge no empirical study has examined the direct
link between assortment heterogeneity and pricing or price
promotion strategy.
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Dickson’s (1992) theory of competitive rationality pro-
vides another perspective linking heterogeneity to overall
market dynainism and price promotion activity. Hetero-
geneity of supply (i.e., product assortments) results in
heterogeneity in demand as buyers leam of and respond to
different product offerings. The different response patterns
then lead to imbalances in supply and demand and to mar-
ket dynamism as sellers shift their efforts to serve more
attractive segments. This type of market dynamism likely
leads to price dynamism, as sellers of more/less preferred
products raise/lower prices in response to market shifts and
imbalances. Thus, overall price promotion activity likely in-
creases as assortment heterogeneity and market dynamism
increase.

Assortment perishability and heterogencity are concep-
tally distinct concepts, but they are practically related in
that some forms of perishability may lead to increased het-
erogeneity. This is particularly the case when perishability
is driven by innovation. As models exhibiting new features
are introduced, assortment heterogeneity increases as older
models coexist with newer models, even as the obsolescence
of the older models triggers price promotion. By stimulat-
ing supply-demand imbalances and market dynamism, as-
sortment heterogeneity also might lead to perishability of
less-preferred offerings.

Though assortment heterogeneity and perishability may
be linked, the resulting level of price promotion activity
within any sector likely depends on whether heterogene-
ity occurs within-retailer or cross-retailer. Within-retailer
heterogeneity occurs in a sector when there is greater con-
centration at the retail level than at the manufacturer level,
in which case large-scale, retail oligopolists develop broad
and deep assortments that are supplied by multiple, dif-
ferentiated manufacturers pursuing intensive distribution.
This results in internal heterogeneity in the assortments
carried by each retailer but little heterogeneity in assort-
ments across retailers within that sector. An example can
be found in the electronics superstore sector, where there
are high levels of within-retailer perishability and hetero-
geneity as new models with varying features are intro-
duced and occupy shelf space alongside older models, also
with varying features. However, there is relatively little
cross-retailer heterogeneity because electronics retailers
tend to carry similar assortments provided by the same
manufacturers.

Cross-retailer heterogeneity occurs when concentra-
tion at the retail- and manufacturer-level is approximately
equal and differentiated manufacturers seek exclusive dis-
tribution. Retailers compete in monopolistic competition
by developing unique assortments. Each retailer carries
a limited number of different brands (low within-retailer
heterogeneity) that are highly distinct from other retailers’
offerings. An extreme example can be found in haute
culture, where small boutique fashion stores may carry a
single designer label. Each boutique maintains a unique
position in a heterogeneocus marketplace, selling perish-

able fashion items but offering relatively little internal
variety.

We believe that promotional pricing activity will be higher
in high perishability sectors marked by homogeneous,
cross-retailer assortments and lower in high perishability
sectors marked by distinctive, heterogeneous cross-retailer
assortments. In high-perishability/low-heterogeneity retail
sectors (e.g., electronics superstores), manufacturers and
retailers are motivated to clear out obsolescent merchandise
to make room for newer models. Given the low level of
cross-retailer heterogeneity, retailers are motivated to ad-
vertise price promotions to generate excitement and traffic
that will clear out the obsolescent merchandise along with
complementary items.

In high-perishability/high-heterogeneity sectors (e.g.,
high-end fashion stores), retailers continuously offer new
products in an attempt to avoid head-to-head competition
with other retailers. Perceived distinctiveness is based not
only on evidence of physical and image differences in prod-
ucts, but also on high rates of change in the actual products
(Robinson & McDougall, 1998; Sandberg, 1986). These
retailers are defined by the uniqueness of their products,
sometimes tied to a single image or designer, and they
typically practice an everyday high price strategy to rein-
force the perceived exclusivity and cachet of their offerings.
Because promotional pricing would detract from this posi-
tioning, they are more likely to use outlet stores or targeted
personal invitations to move perishable merchandise rather
than heavily-advertised price discounts.

Collectively, this suggests that heterogeneity acts as a
quasi-moderator variable (Sharma, Durand, & Gur-Arie,
1981); that is, one independently related to the dependent
variable (price promotion) and interacting with other pre-
dictor variables (perishability). Consistent with Dickson’s
(1992) theory of competitive rationality, we expect a posi-
tive direct association between assortment heterogeneity and
price promotion activity. Consistent with the expectation
that retailers offering differentiated, perishable assortments
are motivated to avoid large-scale price promotions in an
attempt to maintain an image of exclusivity, we expect that
heterogeneity will attenuate the positive effect of perisha-
bility on price promotion activity. These expectations are
formalized in the following hypothesis:

H2. At the retail sector level, controlling for marketplace
variations, product assortment heterogeneity acts as a quasi
moderator, exerting

(a) a direct positive effect on (i) price variation, (ii) price
promotion advertising volume, and (iii) average depth
of discount, and

(b) a moderating effect on the association between assort-
ment perishability and (i) price variation, (ii) price pro-
motion advertising volume, and (iii) average depth of
discount.
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Firm characteristics

At the most basic level, firm-level strategy seeks to de-
velop positional advantages based on differentiation or cost
advantages. Recognizing that these strategic choices likely
influence price promotion strategy, we consider three char-
acteristics that are directly linked to firm-level strategy:
retailer differentiation and two sources of cost advantage—
average store size and number of stores in the chain.

Retailer differentiation

Even in sectors marked by homogeneous product assort-
ments, retailers can avoid direct competition by creating a
distinctive position on a variety of image dimensions, in-
cluding customer service and store environment (Mazursky
& Jacoby, 1986). For example, retailers in mature,
commodity-based sectors, which are constrained in terms
of product differentiation (e.g., traditional supermarkets),
can use operational initiatives such as increased speed of
service and extended store hours to create value.

As differentiation increases, we expect retailers to fol-
low a less promotional pricing policy. When successfully
implemented, differentiation decreases price elasticity
(Chamberlin, 1965), which in turn should reduce the impor-
tance of price promotion. Retailers emphasizing differentia-
tion should shift to image-focused rather than price-oriented
communications, resulting in a decrease in price promotion
advertising volume.

However, when retailers with greater differentiation do
offer price promotions, we expect that they will employ
deeper promotional discounts because their original mar-
gins typically are greater than those of less differentiated
competitors (Hoch et al., 1994). Faced with higher cost
structures associated with their differentiation efforts, these
retailers may use dramatic but infrequent sale events to
increase traffic and sales while protecting image and price
credibility. We therefore hypothesize that

H3. At the retail firm level, controlling for marketplace vari-
ations, as retailer differentiation increases

(a) price variation will decrease,
(b) price promotion advertising volume will decrease, and
(c) average depth of discount will increase.

Store size and number of stores

The expected relationship between price promotion strate-
gies and number of stores and average store size is based on
cost advantages associated with operational scale and scope.
A retailer’s scale can be considered within the context of the
number of stores managed by the retail firm; that is, hold-
ing store size constant, increasing the number of stores in-
creases operational scale. The size of a physical store largely
determines the number of product categories and/or items

that can be offered; thus, as store size increases, operational
scope increases.

Retailers with greater scale and scope are more likely
to benefit most from supply chain efficiencies and cost re-
ductions associated with an EDLP policy (Thomas et al.,
1995). Because of their wider and deeper assortments,
larger stores draw from larger trading areas and may attract
price-sensitive, “large basket” shoppers who prefer every-
day low prices (Bell & Lattin, 1998; Tang, Bell, & Ho,
2001), whereas smaller stores attract more secondary shop-
pers who are location- and convenience-sensitive (Hoch
et al., 1993). Prior research supports a negative relationship
between the size of the merchandise assortment (which is
related to store size) and average prices, price variability,
and promotion intensity in the supermarket sector (Shankar
& Bolton, 1999). Holding store size constant, increasing
the number of stores should produce economies of scale
associated with purchasing and distribution efficiencies,
which are leveraged best by an EDLP policy (Thomas
et al., 1995). Thus, we expect that the number of stores and
the average store size will be negatively associated with
price variation and average depth of discount.

It also has been argued that larger stores are likely to en-
gage in competitive pricing to defend market share (Shankar
& Bolton, 1999). We expect that the pressure to defend share
will manifest as a positive relationship between store size
and price promotion advertising volume. Large-store and
large-chain retailers with clustered locations gain most from
investments in high-volume, price-oriented advertising, ei-
ther promotional or nonpromotional. These retailers benefit
from higher market power, which allows them to negotiate
lower advertising costs and more substantial manufacturer
support through advertising allowances. Small-store or
small-chain retailers that are less capable of capturing pro-
motional synergies related to broad and deep assortments
are less likely to reap the same level of adventising benefits.

Summarizing, we expect that larger scale and scope
translates into cost efficiencies that are more compatible
with a price promotion strategy that emphasizes stable, low
prices with few discounts. Accordingly, these large-scale
and scope retailers likely advertise their price position more
than smaller retailers, but focus their advertising on stable
low prices rather than on deeply-discounted, promotional
prices. More formally

H4. Atthe retail firm level, controlling for marketplace vari-
ations and store size, as the number of stores increases

(a) price variation will decrease,
(b} price promotion advertising volume will increase, and
(c) average depth of discount will decrease.

HS. Atthe retail firm level, controlling for marketplace vari-
ations and number of stores, as average store size increases

(a) price variation will decrease,
(b) price promotion advertising volume will increase, and
(c) average depth of discount will decrease.
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Methodology

To test the hypotheses, we collected data for 38 retailers
across 11 retail sectors (Table A.1). The sample of compa-
nies was chosen to represent key national competitors in a
variety of retail sectors. We gathered measures for this study
from three sources, using objective measures whenever pos-
sible.

Measuring price promotion strategy

To measure the dependent variables—price variation,
price promotion advertising volume, and average depth of
discount—we tracked advertisements in five metropolitan
areas’ leading newspapers: The Los Angeles Times, The
Dallas Morning News, The Boston Globe, The Chicago
Tribune, and The Raleigh News & Observer. All adver-
tisements, including inserts, were collected daily, 7 days
a week, for a 3-month period, from July 1 to September
30. We used five geographically dispersed markets and a
3-month observation period to offset the possibility that a
retailer’s price promotion activities might exhibit extreme
regional or temporal differences.

The use of the newspaper medium to examine price
promotion activities is appropriate for three reasons: (1)
price information is nearly twice as common in newspaper
advertisements as in advertising in general (Abernethy &
Franke, 1996); (2) with the recent trend toward integrated
marketing communication, advertising and promotion are
coordinated and implemented contemporaneously to gain
synergies (Shankar & Bolton, 1999); and (3) newspaper
advertising reflects a level of measurement that is con-
sistent with our objective of exploring variations in price
promotion strategy at the sector, firm, and marketplace
level, but not at the individual store level. A compari-
son of the total recorded newspaper promotion volume
for each of the 38 retail chains with the newspaper ad-
vertising dollar volume reported by Competitive Media
Reporting (1998) for each chain for the same time period
indicated a high correlation (r = .78), suggesting that our
choice of markets and newspapers provided a representative
sample.

We analyzed the information content of the advertise-
ments and coded the content into three major categories:
temporary price promotion (i.e., featuring temporary sales
events and discounts), positional price promotion (i.e., fea-
turing everyday prices); positional nonprice promotion (i.e.,
price not mentioned) also was coded but was not used in
this study. The unit of measure was the amount of page
space allocated to each type of information. For example,
if a half-page advertisement allocated 50% of the space o
emporary price promotions and 50% to positional price
promotion, the coded measure would be one-quarter page
of temporary price promotion and one-quarter page of
positional price promotion.

The dependent measures were aggregated by month (3)
and market (5), producing as many as 15 distinct observa-
tions for each dependent measure, depending on the number
of markets in which each retailer competed. Price promo-
tion advertising volume was calculated as the number of
pages that focused on price promotion, either temporary
price promotion or positional price promotion (i.e., the
sum of the two). Price variation was made operational as
the percentage of price promotion advertising allocated to
temporary price promotions (i.., temporary price promo-
tion advertising volume divided by total price promotion
advertising volume). Depth of discount was measured
as the average depth of price discounts offered in each
advertisement.

Two judges were trained to code all advertisements (8030
pages). and a third judge was trained to conduct random
reliability checks on 18% of the advertisements coded by
the other two judges (1438 pages). Reliability assessments
indicated that interrater agreement was very high for price
promotion advertising volumne (r = .98) and slightly lower
for price variation (r = .89) and average depth of discount
(r = .78, Table A .2).

To explore the discriminant validity of the dependent mea-
sures, we examined the correlations between price variation
and price promotion advertising volume (r = .04, p > .10),
between price promotion advertising volume and average
depth of discount (r = —.08, p > .10), and between price
variation and average depth of discount (r = .54, p < .01).
The correlation between price variation and average depth
of discount is inflated by the fact that average depth of dis-
count is by definition 0 when price variation is 0; if price
variation values of 0 are eliminated from the analysis, the
correlation drops to .33.

Measuring retail sector characteristics

A panel of retail experts provided the measures of assort-
ment heterogeneity and perishability. There is substantial
support in the literature for the use of expert panels to mea-
sure complex phenomena, such as industry-level success
factors (Sousa De Vasconcelos ¢ Sa & Hambrick, 1989);
specific functions of new products (Rangan, Menezes. &
Maier, 1992); performance of markets for potential en-
try (Papadopoulos, 1989); fit of business-level strategic
variables and typologies across industries (Segev, 1989);
companies’ corporate and business level strategies (Willard
& Cooper, 1985) and technological strength (Narin, Noma,
& Perry, 1987). Prior studies also have validated the use of
expert assessments by comparing them to objective mea-
sures (Albert, Avery, Narin, & McAllister, 1991; Narin
et al., 1987).

The panel consisted of six professors of retailing—four
current or past directors of university retailing centers and
four endowed retailing chairs—and two practitioners who
are senior retailing consultants, each with at least 20 years
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of experience. To gauge the reliability of the panel’s as-
sessments of assortment perishability and heterogeneity, we
examined the extent to which the experts agreed in their
evaluations. A high level of agreement would suggest that
panel experts were capable of providing accurate assess-
ments of the constructs, whereas a low level of agreement
would indicate that the constructs were poorly defined or the
experts were incapable of providing accurate assessments
(Kolbe & Bumett, 1991). This examination found a high
level of interrater agreement (¢ = 0.88), which suggests
clear construct definitions and accurate expert assessments.
The relatively low correlation (r = .25) between the assort-
ment heterogeneity and perishability measures suggests that
the two constructs are conceptually distinct.

Measuring firm characteristics

We obtained objective measures of firm characteristics
from the retailers’ 1998 annual reports, which were concur-
rent with the time period covered in the advertising content
analysis. For retailer differentiation, we used a composite
score that incorporated service intensity (i.e., number of
employees per square foot of retail space for each retailer)
and atmospherics (i.e., furniture, fixtures and equipment
dollars per total square feet). These measures represent
two key value dimensions that are not confounded with
the sector-level assortment heterogeneity measure. Because
these two objective measures indicated an acceptable level
of reliability (o« = 0.73), we standardized and summed the
measures to form a composite retailer differentiation score.

We obtained objective measures of the number of stores
and average square feet of retail space per store for each
retailer from the annual reports. We implemented log
transformations for these two measures to normalize their
distributions and increase scale commensurability. Firm
characteristics for each retailer and sector averages are
reported in Table AL

Analysis and results

We conducted hierarchical linear modeling (HLM) to test
H1-5 for each dependent measure. As described by Bryk
and Raudenbush (1992), HLM uses maximum likelihood
estimation to fit multilevel, hierarchical models. There are
two advantages to using HLM in the current analysis. First,
HLM allows for fixed effects associated with independent
variables specified at multiple levels of theory and mea-
surement. In the current study, the dependent variables are
conceptualized and measured at the firm level, as are retailer
differentiation, number of stores, and average store size. As-
sortment perishability and heterogeneity are conceptualized
and measured at the sector level.

The second advantage is that random effects can be mod-
¢led as cross-level variations in slopes or intercepts in HLM.

This allowed us to specify a random marketplace effect so
that the intercept varied across markets by firm (see “Market
(firm) random intercept effects” in Table 1). This specifica-
tion controls for market variations and attenuates the pos-
sibility of bias due to omitted variables at the marketplace
level. Additional details on model specification for the mul-
tilevel analysis are provided in the appendix.

To test for the moderating effects predicted by H2, we
conducted a variation on hierarchical moderator analysis
(Amold, 1982; Sharma et al.. 1981). This approach requires
comparing the fit of three nested models, one with no effects
for the moderator variable, a second with direct effects only
for the moderator variable, and a third with direct and inter-
action terms. Moderation is supported if the fit for Model 3
is significantly greater than the fit for Model 2. If modera-
tion is supported, a significantly better fit for Model 2 than
for Model | indicates that the moderator is a quasi modera-
tor; otherwise, it is a pure moderator. When using regression
analysis, best fit is determined by examining incremental
improvements in R? using an F test with one degree of
freedom in the numerator. Using maximum likelihood es-
timation in HLM, the —2 log likelihood (—2LL) criterion,
which follows a x? distribution, offers a statistical test for
assessing fit; smaller —2LL numbers equate to better fit.

Price variation

We present results with price variation as the dependent
variable in the first three numerical colurnns in Table 1. Ex-
amining the hierarchical moderator analysis first, the —2LL
criterion suggests that adding the interaction term improves
model fit and that adding assortment heterogeneity as an
independent variable also improves model fit. The x? dif-
ference tests are significant (p < .01) and the individual
coefficients are significant in the expected direction. Specif-
ically, the coefficient for the assortment heterogeneity x
assortment perishability interaction term is significantly neg-
ative (p < .01), and the coefficients for assortment perisha-
bility and heterogeneity are both significantly positive (p <
.01). These results provide support for Hla, H2a(i), and
H2b(i), relating retail sector characteristics to price variation.

To further explore the nature of the interaction ef-
fect, we split the sample into two groups—Ilow and high
heterogeneity—and re-ran the analysis. The results indi-
cated that the perishability coefficient was significantly
positive (p < .01) for the low heterogeneity group and non-
significant for the high heterogeneity group. This implies
that price variation is low when assortment perishability and
heterogeneity are both low, and that price variation increases
as assortment perishability increases if heterogeneity is low
but not if heterogeneity is high.

H3a, which predicted that price variation would decrease
as retailer differentiation increased, is not supported. The
results also do not support H4a, which predicted a negative
association between number of stores and price variation,



Table 1

The effect of retail sector, firm and marketplace characteristics on price promotion strategy (f scores in parentheses)

Independent variables

Dependent variables®

Price variation

Price promotion advertising volume

Average depth of discount

Model 1 Model 2 Model 3 Mode! 1 Model 2 Model 3 Model 1 Model 2 Model 3
Market (firm) random 0.07* (4.50) 0.06* (4.34) 0.05° (4.37) 2.55* (7.02) 2.54" (6.99) 1.27* (6.67) 0.62* (2.46) 0.54* (2.34) 0.48° (2.26)
intercept cffects
Sector characteristics
H1: assortment 0.20* (18.69) 0.07% (2.47) 0.20° (4.52) 0.64° (12.26)  0.55* (3.47) 2.03* (11.20) 0.83* (21.42) 0.46* (4.19) 0.87* (5.08)
perishability
H2a: assortment 0.14° (4.47) 0.18* (5.59) 0.11 (.64) 0.50* (3.95) 0.42' (348) 0.532 (4.35)
heterogeneity
H2b: assortment —0.56* (—3.69) —6.42* (~10.49) ~1.79" (-3.01
perishability x
assortment
heterogeneity
Firm charactenistics
H3: retailer differentiation 0.01 (0.17) 0.01 (0.19) 0.01 (0.28) 0.06 (0.40) 0.06 (.41) 0.10 (.86) —0.17 (~1.46) =016 (=1.50)  —0.17 (~1.59)
H4: number of stores —0.06 (—1.26) —0.05 (-1.13) ~0.05 (~1.22) 0.35 (1.63) 036" (1.67) 0.36° (2.34) —-0.42° (-2.61) -0.38" (-2.51) —040° (-2.71)
HS: average store size —0.20° (—344) —0.18* (-3.26) —0.18* (—3.36) 046 (1.58) 0.47 (1.63) 0.55* (2.59) —0.90" (-4.19) -083" (~4.07) -0.84° (—4.24)
Fit criterion
~2 log likelihood (—2LL)  175.77 157.18 144.26 876.03 87562 79795 877.60 866.01 857.24
Change in —2LL (! df) 18.59¢ 12.92¢ 0.41 77.67* 11.59* 8.77°

* Significant at p < .01,
b Significant at p < .05 (one-tailed ¢ tests).

¢ Individual parameters are unstandardized coefficient estimates with  values in parentheses,
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but do support H52 (p < .01), which predicted a negative
association between store size and price variation. These
results suggest that retailers with smaller stores use more
price variation whereas retailers with larger stores are more
likely to promote stable everyday prices. The number of
stores has no effect on price variation.

Price promotion advertising volume

We present results with price promotion advertising vol-
ume as the dependent variable in the second set of three nu-
merical columns in Table 1. In support of H2b(ii), the results
in Model 3 suggest that assortment heterogeneity moderates
the relationship between perishability and price promotion
advertising volume; the addition of the interaction term im-
proves model fit (p < .01) and the coefficient is significantly
negative (p < .01). The Model 2 results do not support
H2a(ii), which predicted that heterogeneity would have a
positive, direct effect on price promotion advertising volume.
Both the x? difference value and the heterogeneity coeffi-
cient are nonsignificant. These results indicate that hetero-
geneity is a pure (rather than quasi) moderator of the positive
relationship between perishability and price promotion ad-
vertising volume. As predicted by H1b, perishability is pos-
itively associated with price promotion advertising volurne.

Splitting the sample into low and high heterogeneity
groups indicated that the perishability coefficient was sig-
nificantly positive (p < .01) for the low heterogeneity
group and significantly negative (p < .01) for the high
heterogeneity group. This suggests that price promotion
advertising volume is low when assortment perishability
and heterogeneity are both low, and that price promotion
advertising volume increases as assortment perishability
increases if heterogeneity is low but that price promotion
advertising volume actually decreases as assortment per-
ishability increases if heterogeneity is high.

H3b, which predicted a negative relationship between re-
tailer differentiation and price promotion advertising vol-
ume, is not supported. The Model 3 results offer support for
the predictions that price promotion advertising volume is
positively related to number of stores (H4b; p < .05) and
to average store size (HSb; p < .01). These results suggest
that firms with fewer, smaller stores are less likely to pro-
mote their prices than are firms with a greater number of
larger stores.

Average depth of discount

The results with average depth of discount as the depen-
dent variable, presented in the last set of three numerical
columns in Table 1, offer strong support for H2a(iii) and
H2b(iii). Specifically, the addition of the interaction variable
and the direct effect for heterogeneity both improve model
fit (p < .0l); the direct effect of heterogeneity is signifi-

cantly positive (p < .01) and the interaction coefficient is
significantly negative (p < .01). Hlc, which predicted that
perishability would be positively associated with average
depth of discount, also is supported (p < .01). Splitting the
sample into low and high heterogeneity groups indicated
that the perishability coefficient was significantly positive
(p < .05) for both the low and high heterogeneity groups,
which suggests that depth of discount is low when assort-
ment perishability and heterogeneity are both low, and that
depth of discount increases as assortment perishability in-
creases but that the rate of increase is lower if heterogeneity
is high than if heterogeneity is low.

H3c, which predicted a positive relationship between re-
tailer differentiation and average depth of discount, is not
supported. H4c, which predicted a negative association be-
tween number of stores and average depth of discount, is
supported (p < .05), as is H5¢, which predicted a negative
association between store size and average depth of discount
(p < .01). Thus, firms with fewer, smaller stores tend to of-
fer deeper discounts than do firms with a greater number of
larger stores. .

Marketplace variations

Although this research did not explicitly examine the
effect of local marketplace conditions on price promotion
decisions, the significant market (firm) random intercept
term for each of the dependent variables in Table 1 indicates
that price promotion activity did vary significantly within
firms across markets. To further explore the relative size
of these effects, we conducted a nested analysis of vari-
ance (ANOVA) with price promotion activity as dependent
variables and sector, firm, and market as class variables.
This analysis indicated that with price variation as the de-
pendent variable, sector explained 36% of the variance,
firm explained 18% of the variance, and market explained
18% of variance; with price promotion advertising volume
as the dependent variable, sector explained 34% of the
variance, firm explained 27% of the variance, and market
explained 33% of variance; and with average depth of dis-
count as the dependent variable, sector explained 15% of
the variance, firm explained 36% of the variance, and mar-
ket explained 19% of variance. While this analysis supports
the role of local marketplace conditions in explaining price
promotion activity (especially price promotion advertising
volume), it also underscores the relative importance of sec-
tor and firm characteristics in explaining price promotion
strategy.

Discussion
Summarizing the results (Table 2), we found support for

the expected moderating role of assortment heterogeneity
in all three analyses, although the nonsignificant direct
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Table 2
Summary of results

Independent vanables Dependent variables

Price variation

Price promotion advertising volume

Average depth of discount

Positive effect
Hla supported

Assortment perishability

Positive effect
H2a(i) supported
Negative interaction
H2b(T) supported

No effect
H3a not supported

Assortment heterogeneity

Perishability x heterogeneity

Retailer differentiation

No effect
H4a not supported

Number of stores

Average store size Negative effect

H5a supported

Positive effect

H1b supported

No effect

H2a(ii) not supported
Negative mteraction
H2b(ii) supported
No effect

H3b not supported
Positive effect

H4b supported
Positive effect

HS5b supported

Positive effect
Hic supported

Positive effect
H2a(iii) supported
Negative interaction
H2b(iii) supported
No effect

H3c not supported
Negative effect
H4c supported

Nepgative effect
HS5c supported

relationship between assortment heterogeneity and price
promotion advertising volume indicates that the relation-
ship is not the same in all three cases. These sector-level
results point to systematic differences in price variation,
price promotion advertising volume, and average depth of
promotional discount, related to assortment perishability
and the moderating effect of assortment heterogeneity. The
results also offer a plausible explanation as to why a dom-
inant approach to price promotion strategy exists in many
retail sectors, with more apparent differences across sectors.

We found no support for the prediction that retailer differ-
entiation would be related to price promotion strategy. We
found consistent support for our predictions that store size
would be associated with greater price promotion advertis-
ing volume and less price variation and average depth of
discount. There was mixed support for the predictions that a
larger number of stores would be positively associated with
price promotion advertising volume (supported), negatively
associated with price variation (not supported), and nega-
tively associated with average depth of discount (supported).
Collectively, the firm-level results confirm the important role
that scale and scope economies play in price promotion de-
cisions. We now explore the implications of these findings.

Research implications

Our findings offer new insights into the debate about the
relative advantages of stable versus variable price promotion
strategies. The key implication is that the advantages of sta-
ble or promotional pricing likely are limited to certain retail
sectors. Thus, empirical studies demonstrating that EDLP is
not profit-maximizing in the grocery industry, for example,
may not be generalizable to other retail sectors. In-depth
studies examining the office supply sector, the discount sec-
tor, or the fashion sector may lead to significantly different
conclusions.

Our results elucidate the relationship between price
promotion strategy and assortment perishability and het-
erogeneity. Although the independent effects of these two
variables have been suggested before in the literature, to our
knowledge this is the first study to examine, conceptually
or empirically, a moderating role for assortment hetero-
geneity. Particularly interesting are the findings that when
heterogeneity is high, perishability had no effect on price
variation, a negative effect on price promotion advertising
volume, and a positive effect on average depth of discount.
These findings are consistent with our expectation that
retailers in high-perishability, high-heterogeneity sectors
spurn price promotion messages that dilute their image of
exclusivity. When these companies engage in price promo-
tion, they do so in a limited manner, offering deep discounts
on presumably obsolete models or fashions.

The fact that heterogeneity exerted a direct, positive ef-
fect (in addition to a moderator effect) on price variation
and average depth of discount but not on price promotion
advertising volume also is worth noting. This suggests that
in sectors marked by high assortment heterogeneity, com-
petitors do not focus their promotion efforts on price-based
advertisements. This finding is counter to our prediction,
but it does make some intuitive sense. Facing less pressure
to compete on price, competitors in heterogeneous sectors
may be better served by advertising that emphasizes the
distinctiveness of their assortment rather than their prices.
When prices are advertised, however, our results indicate
that they feature heavy discounts, apparently designed to
generate traffic and enhance promotional attractiveness.

Additional research is needed to explore why cost advan-
tages associated with economies of scope and, to a lesser
extent, economies of scale were related to price promotion
strategy but retailer differentiation was not. It appears that
retailers implementing a cost leadership strategy embrace
the complementary cost efficiencies that stable pricing pro-
vides, but that retailers adopting a differentiation strategy
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do not demonstrate any consistency with respect to price
promotion. Perhaps the differentiated retailers in our sam-
ple failed to fully recognize the benefits of their advan-
tageous position. Or, perhaps price promotion strategies
implemented by retailers pursuing differentiation are more
vulnerable to competitive forces than are the strategies
of cost leaders; in other words, whereas cost leadership
can insulate a retailer from the vagaries of constant price
promotion, differentiation cannot.

Understanding why retailers adopt strategies that involve
different approaches to price promotion is an important
first step toward explaining the relationship between price
promotion and firm performance. The hypotheses examined
in this study are based on normative assumptions; that is,
managers should use the level of price promotion that is
optimal given the sector and firm characteristics that apply.
By extension, the findings imply that the retail sector and
firm characteristics investigated here should moderate the
relationship between price promotion strategy and firm per-
formance. For example, the relationship is likely nonposi-
tive for retailers operating in sectors that feature low or high
levels of both assortment heterogeneity and perishability but
likely positive for retailers operating in sectors that feature
high levels of perishability and low levels of heterogeneity.
Further research should examine whether these and other
sector and firm characteristics moderate the link between
retail price promotion strategy and firm performance.

Managerial implications

Our framework and findings can be used to understand
how retail managers can challenge and break away from
pricing norms. For example, the electronics sector carries
relatively homogeneous assortments that exhibit high lev-
els of perishability; consistent with our expectations, these
retailers generally use heavy price promotion to reinforce
their “value™ orientation. However, differences in strategies
also are evident within the sector: Tandy and CompUSA
have significantly higher price variation and average depth
of discount and lower price promotion advertising volume,
whereas Best Buy and Circuit City have significantly higher
price promotion advertising volume and lower price varia-
tion and average depth of discount (Table A.1). One plau-
sible explanation for this divergence is a different level of
assortment perishability for these two subgroups. Tandy and
CompUSA sell computer and electronics products almost
exclusively, whereas Best Buy and Circuit City, in addition
to electronics, carry small and large household appliances,
which are considerably less perishable and therefore require
less price promotion activity. This suggests that effective
alignment of firm-level goals and price promotion strategy
may require shifts in product assortments.

Our framework may be especially useful when applied
to hybrid sectors such as supermarkets and traditional de-
partment stores. These sectors exhibit moderate levels of

overall assortment heterogeneity and perishability and high
promotional activity (Table A.1). Their broad product as-
sortments include a variety of items, ranging from low to
high in both perishability and heterogeneity. For example,
supermarkets offer national (manufacturer) brand packaged
goods, store-brand packaged goods, and perishable items in
the deli, seafood, and bakery departments. Similarly, tradi-
tional department stores offer basic, commodity-type soft
goods, store-brand apparel, and designer apparel items that
follow fashion seasons. Because their assortments include
many product categories that are not strongly differentiated,
these retailers face intense competition. The perishable
product categories encourage price promotions that attract
customers and move obsolescent inventory. Thus, although
stable pricing has attracted keen attention from retailers in
these sectors, our findings suggest that highly promotional
strategies may be more effective.

In the traditional department store sector, Dillard’s has
deviated from the norm by moving toward an everyday fair
pricing strategy. Dillard’s is likely to struggle with this po-
sitioning (as Sears did in the past) unless it can increase the
perishability and/or differentiation of its offering relative
to its competitors by improving service, increasing the per-
centage of high-quality, private-label fashions, or enhancing
atmospherics. Ultimately, this type of strategic shift would
challenge mobility barriers and place Dillard’s in more
direct competition with fashion department stores. which
typically demonstrate lower levels of price promotion. A
strategic shift also may occur in the supermarket sector
as Wal-Mart moves the sector towards supercenters that
carry a larger proportion of homogeneous, nonperishable
products.

This post hoc analysis suggests that within-sector varia-
tions in price promotion strategy may be linked to assortment
differences in rather complex ways. We conceptualized and
made assortment perishability operational at the sector level,
but differences across retailers within a single sector (such
as those in the consumer electronics sector) also may drive
within-sector variation. A retailer adopting a price promo-
tion strategy that is not consistent with sector characteristics
may be successful by altering the heterogeneity and perisha-
bility of its product assortment (e.g., Best Buy and Circuit
City offering stable household appliances; Wal-Mart super-
centers increasing the proportion of nonperishable goods),
which ultimately may redefine sector-level conditions. This
implies a bi-directional or reciprocal relationship between
structure and conduct. Thus, while our results offer support
for the traditional perspective that industry structure affects
firm conduct, the results also intimate that successful firm
conduct ultimately can alter industry structure.

Limitations

This study forges a mew direction for price promo-
tion research, but it is not without limitations. Although
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newspapers are the preferred medium for promoting prices
(Abemethy & Franke, 1996), newspaper advertising does
not capture the full scope of retail price promotion activity.
The failure to capture in-store and direct mail promotions,
for example, is a limitation of the current study. In addi-
tion, our sample of newspapers, which included only major
newspapers in major markets, could bias the results if retail-
ers implement different price promotion campaigns across
different types of newspapers.

Our characterization of price promotion strategy as con-
sisting of three dimensions may not be comprehensive.
For example, although the idea of promotion frequency
is implicitly captured in the price promotion advertising
volume measure, a more explicit examination of promo-
tion frequency may be informative. Qur sample of sectors
and firms was limited, and it may have been preferable
to develop objective measures of assortment perishability
and assortment heterogeneity rather than subjective, expert
assessments. Finally, the lack of significant findings for the
retailer differentiation variable may be attributable to the
implementation, which captured the intensity of investment
in service personnel and store atmospherics but did not
capture other value dimensions such as product superiority.
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Appendix A

This appendix provides measurement details, including
firm and sector scores for the variables of interest, a sum-
mary of the advertisement coding, and a description of the
hierarchical linear model specification.

Model specification
The hierarchical linear model can partition variance in

the dependent variable on the basis of sector, firm, and
marketplace effects (see Bryk and Raudenbush (1992) for

additional details on specifying fixed and random effects in
hierarchical models). At level one (i.e., the geographic mar-
ketplace) the dependent vanable is determined by (1) an in-
tercept that represents the mean value for firm j in sector &
(Bojx), (2) a series of random deviations from the sector-firm
mean that capture marketplace variations for each firm (¢ ),
and (3) a random error term (r;jx):

Yirp=1-3) = Bojk + uiyx + rijp (A1)

where Y is the price promotion strategy in market i for firm
J in sector & Bojx the mean price promotion strategy level
for firm j in sector k; uy ~ N (0. ), and ryx ~ N(0, I).

Atlevel two, the sector-firm intercept ( 80k ) is determined
by a conditional model that includes (1) a sector-level mean
(voox), and (2) firm-level (j) independent variables:

Boix = voox + vo16RDok + v02£SSojx + yo3xNSonx  (A2)

where y oo is the mean price promotion strategy level in
sector k; RD denotes the retailer differentiation strategy; SS
is the store size; and NS is the number of stores.

At level three, the sector-level intercepts (y ook ) are deter-
mined by a conditional model that includes the sector-level
independent variables and interactions.

yoor = vo01 AHe + 002AP: + yooa AHe X APy + uoor
(A3)

where AH is the assortment heterogeneity and; AP is the
assortment perishability.

Prior to substituting the level-three equation into the
level-two equation, we centered the firm-level independent
variables around the sector means; this process partitions
the sector- and firm-level effects that are captured in the
firm-level measure and produces the following model:

Yy = yoor AH + vooa APy + vo03AHe x AP + y01:RDoje
+ y02x (SSgjk — SSk) + 03¢ (NSqz — NSk) (A4)

which specifies that firm price promotion strategy is a func-
tion of (1) fixed sector-level effects (captured in line one),
(2) fixed firm-level effects (captured in line two), (3) random
marketplace effects (w5 in line three), and (4) a random
error term (r;;¢). The random marketplace effect allows
the intercept to vary across markets by firm. This term
is labeled “Market (firm) random intercept effects” in
Table 1.



Table A.1

Retail sector meais and firm scores for variables of interest

Retail sectors Price variation Price promotion Average depth Assortment Assortment Retailer Store No. of
and firms advertising of discount perishability heterogeneity differentiation size® stores®
volume (standardized)
Mean Grouping® Mean Grouping® Mean Grouping®
Traditional department stores 0.83 A 63.3 A 0.29 A 3.25 2.50 -1.01 11.66 6.48
Macy’s 0.86 1 44.2 2 0.34 12 ~0.82 12.22 5.99
JC Penney 094 1 38.2 2 0.30 2 -0.57 11.50 7.09
Sears 0.86 1 122.8 1 0.22 3 -0.65 10.81 1.96
Montgomery Ward 071 1 231 2 0.30 2 ~2.31 11.78 5.71
Dillard’s 0.54 2 49.0 2 040 1 -0.70 1199 5.60
Discount stores 0.78 A 54.7 A 0.22 A 2.12 2.13 ~1.08 11.26 7.09
Service Merchandise 0.92 1 16.1 3 0.44 1 -141 10.82 5.89
Target 092 1 66.5 1 0.18 2 -1.17 11.60 6.68
Kmart 0.74 2 66.5 1 0.18 2 -1.02 11.17 7.67
Wal-Mart 0.21 3 320 2 0.18 2 ~0.72 11.43 8.13
Grocery stores 0.85 A 124 c/D 0.32 A 243 263 096 10.56 6.49
Food Lion 0.98 1 22 3 0.25 1 -0.44 10.35 7.05
Kroger 0.90 1 25.7 1 0.38 1 0.20 10.90 7.24
Albertson’s 0.68 1 5.2 172 0.24 1 -0.22 10.79 6.78
Winn Dixie 0.57 1 5.8 1/2 0.30 1 0.50 10.66 7.06
Whole Foods 1.00 1 03 3 040 1 475 10.09 433
Furniture stores 0.78 A 4.1 C/D/E 0.24 A 1.62 3.63 ~0.32 9.51 5.49
Bombay Company 0.88 1 53 2 0.24 1 -0.08 8.01 6.03
Ethan Allen 0.88 1 0.5 2 023 { 3.07 9.62 422
Heilig Meyers 0.72 1 3.0 2 0.32 1 —2.40 10.00 7.13
Haverty’s 033 2 124 1 0.05 2 ~1.86 10.39 4.58
Fashion department stores 0.79 A 1.5 D/E 031 A 425 3.00 097 11.56 427
Nordstrom's 0.73 1 34 1 0.29 1 N 11.83 453
Neiman Marcus 1.00 1 0.8 2 0.33 i 1.31 11.72 3N
Saks Fifth Avenue 0.63 1 1.0 2 0.30 1 -0.11 11.13 4.58
Off-price stores 0.55 B 16 D/E 0.28 A 3.87 3.50 -1.27 9.80 6.02
Men's Warehouse 1.00 1 08 1 0.60 1 -~0.06 8.54 5.98
Steinmart 0.74 172 24 1 0.33 2 ~2.02 10.55 5.02
TIMaxx 0.13 2 1.2 1 0.08 3 -1.74 10.31 7.07
Specialty clothing 043 B/C 1.1 D/E 0.25 A 4.12 4.00 348 8.51 6.61
Talbot's 0.56 1 09 1 045 i 4.26 8.01 6.40
The Gap 047 1 1.8 1 0.10 1 3.87 8.88 7.66
Ann Taylor 0.00 1 0.5 1 0.00 1 2.3t 863 5.78
Electronics stores 047 B/C 424 B 0.22 A 325 225 125 9.56 6.40
Tandy 0.71 1 93 3 0.35 1 0.88 7.76 8.51
CompUSA 0.56 1 14.9 3 0.26 2 0.65 10.22 5.09
Circuit City 0.31 2 65.8 2 0.13 3 3.50 9.60 6.33
Best Buy 0.26 2 76.5 1 0.16 3 -0.05 10.67 5.65
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Table A.1 (Continued)

Retail sectors Price variation Price promotion Average depth Assortment Assortment Retailer Store No. of
and firms advertising of discount perishability heterogeneity differentiation size® stores®
volume (standardized)
Mean Grouping* Mean Grouping® Mean Grouping®

Office supply stores 0.31 <D 14.2 C 0.21 A 1.75 1.88 ~1.13 997 6.53
Staples 0.54 1 12.8 1 0.26 1 —~0.98 9.62 6.61
OfficeMax 0.28 2 176 1 0.20 1 —-1.57 10.06 6.57
Office Depot 0.22 2 118 1 0.20 1 —-0.83 10.22 6.40

Home improvement stores 0.15 D/E 6.4 C/D/E 0.09 B 1.37 263 ~1.13 11.44 6.27
Lowes 0.28 1 34 1 0.17 t -0.81 11.31 6.10
Home Depot 0.10 1 73 1 0.06 1 ~1.45 11.57 6.44

Book stores 0.00 E 04 E 0.00 B 225 2.25 -0.15 9.22 6.98
Barnes and Noble 0.00 1 0.8 1 0.00 1 -0.60 9.45 6.92
Borders 0.00 1 0.0 1 N/A NA 0.30 8.9 7.03

* Groupings are based on Duncan muitiple-range tests. Sectors with different grouping letters are significantly (p < .05) different from one another, and firms within sectors that have different grouping

numbers are significantly different from one another, N/A indicates firms that either offered no price promotion or provided no details on the depth of discounts.
® Store size and number of store values are log transformations.
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Table A.2
Details on advertisement coding and reliability checks

Price promouon measures Overall sample

Total number of pages of

Reliability checks

Total number of pages of Interrater agreement

advertisements coded and advertisements subjected {correlations)
average price variation to reliability checks and
and depth of discount average price variation
and depth of discount
Temporary price promotion advertising volume 5090 940 98
Positional price promotion advertising volume 2604 468 97
Total price promotion advertising volume 7694 1408 98
Total advertising volume : 8030 1438 99
Average price variation (%)* 56 57 .89
Average depth of discount (%) 24 25 78

* Price variation and depth of discount represent average monthly observations.
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Abstract:
Although the Every Day Low Pricing (EDLP) strategy has been successfully implemented by
sporting goods megastores chains, retail experts are still debating whether the strategy will be
to overcome the power of Hi/Lo or event-driven pricing, which has typically worked in the sporting
goods business. A major reason that retailers adopt EDLP is for increased earnings. Retailers that
properly execute EDLP have a fair shot at success; however, setting up the right infrastructure to
make this strategy work is complicated. Perhaps the most crucial point for EDLP retailers is
actually having legitimately low prices. One of the major advantages of EDLP is that it lowers
operating costs for retailers, with advertising being the primary area where savings are made. But
since many consumers are still driven, lack of advertising can be a problem for stores using EDLP.
Customer loyalty is another often-named benefit of EDLP, but consumer loyalty can backfire on an
EDLP retailer if a customer perceives the EDLP price as too high.

Full Text:
Copyright Miller Freerman Inc. Feb 1995

Sears and Montgomery Ward decided it didn't work. Toys ‘R’ Us and (OWal-Mart swear by it. “It" is Every Day
Low Pricing (EDLP), a strategy where retailers guarantee customers that their prices are the lowest without
special sales events. The question is, will it work long-term in the sporting goods industry?

EDLP has been successfully implemented by several of the industry's leading megastore chains, including The
Sports Authority, Sportmart, SportsTown and Sports Unlimited. But retail experts are still debating whether the
strategy will be able to overcome the power of "Hi/Lo" or event-driven pricing, which has typically worked in the
sporting goods business.
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While most analysts admit that the EDLP strategy has worked for &Wal-Mart and other mass merchants, they
claim it may backfire on the impulse-driven sports audience. "Unlike consumer products, sporting goods do not
have a broad range of customers. Everyone needs dishwasher detergent or toothpaste, so the competition at
mass merchants and the various channels of distribution that carry these products is much more heated," says
Jon Amsler, director, athletic leisure market, for Atlanta-based Kurt Saimon Associates.

Since people are constantly needing to replenish their stash of consumable products, it is quite likely that they
would frequent stores like ’Wal-Mart aimost everyday, which serves to reinforce its EDLP policy. This is not the
case with sporting goods. "People are not going to shop for sporting goods on a daily basis, so an EDLP pricing
policy will have less of an impact (in this industry),” explains Howard Davidowitz, chairman, New York-based
Davidowitz & Associates.

"Let's face it, a Spalding basketball is not a necessity,” adds Amsler. “In many ways, sporting goods are luxury
items. They are impulse or luxury buys, so low prices are not necessarily a high priority."

And with less and less time to shop, things like service, value, convenience and expertise of sales staff are
becoming increasingly important factors that drive consumer purchases, particularly when spending a significant
amount of money. These factors have traditionally been the trump card of specialty stores, although more EDLP
stores are competing on these levels, as well.

Another point to keep in mind when assessing pricing strategies in the sporting goods industry is that most
consumers don't know what things should cost. An avid golfer may know how much golf tees and balls cost, but
does he or she know how much to pay for gioves or a shirt? George Whalin, president of San Marcos, CA-based
Retail Management Consultants (RMC) thinks not. "Take shoes, for example: There are so many styles and
SKUs, how can anyone know the prices? It's not like buying a tube of toothpaste or shampoo. Those are real
simple. Sporting goods aren't so simple."

LAYING THE GROUNDWORK

Analysts say the success of retailers like {~’Wal-Mart, Toys 'R’ Us and iHome Depot helped to proliferate the
EDLP strategy, which took hold in the late ‘80s. However, they differ on its long-term chances for success. "EDLP
is a value concept and it's not going to go away. It's a way of life that's going to be around for a long time. And
with few exceptions, there is not a segment of retail that hasn't been touched by it," says Whalin.

On the other hand, Carl Steidtmann, director of research at Management Horizons, a division of Price
Waterhouse, believes EDLP will become extinct because so few retailers have the resources and infrastructure to
successfully operate in this paradigm.

Nearly all analysts agree, however, that the only cases where EDLP will succeed is with large box chain retailers.
Experts are quick to point out that it's very difficult to use EDLP unless you're a very big store, because a
significant increase in volume is necessary to make up for lower profit margins.

Another reason EDLP is virtually exclusive to the "big boys" is because of the buying power they wield and their
ability to get the best prices from vendors. "&)Wal-Mart is a success because it has the best buyers in retail. They
are very aggressive and make great demands on vendors," says RMC's Whalin. Likewise, The Sports Authority
has key arrangements with manufacturers that allows it to get the best prices, adds Amsler. Clearly, mom-and-
pop shops, smaller chains and independents don't have the clout to get the same deals.

"The main advantage of EDLP is that customers are driven by value, and today people have fewer dollars to
spend on disposable income," says Amsler.

However, this obsession with finding the best price works for Hi/Lo retailers, as well. "Consumers love a deal and
Hi/Lo retailers can give better deals on certain products because they can make up the margin on other
products,” explains Davidowitz.

DOWN TO DETAILS
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There are many reasons retailers adopt EDLP, but dreams of increased earnings probably top the list. While it's
unrealistic to expect riches of Waltonian proportions, retailers that properly execute EDLP have a fair shot at
success. The catch? While the basic premise of EDLP is simple, setting up the right infrastructure to make this
strategy work is a fot more complicated then just slashing prices. Perhaps the most crucial point for EDLP
retailers is actually having legitimately fow prices. If a store breaks this "Golden Rule,” it loses credibility with
consumers, analysts stress.

One of the major advantages of EDLP is that it lowers operating costs for retailers. Advertising is the primary area
where savings are made. "With EDLP, retailers don't need to continuously create new ads to highlight weekly
sales and promotions. So they all save on things like re-ticketing, returns, etc.," says Paul Koenigsberg director,
retail marketing strategy of New York-based Deloitte & Touche.

But since many consumers are still driven, this can be an advantage for Hi/Lo retailers, most of which spend
mega-dollars on advertising. EDLP retailers continue to advertise, but they tend to utilize alternative, less-costly
forms than speciaity stores. “Billboards are used a lot because messages don't need to be changed often," says
Koenigsberg. For example, generic copy touting specific brands and locations of headquarter stores are ideal.
"Sports Unlimited is particularly adept at using these types of vehicles,” he says.

FREQUENT FLIERS

Customer loyalty is another often-named benefit of EDLP. Once a retailer proves to the consumer that it
consistently carries the lowest prices in town, that customer will return time and again. "An avid tennis player, for
example, who knows that The Sports Authority has the best price on balis will keep going back to that store for
balls," explains Amsler.

However, consumer loyaity can backfire on an EDLP retailer if a customer perceives the EDLP price as too high
to begin with. Another problem: Many EDLP retaiiers still periodically run sales. “This appears to be one of the
cracks in the EDLP armor," says RMC's Whalin. Uniess the retailer makes it clear that it's getting rid of end-of-
season goods, bad buys or discontinued styles, it wiil undermine its credibility with shoppers.”

Not only do retailers have to be careful about the promotions they run, they need to be cognizant of what other
stores are doing, analysts point out. After all, sales events are the lifeblood of many of their competitors.

According to Koenigsberg, though, the lowest expected price doesn't always win the prize--a consumer purchase.
“If a customer is looking for skis, for example, he knows he's going to be making a purchase of several hundred
dollars. He goes to Herman's, and the skis are $500. He goes to Sports Unlimited, and the same skis are $400,
yet he knows that eventually the skis will go on sale for $350 at Herman's. What does he do? Chances are he'll
go for the $400 skis at Sports Unlimited because he doesn't wants to pay full price and he wants the skis
immediately.”

The last thing an EDLP retailer wants to do is get into a bidding war with specialty stores, however. “That's why
an EDLP retailer better have staying power. You can't avoid price wars, but you can try to minimize them by not
playing the game," says Amsler of Kurt Saimon. In an effort to deal with price wars that are inevitably waged,
virtually all EDLP retailers match prices.

There's no doubt that EDLP stores lose an edge from a lack of sales events. However, their breadth of
assortment can go a long way. "The Sports Authority has a good mix of middle-of-the-road merchandise. They
never used to carry brands like (ONike because they were considered a discounter, but that has all changed. And
Sports Unlimited is probably the most serious challenge to Herman's or Oshman's because its stores are set up
as a series a specialty stores. They carry all the brands and have very knowiedgeable staff," says Deloitte &

Touche's Koenigsberg. He added that unless specialty stores come up with set reasons for shoppers to frequent
the they will lose business.

"Herman's and Oshmans should be very afraid of these EDLP retailers because they [the Hi/Lo retailers] are tied
into more costly real estate, their labor is more expensive and they're not consistently offering anything the
Sportmarts don't offer,” adds Koenigsberg.

Most analysts agree that Hi/Lo retailers need to offer special services and unique merchandise in order to
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succeed. But they also believe that if they keep up with the times and provide consumers with what they want,
they'll be around to give EDLP stores a run for their money. Only time--and the consumer--will teil.

Reproduced with permission of the copyright owner. Further reproduction or distribution is prohibited without
permission.
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Exhibit "K"

STRUCTURE OF THE RETAIL TIRE AFTERMARKET, CANADA, MID- TO LATE 1990s

Retail Store Type

Tire Stores
Goodyear/Fountain
Firestone
OK Tire
All others tire stores
Canadian Tire
Department Stores
Sears Auto Centre
Wal-Mart Tire & Lube Express
Independent Repair Shop
New Car Dealers
Service Stations
Don’t Know Retail Type
Muffler/Brake Repairs
Warehouse Clubs
All Other Qutlets

Total

Notes:

National
Share of
Notes 1996 Purchases

35.0%

6.6%

2.5%

1.0%

24.9%
A 15.8%
11.0%

6.5%

B 2.5%
10.6%
6.3%
6.3%
o 43%
4.1%
3.9%
D 2.7%
100.0%

Variations by Province, 1996

Share higher Prairies, BC

Share higher Mar, Ontario
Share higher Mar, Prairies, BC
Share higher Mar, Prairies, BC
Share higher Mar, Prairies
Share higher PQ, Ontario
Share higher Mar, PQ

Share higher Mar

Share higher Prairies
Share higher Prairies, BC

A. Internal Sears documents suggest somewhat higher share, 21.9% in 1999.

B. Two years after purchase of Woolco. Share higher now. Sears thinks it may be 5.4% in 1999, two percentage points lower than Sears.

C. Does not include don’t knows (of store name) under various store types.
D. Includes cross-border shopping, auto parts, junkyard, auto glass, and other.

Source: Des Rosiers Automotive Consultants Tire Market Study, released August 1996.
There is a range of estimate/error around each share quoted.

Estimated
Number of

1999 Outlets

2,510
193
80
125
2,112
430

67
109
1,590
2,658
5,686

637
50
405

14,142

Sources of Number Estimates

Telephone CD

Telephone CD and Sears

Sears documentation

Telephone CD

Subtraction from above

Sears documentation

Some K-Mart/Zellers had facilities
Competition Bureau, Notice, page 5
Telephone CD

Telephone CD

Sears documentation

Stats Can Retail Chain Info.

Sears documentation
Telephone CD
Est. based on Indep Repair Shop %
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344 dolly @ domino

lormounroﬂaoronwhuﬂsormtaslor-m.huvyobm 1 ]
camera

s wheeled
'dollyvb lled.dol-lyd.ngvr(lanb 1: to treat with a dolly 2
to move or convey on a dolly ~ vi : t0o move a motion-picture or
ldmmahanouadouyvhdeshoounxamalnafa
camera : to bc moved on a

ordinary people : FAMILARIZE — do-mes-ti-Ca-tion \

shao\ n

ido-mes-ti-cate \-kat. - kit\ n (1951} : a domesticated animaj g

do-me‘-ﬂc-l-ty \dO-mes-'ti-sa-té, -mas-; -\ n pl -ties (1342
: the quality or state of being domestic or domesucated 2: 4

-cuvmuorhle 3 pl: domestic affairs

n(1929) : a priest having permanent hon .;

dolly
\'di-lé-bord, 'do-1&\ n (I964) Brit; a pretty young

dolly bird

dolly shot n (1933} : TRACKING SH

Dol-ly Vardes trout W-b'vud‘n-\ Dolly Varden, gaily dressed
uette in Barnaby Rudge (1841), novel by Charles Dickens) (ca.

1876)'nhwechn(Salvemu:malma)vndspmdmmofws(
ern No. America and Japan as weil as in coastal salt waters — called
also Dolly Varden

dol-ma \,d0l-'mi. ‘dol-ma, *dil-\ n, pl dolmas or dol-ma-des \ddl-'mi-

(Mthéz. dal.. dil-\ Eurk lit., something stuffed] (ca. 1889) : a stuffed

grape leaf or
dolm-aleeven[r-‘dolmanconmthdolmmdeev fr. G Dolman or
Hung dolmany. fr. Turk dolama. a Turkish rode] (193‘) a sleeve very
wide at the srmbhole and tight at the wrist often cut in one piece with

the bodice

dol-men \'dsl-maon. ‘dol-, ‘'dil-\ n
[F, fr. Bret tolmen. fr. 1ol table +
men stone] (1859) : a prehistoric
monument of two or more upright
stones supporting a horizontal
stone slab found esp. in Britain
nnd Fr:nee and thought to be a

dolo-he A\ dM;-.mn. ‘da-\ n L_F.
fr. Déodat de Dolomieu 11801
geoloust&’)lwﬂ 1 : 2 mineral

doimen

4 consisting of @ cai-
cium magnesium arbomtc found in crystals and in extensive beds as a
al or marbie rich in magnesium car-
bonate — do-lo-ml-lc \d6-to-‘mi-tik, ,di-\ adj
do-lo-mi-ti.za-tiom \Ao-la-ma—(a-'u-sh:n. .da- i\ £ (1862) : the
of converting into dol tize \'do-la-ma-iz.

‘di-\ vt
do-lor \'dd-lar also *di-\ n [ME dolour. fr. MF. fr. L dolor pain, grief, fr.
dolére t0 feel pain, grieve] (14¢c) : mental suffering or anguish : SORROW
do-lor-ou \'dG-ia-ras also ‘di-\ adj (15c) : causing, marked by, or

g misery or grief — do-lor-ous-ly adv— dolor-ous-ness n
clndl Brit var of DOLOR

dol-phin \'dil-fon, *d6l-\ n [ME. fr. MF dophin. daufin. k. OF dalfin,
fr. OProv, fr. ML dalfinus ailter. of L dzlphmu fr. Gk deiphin-, dei-
phis; akin to Gk delph)c womb. Skt garbha) ({4c) 1 a: any of vari-
ous small {family D wuh the snout more or
lmdonulndmxo.be-kandmeneck vertebrac partially fused b
L PORPOISE ) 2: qtherohwoncnvepdnacbonyloodt;::hu(mm

bership in the papal household
domestic relations court n{ca. 1939): COURT OF DOMESTIC ny
domestic science n (1869) : HOME ECONOMICS
domeiecal \'d3-mi-kal. ‘di-\ odj (1846) : rclating to. sh.;:.‘ “

havin, dome
'. 'dié-gua-sil, 'd6-; "di-ma-sil\ also domvi-cil \'d imy
[ME. fr. MF. fr. L domicilium, {r. domus} (13c} 1: & dwelly
of residence : 1 fixod man

-4

pd home for legal RESIDENCE q
‘Somclle vt ~clled; -dl-hu(lm). to establish in Ot Providey
do-nidl-i-ary \di-mo-"si-1&-er-&, d3-\ adj (1790) : of, rd
constituting & domicile: as & : provided or taking place m ¢}
{~ midwifery) b : providing care and living space (as fo, d
veterans) . o

cikiate \di-mo-'s-lé bt 4O\ v -.t-cd.
domicilium) vt (1778) : DOMIGILE ™~ vi : RESIDE — of

\-.n-lé-’l-shan\n
\'ds- (t)s, *dim-nan(t)s\ n (1819) 1: a.g
state of bang t as s ap. in yig
hierarchy b: !hepmmyoloneohpurohlldaort:uu
presses a‘pmonol the other in (he heterozygous condition
e | over ecol ies ex»el?d bya
nant 2: o J y b a parr of bodily structumgy
the right and left hands)

idom-i-nant \-naut\ adj [MF or L: MF, r. L dominant-, do
prp. of dominari] (ca. 153 ) 1; commanding. conu'olhng.c.-
g over all others 2: i from a ¢
position 3 : of. rdltmg to. or exerting ecological or genc
nance 4: bun;xheoneolapurolboddy structures (hnn }
effective or predominant in action (~ eyc) — domi-gant-ly g
SY2 DOMINANT. PREDOMINANT. PARAMOUNT. PREFONDERANT mens ¥
rior to all others in mﬂuence or importance. DOMINANT app
s hing that is ‘guhnc or eol'm'ollln'l‘;‘t [

v

nant social class). NT ! ’
often ily, lhc _most ked infl (a

tion). PARAMOUNT in imporwance. . rank, or
tion ¢ issue in the campei]

was the pa. pif
ronoum:pplu: toan demcm or factor that outweighs all ¢
lect {prepond evidence in her favor).
’donuunt n (1819) 1 ¢ the fifth tone of a diatonic scale
or factor

Caryphaau of the family Cor

seas that are used for food — ulled also dalphmﬂsh 3 cap : DELPHI
NUS 4 : a spar or buoy for mooring boats; also : a cluster of closely
driven piles used as a fender for a dock or as a mooring or guide for

boats

dolphin striker n (1833) : a vertical spar under the end of the bow-
sprit of a sailboat 10 extend and support the martingale

dolt \'ddit\ » b. akin to OE dol foolish] (1553) : a stupid person —
dolt-mh \‘ddi-tish\ adj — dolt-ish-ly adv — dolt-ish-oess n

Dom {L dominus master] (1716) 1 \*dim\ — used as a titie for some

monks and canons ar 2 \'d5*\ — used as a title prefixed to the
Christian name of a Portuguese or Brazilian man of rank

-dom \dom\ a suffix [ME, fr. OE dém; akin to OHG -tuom -dgm. OE

or ) in an |
xtolhng ¢ oo the en
what other kinds of or are c:a
ina hierarchy
donvi-nste \'drm;.nlt\ v -nateed: -nat.ing [L dominarus, J
dominari, fr. dominus master: akin to L. domus house — momu :
vt (1611} 1: RULE. CONTROL 2 : to exert the supreme detern
guiding influence on 3 : to overlook from a superior deval
command because of superior height or position 4 : to have ¥Y
manding or preeminent place or position in (name brands ~ d
ket) ~~ vi 1: to have or exert mastery, control, or preemin
: to occupy a more clevated or superior position — do
\-.ni-uv\ nd; —— dOm-i-am-20r \-,ni-tar\ n
tion \di-ma-'ni-shom\ n (l14c) 1 : supremsacy or

£,

do’r;{:‘dmr — moreat Doom] 1 a: dignity : office (duk
H risdiction (kingdom) 2 : state or fact of being (freedon)
? those i or ch

ving a (specified) office,
officialdorm)
do-main \dd-'min, da-\ n [ME dq fr. MF d ine, demaine. ft.

aence over another 2: exercise of mastery or ruling power 3
cise ;)f preponderant, governing, or controlling influence 4 pl:

1ON
\di-mi-"na-triks\ n, p! -trices \-‘ni-tr>-séz, -0>-

L dominium, fr. dominus}{15¢) 1 a: complete and absolute owner-
ship of land — compare EMINENT DOMAIN b : land so owned 2: a
territory over which dominion is exercised 3 : a region distinctively
marked by some physical feature (the ~ of rushing streams. tall trees.
and lakes) 4: a sphere of knowledge, influence. or activity (the ~ of
art) 5 : the set of elements 1o which a mathematical or logical vari-
lble is limited: specif : the sct on which a function is defined 6 : any
he small randomiy oriented regions of uniform magnetization in a
om-m substance 7: INTEGRAL DOMAIN
'dome \'dom\ n (F, It. & L: F déme dome, cathedrul. fr. It duomo ca-
thedral, fr. ML domus church. fr. L. house; akin to Gk house.
Skt dam] (1513) 1 archaic : 2 suatcly building : MANSION 2: a large
henuspherical or ceiling 3 : a natural formation or structure that
rumblenhedomeorcupol- of a building 4 : a form of cryswal com-
posed of planes paraliel to a iateral axis that meet above i l:l [ honmnul

a 1
[L. fem. of damuwwr] (1971) : a woman who physcnlly and
ogically dominates and abuses her partner in sado 0 ,
broadly : a dominating woman
domi-neer \.di-ma-"nir\ v [D d fr. F
dominari} vi (1591) : to exercise arbitrary or overbearing conu’d
! to tyrannize over X
doln-i-neer-iug adj { 1588) H mclmed to domineer in.s:yn sec g

i-neer-ing-ly \- n oy

do-mln-l«ell \da-'m»-m-kol\ nd; [LL dominicalis. fr. dam ,
the Locd's day, fr. L dormunicus of a lord. fr. dominus lord. @

(15c) 1: ol or relating to Jesus Christ as Lord 2 : of or

the Lotd s da:
D d:-‘-' i-kan\ & [St. Dominic} (ca. 632): a me
amdlumcrdero”nm!ounded by St. in 1215
mted d esp. to pmchm( — Dominican adj

d&ma-.nekar. -ni-\ also do-i-nkk \-(.)ulk.

edge like s roof S : an upward fold in rock w! sides
in all directions 6 : a roofed sports stadium — dom-al \'do-mal\ ad;
dome v ~don-uun 1876) 1: to cover withadome 2: to
form into a dome ~ vi: to swell upward or outward like a dome
y Book \'diimz-di-.. 'ddmz-\ n [ME. fr. d {l o

qlm«caf(ll%) nc»am
1612) ldll(ﬂySau MAN
d fr. MF d.

Zu:u‘db-\ n [L domine. voc. of
23 CLERGY|

day) (I59l) : a record of a survey of English lands and |

‘ms-nyan\ n
ofl.‘ 14c) l:nowunl:supmu

made by order of William the Conqucror about 1086
\da-'mes-tik\ adj [ME. fr. MF d ique. fr. L domesti
fr. domus) (15c) 1 a : living near or about human habitations b
I TAME, DOMESTICATED 2: of. relating to, or originating wm\m a coun-
try and esp, one’s own country (~ pohncs) {(~ wines) 3: of or relat-
ing to the housdnold or the family 4 : devoted to home duties and
NDIGENOUS — do-nu-ﬂ-cal-ly \-ti-k(>-0&\ adv
" (1613) 1: 8 houiﬂehold servant 2: an lmcleoldomemc

lll-d n(el ISSS) myofvnnouslmmals(u the horse or

sheep) domesticated 30 as to live and breed in & tame condi
ido-mes-ti-cate \d>-'mes-ti-kit\ vt -cat-ed; -cat-ing (cl. 1639) 1
: to bring into domestic use : ADOFT 2: to adapt (m-nlllul or plant)

: SOVEREIGNTY Jpl a.norduofmds— CELESTIAL
o/mlap a self-governing nation of the Commonweal lhmi-‘
the United Kingdorn that lcknﬂwld‘e.l the British mourdl u c
state §: absolute

dom-i-uiq i-ma-nek\ 7 Domul Do!mnm).oueoﬂh '

mdnhnds.Wullndla](“m lnyofmAmmmnbtd

mmxlw}mm-roumuydlowhu.mdh‘nedﬂw

: & barred

dom-i-m0 \'di-ma-,06\ -moed or - F. prob. fr. L
o """‘L{?;un'(u“éw

formula benedicamus Domino let us bless ¢
(1) : a long icose hooded clomk usu. worn with

ucrade costume (2).ahlumnkwomoverthecyuwhl
a person wearmng & domino a: afist

q

whkmmnnnemuonmu:md(othe dv
: to make d. : fit for life 4 : to bring 10 the level of

b:
gular block (aa of vood or plastic) whose face is dmded into
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